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ABSTRACT

We leverage the random assignment of cases to judges to test whether there is a gender
judicial bias in workplace harassment lawsuits. In contrast to most of the literature, female
judges exhibit a significant negative in-group bias toward female plaintiffs. Our main results
indicate that conditional on jurisdiction-year fixed effects, being assigned to a female judge
decreases the probability of winning by 16% for female plaintiffs. Regarding the potential
mechanisms, we provide suggestive evidence that female judges might be more strict when
room for judicial discretion is lower (i.e. in sexual harassment cases) and might express more
conservative gender views in cases where the law is more generic (i.e. in moral harassment
cases). These findings help inform ways to improve judiciary performance in gender-related
crimes.

Keywords: Workplace Harassment; Judicial Bias; Gender



RESUMO

Aproveitamos a atribuição aleatória de casos a juízes para testar se há um viés judicial de
gênero em ações judiciais de assédio no local de trabalho. Em oposição a maior parte da lit-
eratura, as juízas exibem um significativo viés negativo em relação às mulheres reclamantes.
Nossos principais resultados indicam que, condicional aos efeitos fixos de ano-comarca, ser
designado para uma juíza diminui a probabilidade de vitória em 16% para as reclamantes.
Em relação aos mecanismos, fornecemos evidências sugestivas de que as juízas podem ser
mais rígidas quando o espaço para discricionariedade judicial é menor (ou seja, em casos
de assédio sexual) e podem expressar opiniões de gênero mais conservadoras nos casos em
que a lei é mais genérica (em casos de assédio moral). Esses resultados ajudam a informar
maneiras de melhorar o desempenho do judiciário em crimes relacionados a gênero.

Palavras-Chave: Assédio no local de trabalho; Viés Judicial; Gênero
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1 Introduction

Sexual and moral workplace harassment is a highly prevalent problem that dispropor-
tionately affects women around the world. For instance, the #MeToo movement brought
attention to this problem, with thousands of women sharing their harassment experiences
in many work environments. Since then, the U.S. Equal Employment Opportunity Com-
mission (EEOC) has received 98,411 charges alleging harassment.1 In this context, the
judiciary system plays a major role in setting high expectations of punishment, which can
prevent future harassing behavior and, at the same time, encourage victims to report cases.

Addressing whether judges guarantee impartial decisions regardless of their gender is
therefore an important question. If there is evidence of gender bias, the ability of the judicial
system to protect workers from unlawful behavior may be compromised. Furthermore, the
direction of this bias also generates different policy implications. For example, if female
judges exhibit positive in-group bias in gender-related cases such as harassment, then
increasing female representation in the judiciary may help curbing the number of cases
of workplace harassment. On the other hand, if women exhibit a negative in-group bias,
then gender awareness training might be more effective in setting the right incentives for
harassing employers.

Prior studies have documented that judge characteristics (gender, race, religion, and
political views) can generate different biases that have real implications since they can
exert large discretion in their decisions.2 However, most studies on gender bias use small
samples to provide evidence on judicial contexts in which judges are politically assigned
and decisions are made collectively, such as in appellate courts.

In this paper, we tackle these issues by studying judicial gender bias in workplace
harassment cases. Particularly, we exploit the context of Brazil, which has a widespread
culture of workplace harassment. For instance, the São Paulo Labor Court, the largest in
the country, received 8,189 lawsuits related to sexual and moral harassment only in 2021,
representing an increase of roughly 70% compared to 2015.3

Our empirical setting has three specific characteristics that are worth highlighting.
First, as opposed to many other contexts, Brazilian judges are selected via competitive
exams. Second, we use data from first-instance sentences, which are made individually.
Third, Brazilian legal definitions of sexual and moral harassment are more generic than
the definitions of international organizations such as the EEOC. Furthermore, we argue
that, within Brazil’s legislation, the definition of moral harassment is broader than the
definition of sexual harassment. Given that the discretionary performance of bureaucrats
depends on the design of formal and informal rules (Lotta and Santiago, 2017; Neggers,
2018; Lambais and Sigstad, 2023), this makes the space for judicial discretion greater

1Sexual Harassment in Our Nation’s Workplaces, EEOC Data Highlight, April 2022. Available at
https://www.eeoc.gov/sexual-harassment-our-nations-workplace.

2See, for instance, Ash et al. (2021), Hull (2021), Sloan et al. (2020), Knepper (2018), Cohen and Yang
(2019), Anwar et al. (2017), Boyd (2016), Philippe (2020), Rachlinski and Wistrich (2017), Bindler and
Hjalmarsson (2020), and Abrams et al. (2012).

3Data extracted from the TST Statistics Coordination (Cestat/TST).
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comparing Brazil with other contexts and comparing moral with sexual harassment. In
that sense, we use this hypothesis throughout our results by arguing that gender bias is
more likely to be observed in moral harassment cases.

We build a sample of roughly 12,500 lawsuits from the São Paulo Labor Court between
2004 and 2019. Then, we merge this lawsuit dataset to a matched employee-employer
administrative dataset for all formal sector employees in São Paulo to collect information
on workers’ and firms’ characteristics.4 Our identification strategy leverages the random
assignment of cases to judges at the jurisdiction level, which gives us an unbiased estimation
of the effect of the judge’s gender on the probability of delivering a pro-plaintiff sentence.
We provide evidence that plaintiffs’ and defendants’ characteristics do not statistically
explain the assignment of either moral or sexual harassment cases to judges.

Our main results indicate that conditional on jurisdiction-year fixed effects, being as-
signed to a female judge decreases the probability of winning by 16% for female plaintiffs,
while this effect is much smaller and statistically insignificant for male plaintiffs. Female
plaintiffs are much more likely (36%) to win a harassment lawsuit when assigned to an
older male judge compared to a younger female judge. When we disentangle the effect by
harassment type, we find a negative and statistically significant effect of 17% only for fe-
male plaintiffs in moral harassment cases, providing suggestive but corroborative evidence
of the hypotheses that judicial gender bias should be greater in moral harassment cases.
When we interact with judge age, we find that female plaintiffs are roughly 39% more
likely to win both sexual and moral harassment cases when assigned to older male judges.
In that sense, our combined results suggest that female judges are relatively less likely to
award wins to both genders, but the effect is greater for women.

Additionally, we provide suggestive evidence on potential mechanisms that might ex-
plain this negative in-group bias. On one hand, female judges might be more legally strict
than male judges. That is, they might require more robust evidence to rule in favor of the
claimant. To provide suggestive correlations on this hypothesis, we use the number of previ-
ous cases the firm being sued has had as a proxy for the quality of the claim. In opposition,
female judges might display more conservative views on gender norms,indicating that the
negative in-group bias might come from gender instead of legal views. Theoretically, there
are two main explanations for this effect. The critical mass theory claims that we need a
larger representation of women to make them feel comfortable to expose their true positive
bias toward women (Johnson et al., 2011; Eren et al., 2020). This is likely to be true when
women are the minority group in the judiciary. On the other hand, the black sheep effect
postulates that women might have negative in-group bias, especially towards women they
might see as norm breakers (in our case, harassment victims) (Marques and Yzerbyt, 1988).
We use the share of female judges in the municipality-year of sentence and municipality-
year of entry in the labor market as proxies for the critical mass theory. For the black sheep
effect, we use municipal gender inequality (namely divorce rate and the number of cases of
violence against women) as a proxy for female judges’ gender conservatism.

Our results are not causal or conclusive but they provide suggestive evidence that both
4We are able to match 76% of judges and 62% of plaintiffs.
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mechanisms play a role. Female judges seem to exhibit stricter legal views when room
for discretion is lower (i.e. in sexual harassment cases). More specifically, we show that
a one-unit increase in the number of previous lawsuits the firm has had increases the
probability of winning by 1.7 percentage points (statistically significant at 1%) for women
assigned to female judges while this effect is non-significant for men and statistically zero for
women in moral harassment cases. Regarding the gender explanations, our results are not
statistically significant, but point estimates suggest potential correlations. First, exposure
to fewer women in the early career years might shape more conservative gender-related
judicial views. Second, when space for discretion is higher (i.e. in moral harassment cases),
female judges are less likely to grant victory to female plaintiffs in municipalities with
higher gender inequality.

This paper contributes to the empirical literature on judicial gender bias in gender-
related cases, where results remain mixed. Knepper (2018) investigates judicial bias using
data from the EEOC in the United States and finds that female plaintiffs filing workplace
sex discrimination claims are more likely to settle and win compensation whenever a female
judge is assigned to the case. Using data from a developing country in which judges are not
politically assigned, we provide evidence of the contrary. Grezzana and Ponezek (2012), in
turn, use data from the Brazilian Superior Labor Court and find that a positive in-group
gender bias emerges in salary equalization cases. We distance ourselves from this paper
by using data from first-instance sentences (which are made individually) and workplace
harassment cases. The third most closely related evidence is provided by Corbi et al. (2021).
The authors show that female judges are harsher on female plaintiffs than male plaintiffs
using data from all labor court cases in the state of São Paulo, Brazil. Although we use data
from the same context, we provide evidence specifically for harassment cases, separating
moral and sexual types. Furthermore, we provide suggestive results that might shed some
light on potential explanations for the negative in-group bias observed. Taken together, our
paper is the first to provide evidence of judicial gender bias in cases of workplace harassment
in a developing country, using a relatively large sample from an empirical setting in which
judges hired through competitive exams make individual decisions.

The remainder of the paper proceeds as follows. Section 2 provides a literature review.
Section 3 presents a summary of the institutional background, namely the São Paulo Labor
Court. Section 4 describes our sample construction and provides descriptive statistics. In
Section 5, we discuss our empirical strategy to estimate judicial bias. Section 6 presents
our results and Section 7 concludes.

2 Related Literature

2.1 Judicial Bias

A large body of research has recently emerged to study whether judges’ characteristics
- gender, race, religion, and political views - affect their decision-making, even though
judges are bound by institutional constraints and should judge as impartially as possible.
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However, any perceived statistical differences between groups of judges do not necessarily
mean there is a bias. It might correspond to the fact that one group is more legally strict
than the other, which is directly related to the quality of the defendant’s and plaintiff’s
arguments. That is, they require more robust evidence to judge favorably the plaintiff.

On the other hand, it might be true that judges exhibit gender bias. When we talk
specifically about gender, there are three main theoretical explanations for why women
might have a positive in-group bias, especially in gender-related cases. First, males and
females are socialized in different ways and, therefore, have distinct worldviews. From
a representational point of view, female judges can act as representatives of their class
defending women’s rights. Third, women might also share specific sets of information that
emerge from shared professional experiences (Boyd et al., 2010).

Regarding the empirical findings, most studies have documented either null (see Boyd
(2016) and Chew (2011) for a review) or positive gender effects, not only in cases of
workplace harassment (Knepper, 2018) but in other sexual and violent crimes against
women (Anwar et al., 2017; Chew, 2011), sex discrimination (Boyd et al., 2010; Grezzana
and Ponezek, 2012), and women’s rights (Ash et al., 2021). For example, Knepper (2018)
uses data from the Equal Employment Opportunity Commission (EEOC) in the United
States and finds that female plaintiffs filing workplace sex discrimination claims are roughly
7 percentage points more likely to settle and win compensation whenever a female judge
is assigned to the case. Grezzana and Ponezek (2012), in turn, use data from the Brazilian
Superior Labor Court and find that a positive in-group gender bias emerges in specific
topics such as salary equalization, affiliations with labor unions, and other bureaucratic
issues. Although the authors can not provide conclusive evidence of gender bias, the results
suggest that a gender component might play a role in gender-related cases. This evidence
also corroborates a broader literature on discrimination and in-group favoritism not only
in lab experiments (see Everett et al. (2015) for a review) but in other real-life contexts
such as hiring (Bagues et al., 2017) and management style (Bednar and Gicheva, 2014).

Although several studies have shown evidence of female judges favoring female plaintiffs,
this is not always the case. Theoretically, there are two main explanations for the existence
of negative in-group gender bias in our context. First, an observed negative in-group bias
might reflect that those female judges are in fact hiding their true preferences because
they feel compelled to judge as men when there are few women around. This is likely
to be true when women are the minority group in the judiciary. In that sense, when the
proportion of women increases, they start to behave following their true - positive in-group
bias- preferences. This is what the literature calls critical mass theory. That is, a “critical
mass” of women must be reached so that they start making decisions according to their
true preferences (Johnson et al., 2011; Eren et al., 2020). On the other hand, it might
be that those female judges actually have negative preferences towards women who claim
workplace harassment and this can be explained by the black sheep effect. This theory
postulates that women with more traditional views of gender norms might view female
harassment victims as norm violators, leading them to judge in disfavor of the plaintiffs as
a form of punishment and as a way to preserve their social identity (Marques and Yzerbyt,
1988).

12



In relation to the empirical findings of negative in-group bias in the judicial context,
Corbi et al. (2021) show that female judges are harsher on female plaintiffs than male
plaintiffs using data from labor court cases in the state of São Paulo, Brazil. However, they
do not provide discussion of potential mechanisms. Evidence in this direction is provided by
Ash et al. (2021). The authors create a measure of gender attitude based on appealed court
judges’ writing and find that judges with a higher slant tend to vote against expanding
women’s rights, with a magnitude of 7%. Even though they show that female judges tend
to have a lower gender slant than male judges in their context, they also provide evidence
that gender exposure (particularly having a daughter) may be an important way to change
gender attitudes, also consistent with the results of Glynn and Sen (2015). That is, gender
itself does not determine a more pro-female view of gender-related issues. On the contrary,
exposure to less sexist gender views might be more important.

Considering this literature context, in Section 6.2 we provide suggestive evidence on
which hypothesis (women are more legally stringent or women exhibit gender bias) is likely
to prevail.

2.2 Workplace Harassment Law and Judges Discretion

Our second hypothesis is that there is more room for gender bias in complaints of moral
harassment than in cases of sexual harassment. That is, if there is evidence of gender bias,
then its magnitude should be higher for moral harassment cases. We contextualize this
hypothesis relying on two streams of research: public administration and legal.

In the first case, there is relatively large literature on the relationship between the
space for discretion and policy-making. For instance, Lotta and Santiago (2017) show that
more generic or conflicting rules/laws/processes are associated with larger discretion in
bureaucrats’ decision making which, in turn, can impact policy outcomes. In our context,
this literature applies in the following way.

Brazilian labor law does not have an article dealing with sexual harassment. What
lawyers usually do when this occurs is a subsidiary argument, based on articles of the
penal and civil codes. According to Law nº 10.224 of the penal code (Brasil, 2001), sexual
harassment is defined as “embarrassing someone to obtain sexual advantage or favor, with
the agent prevailing in his or her position as superior or ancestry inherent in the exercise of a
job, position or occupation” (our translation). The Superior Labor Court, however, accepts
the possibility of cases of harassment among co-workers. In the case of moral harassment,
the process is usually based on Articles nº 186 of the Civil Code (Brasil, 2002) and nº
223-A et seq. of the Labor Law (Brasil, 2017). The first one claims that “Those who, by
voluntary action or omission, negligence or recklessness, violate rights and cause harm to
others, even if exclusively moral, commits the unlawful act” while the labor law considers
that “honor, image, intimacy, freedom of action, self-esteem, sexuality, health, leisure, and
physical integrity are legally protected assets inherent to the individual” (our translation).

As a comparison, the Equal Employment Opportunity Commission (EEOC) in the
United States currently defines workplace sexual harassment as follows:
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“It is unlawful to harass a person (an applicant or employee) because of that person’s
sex. Harassment can include "sexual harassment" or unwelcome sexual advances, re-
quests for sexual favors, and other verbal or physical harassment of a sexual nature.

Harassment does not have to be of a sexual nature, however, and can include offensive
remarks about a person’s sex. For example, it is illegal to harass a woman by making
offensive comments about women in general. Both victim and the harasser can be ei-

ther a woman or a man, and the victim and harasser can be the same sex. Although the
law doesn’t prohibit simple teasing, offhand comments, or isolated incidents that are not

very serious, harassment is illegal when it is so frequent or severe that it creates a hos-
tile or offensive work environment or when it results in an adverse employment decision

(such as the victim being fired or demoted). The harasser can be the victim’s supervisor,
a supervisor in another area, a co-worker, or someone who is not an employee of the em-

ployer, such as a client or customer” (Gonçalves (2022), p.17).

These three legal definitions highlight two important facts. First, the concept of work-
place harassment in Brazilian law is out of line with international standards. It is noted
that the law that regulates sexual harassment does not incorporate a gender perspective,
contrary to the definitions of international organizations. According to Gonçalves (2022),
“the most appropriate concept of sexual harassment in the workplace, if considered the
focus of combating gender inequality in the workplace: (i) contemplates the possibility of
dealing with a manifestation of gender violence; (ii) recognizes that women are dispropor-
tionately affected by sexual harassment; (iii) includes men as possible victims, albeit on
a smaller scale, and integrates them as part of the solution; (iv) values the victim’s testi-
mony.” (p.44, our translation). Second, because of its broadness, moral harassment has a
much larger discretion in the interpretation of the concept than sexual harassment. These
two definitions might even conflict as many practices that would be characterized as moral
harassment in Brazil, in international organizations and judicial systems are characterized
as sexual harassment. This means that, in practice, moral harassment is seen as a milder
form of harassment (Gonçalves, 2022).

Regarding the legal literature, an internationally recognized report (CNJ and IPEA,
2019) on the effect of the judiciary power in tackling domestic and family violence against
women concludes that even in laws that incorporate a gender perspective (in their case,
Maria da Penha Law 5), the profile of the magistrate responsible for the court is a deci-
sive factor in the quality of care provided to women. This qualitative evidence highlights
that the inclusion of a gender perspective in the definition of a gender-related crime is a
necessary but not sufficient step toward unbiased judicial decisions. That is, judges would
also need gender literacy in order to apply the law in a way that increases gender equality,
regardless of the judges’ gender. We argue, therefore, that even if in internationally rec-
ognized laws there is space for a judge’s discretion, then the room for discretion is even
larger in workplace harassment cases.

5Law that typifies domestic violence against women
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3 Institutional Context

The Regional Labor Court of the 2nd Region (TRT-2) is the Labor Court body that covers
the city of São Paulo and the regions of Guarulhos, Osasco, ABC Paulista, and Baixada
Santista. This corresponds to a region covering 46 municipalities and XX million residents.
Out of the municipalities covered by the jurisdiction of TRT-2, 32 have labor forums. With
around 450 judges, the court has 217 labor courts, 18 groups of appeal court judges, and
9 specialized sections. The TRT-2 is the largest labor court in the country in terms of
structure and procedural volume (handling nearly 1 million cases per year).

There is only one head judge in each labor court, and in some cases, there is a head
judge and a substitute. Only in the case where the head judge is absent does the labor court
have two substitute judges. Judges are selected via civil exams and their displacement to
other courts can occur for four reasons: (i) change of place of work, as the entry competition
takes place at the national level, (ii) retirement, (iii) death, or (iv) request for exemption.

When a person is harassed in the workplace, whether by a co-worker or a supervisor,
she can hire a lawyer who will file the case at the Electronic Court Process (PJE, in Por-
tuguese). Cases must be submitted to the jurisdiction6 according to the location where
the employee provides services to the employer, even if s/he has been hired elsewhere or
abroad. After that, the processes are randomly distributed among the labor courts that
are part of that jurisdiction. When the case arrives at the court, the distribution among
judges is made through an agreement between them. Judges can divide the responsibil-
ity of cases via separation between hearings and sentences, automatic scheduling on the
agenda of hearings, division by weekdays, automatic equal division for each judge, or some
combination of these. However, labor courts reported that most courts do the distribution
of cases according to the last number of the first sequence of the case number. That is,
even numbers go to one judge and odd numbers go to another.

Along with the defense, the company must present all documents, evidence, and ar-
guments that it has since after that the evidence precludes (that is, the defense can no
longer attach proofs unless they refer to a new fact). At the preliminary hearing, the parties
and witnesses are heard and then the judge delivers the sentence, following his conviction,
based on documentary and testimonial evidence. In labor justice, testimonial evidence has
a greater weight than documentary evidence.

After the sentence, the interested party (the one who lost) can appeal to the Court
which will be judged by one of the groups of appellate judges (this distribution is also
randomized by the system). The groups of appellate judges analyze the facts and evidence,
as well as each party’s judgment and appeals, delivering a court decision. After that, the
case can go to the Superior Labor Court, where they do not discuss facts and evidence,
just the law.

6A jurisdiction corresponds to the territory in which the judge of first instance will exercise his juris-
diction and may cover one or more municipalities, depending on the number of inhabitants and voters, the
forensic movement and the territorial extension of the municipalities in the state, among other aspects.
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4 Data and Descriptive Statistics

4.1 Sample Construction

We use data from two sources. First, lawsuit data were collected from the website of the
Regional Labor Court of the 2nd Region (São Paulo State), with 18,448 first instance
sentences from both men and women associated with the terms "sexual harassment" or
"moral harassment". A regular expression algorithm was used to read the cases and collect
the following variables: labor court name, plaintiff’s name, judge’s name, sentence, and
sentence date. We also collected the plaintiffs’ and defendants’ lawyers’ names for 29% of
cases through the court website. The gender was imputed by matching the first name with
a database created by Brasil.IO based on the Brazilian census. The gender of names not
found in this database was manually imputed 7. Finally, it is important to note that we
were no able to collect further lawsuit’s details such as the date that the case was filled,
its entire content and whether the case went to appellate courts.

In Brazilian labor justice, it is quite common for workers to sue firms for several dif-
ferent reasons (extra hours, irregularities concerning contracts, wage differences, benefits,
harassment, and others). In this sense, it is relatively uncommon for a plaintiff to win or
lose all claims, which implies that most cases receive a "partially founded" sentence. To
ensure that we are looking at the harassment itself, partially founded sentences were clas-
sified as either unfounded or founded concerning harassment using automated and manual
text analysis.

Out of these 18,448 cases, 5,669 were excluded because they fit one of the following
categories: (i) had more than one plaintiff or one that was not a worker; (ii) represented
"embargos declaratórios"8; (iii) were missing any of the above information and/or (iv) were
dismissed lawsuits, either because the plaintiff withdrew from the prosecution concerning
the harassment assault or because there was no legal fact to be analyzed by the judge.
Finally, we excluded cases in which the judge has less than five cases in our sample.
Therefore, our final sample has data on 12,471 lawsuits from 2004 to 2019, comprising 197
(out of 216) labor courts and all five jurisdictions. In this sample, 62% of lawsuits were
overseen by female judges, who also make up for 60% of the judge’s sample.

To get workers’ characteristics we use data from "Relação Anual de Informações Soci-
ais" (RAIS), a yearly employer-employee administrative database for all formal Brazilian
labor market. In this data, we are able to collect age, gender, education level, race, occu-
pation, wage, admission and dismissal dates for workers and firm’s sector, size, location,
opening and closing dates. The perfect match between these two datasets would be through
the CPF (unique registration identifier number for each individual), but as we do not have
this identifier, we carry out the match as follows.

78 cases for judges and 184 for plaintiffs
8"Embargos declaratórios" occur when one of the parties requests that the judge explains some part of

the sentence that was not clear or that seemed ambiguous given the reasoning of the judge. As we do not
have access to the entire lawsuit, it is not possible to infer the sentence of the process only by the "embargo
declaratório". For this reason, we excluded these cases from the sample.
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First, we split the sample between lawsuits that have a unique defendant and those that
have two or more. In the first case, we calculate a Jaro Winkler distance (it goes from 0 to
1) of the plaintiff’s and firms’ names and keep only matches that have passed the threshold
of 0.95 for the plaintiff’s name and 0.90 for the firm’s name, also restricting to being in the
same municipality. If there is more than one match that passed the threshold we choose a
random match. We start this procedure one year before the sentence year. Then, all non-
matched plaintiffs are matched with labor market data up to 6 years before the sentence.
In the case where we have more than one defendant, we calculate the Jaro Winkler distance
only for the plaintiff’s name using a threshold of 0.98 (restricting on being in the same
municipality) and assume that the firm associated with this match is the firm being sued.
This approach returned a match for 62% of plaintiffs. We also use this matching method
to collect judges’ characteristics (race and age), with the exception that we filter RAIS to
contain only legal occupations. To be sure that the right match was collected, people with
less than complete higher education were disregarded. This procedure gives us a match for
76% of the judges.

We end up with two estimation samples. The full sample refers to the 12,471 cases we
get after the exclusion process. The RAIS sample, used to show descriptive statistics of
plaintiffs and judges characteristics, includes controls and estimates heterogeneous effects
is the 10,060 lawsuits we are able to match with RAIS.

4.2 Descriptive Statistics

In this section, we outline the main descriptive evidence of our setting. We begin by show-
ing the distribution of cases between judges’ and plaintiffs’ gender. We then describe the
characteristics of judges for the subsample that we could find in the labor market dataset
(RAIS). Finally, we document what type of firms and workers are involved in harassment
lawsuits and whether there is a difference between the lawyers they hired.

Table 1 reports the distribution of cases between judges’ and plaintiffs’ gender. As
expected, the majority of cases comes from women and from workers in São Paulo, which
is the largest city in the country. Additionally, the majority of cases are claims of moral
harassment (89%). The most striking fact that we learn from this table is that it is really
unlikely that a worker will win a harassment suit against a company, and that seems to be
true for both female and male workers. The proportion of successful cases for the workers is
around 20% across all sub-samples. That is, judges seem to be more pro-firm in workplace
harassment claims. The majority of judges are female, between 35 and 50 years old.
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Table 1: Descriptive statistics of lawsuits by judge and plaintiffs‘s gender

Female Judges Male Judges

Female Plaintiffs Male Plaintiffs Female Plaintiffs Male Plaintiffs

% Unfounded 0.778 0.762 0.722 0.753
# Sexual Harassment Cases 628 398 370 202
# Moral Harassment Cases 3,666 3,232 2,226 2,057
# Cases in São Paulo 3,115 2,412 1,736 1,301
# Cases in Osasco 297 302 176 163
# Cases in Baixada Santista 226 232 268 340
# Cases in Guarulhos 161 163 245 240
# Cases in ABC Paulista 400 434 114 146
# Observations 4,199 3,543 2,539 2,190

In Table 2, we show that female plaintiffs are younger, more educated, and have similar
wage than male plaintiffs. The average age in sentence year of plaintiffs is roughly 39
years for females and 42 for males, and this difference is statistically significant. Female
plaintiffs earn an average wage of R$ 4,700, while male plaintiffs earn roughly R$ 5,500
on average. Females have an education average of 7 years of schooling, which in our data
means completed high school. Male plaintiffs, in turn, have, on average, incomplete high
school. Regarding their occupations, Table 3 shows that workers who go to justice have
different backgrounds. The five most frequent occupations are salesperson, administrative
assistants, telemarketing operators, account managers and janitors.

Regarding the characteristics of firms involved in workplace harassment claims, we also
show that there is no statistical difference in the size of firms (total of workers) sued by men
and women. However, firms of female plaintiffs have a greater share of women and gender
wage gap than firms of male plaintiffs. Regarding their sectors, Table 3 shows that the five
most frequent are transport and communication, finance, retail, real estate, and services.
About the lawyers, there is no statistically significant difference between the experience of
lawyers hired by female and male plaintiffs or by the defendants of their cases.

We also perform an exercise to compare plaintiffs with non-plaintiffs and defendants
with non-defendants (that is, workers/firms from the state of São Paulo who do not appear
in our dataset in any year). To do this we get workers and firms characteristics one year
before the first case in our RAIS sample. We observe that both female and male plaintiffs
have higher wage and are more educated than female and male workers who do not have a
harassment lawsuit in our data. This is to be expected, given that there are monetary and
informational costs associated with submitting a lawsuit (see Table A1 in the Appendix).
Defendants are larger firms with a greater gender wage gap than all other firms in São Paulo,
on average, and there is no significant difference between the share of female workers (see
Table A2).
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Table 2: Characteristics of plaintiffs, lawyers and firms by plaintiff gender

Female Plaintiffs Male Plaintiffs

Mean SD Obs Mean SD Obs p-value
(1) (2) (3) (4) (5) (6) (7)

Panel A: Lawyers

Plaintiffs’ lawyers tenure 15.4 9.3 1,446 15.7 9.5 1,124 0.347
Defendants’ lawyers tenure 19.9 10.5 1,446 19.7 10.4 960 0.672

Panel B: Plaintiffs

Age 38.7 11.2 4,163 41.5 12.0 3,653 0.000
Average wage 4,688.5 55,758.2 4,163 5,445.6 15,848.8 3,653 0.402
Education 7.3 1.3 4,163 6.9 1.6 3,653 0.000

Panel C: Firms

Firm Size 4,069.5 32,767.0 4,067 3,977 30,379 3,473 0.427
Share of Female 0.6 0.19 3,977 0.4 0.23 3,473 0.000
Gender Wage Gap 0.09 0.29 3,965 0.06 0.42 3,456 0.001
Notes: This table reports means and standard deviations of plaintiffs, firms and lawyers‘ charac-
teristics by plaintiff gender. Column (7) shows the p-value of a Welch Two Sample t-test. Plaintiff
and firms characteristics were collected in the last year each one appears in RAIS before the sen-
tence year. Wages were deflated to December 2021 prices using the IPCA index for the state
of São Paulo. Lawyers’ tenure were collected from the São Paulo Lawyers Regulatory Agency
through this website.
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5 Research Design

In this paper we rely on the random assignment of judges at the jurisdiction level for
identification. In that case, a simple regression on a dummy indicating whether the judge
is female should give us an unbiased effect. To provide evidence that cases are indeed
randomly assigned to judges within the jurisdiction-year level, we estimate the following
regression:

Yi,j,t = α0 + α1Female_Judgei,j + Jurisdictioni ∗ Y eart + µ (1)

Where Yi,j,t is a characteristic of case i assigned to judge j in jurisdiction-year t. Standard
errors are clustered at the judge level, since the treatment is the assigned judge’s gender.
We add jurisdiction-year fixed effects because the assignment is conditional on jurisdiction-
year. Under random assignment, we should expect small and insignificant estimates for α1,
which means that specific characteristics of cases are not more or less likely to be allocated
to female or male judges.

Table 3 displays this random assignment check. Columns (1)-(2) and (3)-(4) report
raw mean and standard deviations for each case covariate conditional on judge’s gender.
Columns (5)-(7) show the estimated α1 coefficient, standard deviation and p-value. Finally,
Column (8) reports the number of observations for each regression. These numbers vary
according to the number of non-missing variables in RAIS. Results show that all coefficients
are statistically insignificant, except for two occupation dummies that have significant but
very small effects.

We also show estimations separately by harassment type in Tables 4 and 5.Results are
statistically insignificant for most of the characteristics, except for one occupational (tele-
marketing operator) and firm sector (transport and communications) dummies in sexual
harassment cases and for two occupational dummies (telemarketing operator and janitor) in
moral harassment cases. However, effects are small, so it is unlikely to significantly change
the results. These tables mitigate potential threats regarding the argument that judicial
discretion might change between the two types of harassment but other factors correlated
with sentence might also change. Additionally, we show in the appendix that results are
similar when we run regressions separately for female and male plaintiffs (Tables A3 and
A4) and for younger (less than 43 years) and older judges (Tables A6 and A5). Finally, we
also plot the distribution of plaintiff and firm characteristics by judge and plaintiff genders
in Figures 1 and 2 and they show that the distribution of these characteristics are very
similar between female and male judges.

Another potential threat to our random assignment is the fact that some lawsuits can
be allocated to judges based on dependence. That is, lawsuits with similar claims from
the same firm might be allocated to the same judge. However, our data shows that only
3.9% of the total of cases have the same firm and judge, which means that it is unlikely
to significantly change the results. Nevertheless, we show in the appendix that results are
robust when we exclude all potential lawsuits by dependence (see Table A8)
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Figure 1: Descriptive statistics of plaintiffs by judge and plaintiff gender

Notes: These figures show the distribution of plaintiffs‘ baseline characteristics by judge gender. On the
average salary graph, bottom and top 5% were excluded and wages were deflated to December 2021 prices
using the IPCA index for the state of São Paulo.
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Figure 2: Descriptive statistics of firms by judge and plaintiff gender

Notes: These figures show the distribution of firms‘ baseline characteristics by judge and plaintiff gender.
Gender wage gap is defined as the difference between the median earnings of men and women relative to
median earnings of men. Bottom and top 10% were excluded.

Once we observe statistical balance between judges’ characteristics, we move on to
define our estimating equation, which is defined as follows:

Plaintiff_Wini,j,t = β0 + β1Female_Judgei,j + β2Older_Judgei,j+

+β3Female_Judgei,j ∗Older_Judgei,j

Jurisdictioni ∗ Y eart + ε

(2)

Where i, j, t indices represent the case, the judge assigned, and the jurisdiction-year of
the sentence, respectively. The term Older_Judgei,j is an indicator variable equal to one
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if the judge is older than the median of the distribution (43 years). We do not include
judge’s race because this variable is seriously under-reported in RAIS. Standard errors
are clustered at the judge level, since the treatment is the assigned judge’s gender. We
also add jurisdiction-year fixed effects to control for variables that vary within jurisdiction
across years, such as social norms related to harassment. Moreover, adding case controls
should not present large fluctuations on the female judge estimate, since they are randomly
assigned, but they could help increase precision of the estimates.

Table 3: Random assignment check - all plaintiffs

Female Judge Male Judge Difference

Mean SD Mean S.D. OLS S.D. p-value obs
Dependent variables (1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Plaintiff characteristics

Female Plaintiff 0.54 0.5 0.54 0.5 0 0.01 0.999 12471
Age 38 11 39 11 -0.23 0.26 0.378 7816
Plaintiff with college degree 0.22 0.42 0.22 0.42 0 0.01 0.83 7814
Black 0.31 0.46 0.32 0.47 0.01 0.01 0.636 7674
White 0.64 0.48 0.63 0.48 0 0.01 0.882 7674
Average Wage 5,485.15 52,501.26 4,273.45 8,081.57 1,468.48 926.85 0.114 7816
Occupation: Salesperson Retail 0.07 0.26 0.08 0.26 0 0.01 0.527 7816
Occupation: Administrative Assistant 0.09 0.29 0.09 0.29 0 0.01 0.764 7816
Occupation: Telemarketing Operator 0.03 0.17 0.04 0.21 -0.02∗∗∗ 0 0.002 7816
Occupation: Account Manager 0.02 0.13 0.02 0.14 0 0 0.306 7816
Occupation: Janitor 0.03 0.16 0.02 0.14 0.01∗ 0 0.053 7816
Occupation: Others 0.76 0.43 0.75 0.43 0.01 0.01 0.205 7816

Panel B: Defendant characteristics

Firm sector: Transport and Communications 0.18 0.38 0.16 0.37 0.02 0.01 0.104 6145
Firm sector: Finance 0.08 0.26 0.08 0.27 0 0.01 0.932 6145
Firm sector: Retail 0.26 0.44 0.28 0.45 -0.01 0.01 0.272 6145
Firm sector: Real Estate and Securities 0.12 0.32 0.12 0.32 0 0.01 0.946 6145
Firm sector: Accommodation/food and repair services 0.09 0.28 0.1 0.29 -0.01 0.01 0.298 6145
Firm sector: others 0.28 0.45 0.26 0.44 0.01 0.01 0.656 6145
Firm size (Total of workers) 3,554.03 30,149.26 3,726.75 32,661.67 -555.34 749.81 0.459 7822
Share of female 0.5 0.26 0.49 0.25 0 0.01 0.829 7822
Gender Wage Gap 0.08 0.36 0.08 0.34 0 0.01 0.887 7421
Male dominated 0.39 0.49 0.39 0.49 0 0.01 0.882 7822
Notes: Columns (1) and (3) report the mean of each variable conditional on the judge gender. Columns (2) and (4) report the standard deviation
of each variable conditional on the judge gender. Columns (5), (6) and (7) report the estimated coefficient, standard error and p-value of a
OLS regression of each baseline dependent variables on a dummy equals one if judge is female, with jurisdiction-year fixed effects and clustered
errors at the judge level. Wages were deflated to December 2021 prices using the IPCA index for the state of São Paulo. Occupation and sector
dummies correspond to the five with the most lawsuits in the dataset. Gender wage gap is defined as the difference between the median earnings
of men and women relative to median earnings of men. Male dominated is an indicator equal to 1 if the share of women within the firm is lower
than the median of the sector to which it belongs. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table 4: Random assignment check all plaintiffs and sexual harassment cases

Female Judge Male Judge Difference

Mean SD Mean S.D. OLS S.D. p-value obs
Dependent variables (1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Plaintiff characteristics

Female Plaintiff 0.61 0.49 0.64 0.48 -0.01 0.04 0.801 1552
Age 35.5 10.68 35.94 11.22 -0.07 0.8 0.935 1001
Plaintiff with college degree 0.22 0.42 0.24 0.43 -0.05 0.03 0.127 1001
Black 0.32 0.47 0.31 0.46 0.04 0.03 0.201 977
White 0.63 0.48 0.62 0.49 -0.03 0.04 0.457 977
Average Wage 4,212.89 7,102.28 4,200.47 6,091.03 -29.87 439.96 0.946 1001
Occupation: Salesperson Retail 0.07 0.25 0.06 0.24 0.01 0.02 0.66 1001
Occupation: Administrative Assistant 0.1 0.3 0.08 0.28 0.01 0.02 0.63 1001
Occupation: Telemarketing Operator 0.03 0.18 0.08 0.27 -0.03∗ 0.02 0.045 1001
Occupation: Account Manager 0.03 0.18 0.03 0.18 0 0.01 0.921 1001
Occupation: Janitor 0.02 0.13 0.01 0.12 0.01 0.01 0.367 1001
Occupation: Others 0.75 0.43 0.73 0.44 0.01 0.03 0.779 1001

Panel B: Defendant characteristics

Firm sector: Transport and Communications 0.19 0.39 0.12 0.32 0.08∗∗∗ 0.03 0.005 894
Firm sector: Finance 0.08 0.27 0.08 0.28 -0.01 0.02 0.55 894
Firm sector: Retail 0.27 0.44 0.3 0.46 -0.03 0.03 0.422 894
Firm sector: Real Estate and Securities 0.14 0.35 0.15 0.36 -0.03 0.03 0.369 894
Firm sector: Accommodation/food and repair services 0.08 0.27 0.12 0.32 -0.04 0.03 0.134 894
Firm sector: others 0.25 0.43 0.23 0.42 0.02 0.03 0.48 894
Firm size (Total of workers) 5,622.27 42,844.67 3,736.47 34,001.89 1,761.1 3,058.92 0.565 1001
Share of female 0.49 0.25 0.51 0.26 0 0.02 0.897 1001
Gender Wage Gap 0.07 0.5 0.08 0.27 -0.01 0.03 0.647 944
Male dominated 0.4 0.49 0.4 0.49 0.01 0.04 0.869 1001
Notes: Columns (1) and (3) report the mean of each variable conditional on the judge gender. Columns (2) and (4) report the standard deviation
of each variable conditional on the judge gender. Columns (5), (6) and (7) report the estimated coefficient, standard error and p-value of a
OLS regression of each baseline dependent variables on a dummy equals one if judge is female, with jurisdiction-year fixed effects and clustered
errors at the judge level. Wages were deflated to December 2021 prices using the IPCA index for the state of São Paulo. Occupation and sector
dummies correspond to the five with the most lawsuits in the dataset. Gender wage gap is defined as the difference between the median earnings
of men and women relative to median earnings of men. Male dominated is an indicator equal to 1 if the share of women within the firm is lower
than the median of the sector to which it belongs. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table 5: Random assignment check all plaintiffs and moral harassment cases

Female Judge Male Judge Difference

Mean SD Mean S.D. OLS S.D. p-value obs
Dependent variables (1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Plaintiff characteristics

Female Plaintiff 0.53 0.5 0.52 0.5 0 0.01 0.813 10919
Age 38.74 11.61 38.95 11.46 -0.22 0.27 0.428 6815
Plaintiff with college degree 0.22 0.42 0.22 0.41 0.01 0.01 0.469 6813
Black 0.31 0.46 0.32 0.47 0 0.01 0.876 6697
White 0.64 0.48 0.63 0.48 0 0.01 0.999 6697
Average Wage 5,678.38 56,277.77 4,283.54 8,320.4 1,689.3 1,067.62 0.114 6815
Occupation: Salesperson Retail 0.08 0.26 0.08 0.27 -0.01 0.01 0.419 6815
Occupation: Administrative Assistant 0.09 0.29 0.09 0.29 0 0.01 0.906 6815
Occupation: Telemarketing Operator 0.03 0.17 0.04 0.2 -0.01∗∗ 0 0.013 6815
Occupation: Account Manager 0.01 0.12 0.02 0.13 0 0 0.164 6815
Occupation: Janitor 0.03 0.16 0.02 0.15 0.01∗ 0 0.051 6815
Occupation: Others 0.76 0.43 0.75 0.43 0.01 0.01 0.25 6815

Panel B: Defendant characteristics

Firm sector: Transport and Communications 0.18 0.38 0.17 0.37 0.01 0.01 0.563 5251
Firm sector: Finance 0.08 0.26 0.08 0.27 0 0.01 0.935 5251
Firm sector: Retail 0.26 0.44 0.28 0.45 -0.01 0.01 0.345 5251
Firm sector: Real Estate and Securities 0.12 0.32 0.11 0.32 0 0.01 0.761 5251
Firm sector: Accommodation/food and repair services 0.09 0.28 0.09 0.29 0 0.01 0.641 5251
Firm sector: others 0.28 0.45 0.27 0.44 0.01 0.01 0.599 5251
Firm size (Total of workers) 3,240.26 27,713.54 3,725.41 32,479.05 -837.45 765.52 0.275 6821
Share of female 0.5 0.26 0.49 0.25 0 0.01 0.697 6821
Gender Wage Gap 0.08 0.34 0.08 0.35 0 0.01 0.88 6477
Male dominated 0.38 0.49 0.39 0.49 0 0.01 0.871 6821
Notes: Columns (1) and (3) report the mean of each variable conditional on the judge gender. Columns (2) and (4) report the standard deviation
of each variable conditional on the judge gender. Columns (5), (6) and (7) report the estimated coefficient, standard error and p-value of a
OLS regression of each baseline dependent variables on a dummy equals one if judge is female, with jurisdiction-year fixed effects and clustered
errors at the judge level. Wages were deflated to December 2021 prices using the IPCA index for the state of São Paulo. Occupation and sector
dummies correspond to the five with the most lawsuits in the dataset. Gender wage gap is defined as the difference between the median earnings
of men and women relative to median earnings of men. Male dominated is an indicator equal to 1 if the share of women within the firm is lower
than the median of the sector to which it belongs. Signif. Codes: 0.01***, 0.05**, 0.1*.

6 Results

6.1 Main Results

Table 6 presents the main results for the effect of being assigned to a female judge on
the probability of delivering a pro-plaintiff decision, separated between female and male
plaintiffs. Columns (1), (4), and (7) display the estimated effect of female judge assignments
for all cases. Columns (2)-(3), (5)-(6) and (8)-(9) include judge age, which we only have
for a sub-sample of the lawsuits (see Section 4). All columns include jurisdiction-year fixed
effects and standard errors clustered at the judge level.

Results suggest that being randomly assigned to a female judge decreases the probabil-
ity of winning by 16% for female plaintiffs, while this effect is much smaller and statistically
insignificant for male plaintiffs (columns (5) and (8)). When we interact with judge age,
we observe that female plaintiffs are much more likely to win a harassment lawsuit when
assigned to an older male judge compared to a younger female judge (reference category).
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This effect is 36% for female plaintiffs, statistically significant at 1%, and 10% for male
plaintiffs, statistically insignificant. The coefficient of older female judges is positive but
small for female plaintiffs and negative for male plaintiffs. Younger female judges, on the
other hand, seem to be strict with both genders, but the estimated effect is small and sta-
tistically insignificant. These results are robust when we control for all covariates described
in Table 3 (see Table A7).

In Table 7 we replicate this exercise by lawsuit type. Results show a negative effect of
being assigned to a female judge in sexual harassment cases, only for women, although coef-
ficients for men and women have similar magnitude and are both statistically insignificant.
In moral harassment cases, women are 17% less likely to win when assigned to a female
judge and this effect is statistically significant at 10%. For men, the coefficient is much
smaller and statistically insignificant. This provides suggestive but corroborative evidence
of the hypotheses that judicial gender bias is greater in moral harassment cases. When we
include judge age, we observe that female plaintiffs are roughly 39% more likely to win both
sexual and moral harassment cases when assigned to older male judges. Male plaintiffs, on
the other hand, are less likely to win sexual harassment claims, especially when the judge
is a younger male. For moral harassment cases, male plaintiffs are more likely to win when
assigned to an older male judge, although this effect is statistically insignificant.

These combined results suggest that older male judges are more favorable to women
than men. In other words, female judges are relatively less likely to award wins to both
genders, but the effect is greater for women. In the next sub-section, we provide suggestive
evidence on potential explanations for this observed negative in-group bias.
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Table 6: Main results by plaintiff gender

Dependent variable:

Y = 1 if Plaintiff wins

All Plaintiffs Female Plaintiffs Male Plaintiffs

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Female Judge -0.020 -0.024 -0.037∗∗ -0.039∗ -0.002 -0.008
(0.016) (0.018) (0.018) (0.020) (0.018) (0.020)

Male Younger -0.014 -0.002 -0.030
(0.023) (0.025) (0.026)

Female Older -0.005 0.007 -0.022
(0.022) (0.024) (0.026)

Male Older 0.057∗∗ 0.088∗∗∗ 0.024
(0.024) (0.026) (0.030)

Year-Jurisdiction FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Sample Full RAIS RAIS Full RAIS RAIS Full RAIS RAIS
Case Covariates No No No No No No No No No

Fit statistics
Mean Dep. Variable 0.242 0.238 0.238 0.243 0.240 0.240 0.241 0.236 0.236
Observations 12,471 10,060 10,060 6,738 5,441 5,441 5,733 4,619 4,619
R2 0.05507 0.06030 0.06315 0.05754 0.06430 0.06878 0.06549 0.07069 0.07269
Within R2 0.00053 0.00074 0.00377 0.00176 0.00194 0.00673 5.33× 10−6 8.53× 10−5 0.00224

Notes: Older judge is an indicator variable equals one if a judge is older than the median of distribution (43 years).
Clustered standard errors at the judge level in parenthesis. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table 7: Main results by plaintiff gender and harassment type

Dependent variable:

Y = 1 if Plaintiff wins

All Plaintiffs Female Plaintiffs Male Plaintiffs

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Panel A: Sexual harassment lawsuits

Female Judge -0.021 -0.019 -0.045 -0.056 0.032 0.049
(0.040) (0.049) (0.045) (0.050) (0.059) (0.078)

Male Younger -0.125∗∗ -0.101∗ -0.168∗

(0.057) (0.057) (0.100)
Female Older -0.100 -0.096 -0.127

(0.075) (0.063) (0.120)
Male Older 0.089 0.134∗∗ -0.034

(0.064) (0.064) (0.109)

Fit statistics
Mean Dep. Variable 0.35 0.34 0.34 0.36 0.34 0.34 0.33 0.33 0.33
Observations 1,552 1,275 1,275 968 793 793 584 482 482
R2 0.12914 0.14739 0.17186 0.12126 0.13543 0.16298 0.21744 0.23417 0.24928
Within R2 0.00047 0.00037 0.02905 0.00199 0.00319 0.03496 0.00108 0.00237 0.02205

Panel B: Moral harassment lawsuits

Female Judge -0.023 -0.027 -0.039∗∗ -0.039∗ -0.006 -0.016
(0.016) (0.018) (0.019) (0.021) (0.018) (0.020)

Male Younger -0.0007 0.013 -0.020
(0.023) (0.026) (0.025)

Female Older 0.003 0.020 -0.019
(0.021) (0.025) (0.023)

Male Older 0.058∗∗ 0.086∗∗∗ 0.032
(0.023) (0.026) (0.029)

Year-Jurisdiction FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Sample Full RAIS RAIS Full RAIS RAIS Full RAIS RAIS
Case Covariates No No No No No No No No No

Fit statistics
Mean Dep. Variable 0.23 0.22 0.22 0.22 0.22 0.22 0.23 0.22 0.22
Observations 10,919 8,785 8,785 5,770 4,648 4,648 5,149 4,137 4,137
R2 0.04754 0.05153 0.05356 0.05249 0.05963 0.06306 0.05900 0.06268 0.06449
Within R2 0.00067 0.00100 0.00314 0.00200 0.00209 0.00573 4.05× 10−5 0.00034 0.00227

Notes: Older judge is an indicator variable equals one if a judge is older than the median of distribution (43 years). Clustered
standard errors at the judge level in parenthesis. Signif. Codes: 0.01***, 0.05**, 0.1*.
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6.2 Mechanisms

As pointed out in Section 2.1, an observed statistical difference between female and male
judges does not necessarily mean that one group exhibit gender bias but, on the contrary, it
might reflect the fact that female judges are more legally strict than their male counterparts.

To disentangle which mechanism is most likely the prevalent one, we use the number
of previous harassment lawsuits the firm being sued has had as a proxy for the quality of
the claim.9 The rationale, in this case, is that the greater the number of accusations that
the firm being sued has had, the greater the credibility of the plaintiff’s claim. Therefore,
if female judges are being stricter compared to male judges, then we should observe a
negative coefficient of an interaction between a female judge dummy and our proxy for the
claim’s quality. We show the results of this exercise in Table 8, using the sub-sample of
cases that only have one defendant because it is the most rigorous match.

Results indicate that, in sexual harassment lawsuits, female judges are more rigorous
than male judges only for female plaintiffs. Specifically, we find that a one-unit increase
in the number of previous lawsuits increases the probability of winning by 1.7 percentage
points for women assigned to female judges and this effect is statistically significant at 1%.
For moral harassment cases, however, the coefficient is statistically zero for both men and
women. These correlations suggest that the number of defendants’ previous cases seems to
affect the decision of female judges compared to male judges only in cases where discretion
is lower (i.e. in sexual harassment cases). In that sense, this suggestive evidence might
corroborate the hypothesis that larger space for judicial discretion is positively correlated
with more influence of gender (instead of legal) judicial bias.

9We should have multiple variables that evaluate the quality (legal rigor) of the lawsuits. Another option
would be to recover the bias direction of female versus male judges in non-gender lawsuits. However, due
to data limitations, we do not have these options.
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Table 8: Mechanism (A) Number of previous cases

Dependent variable:

Y = 1 if Plaintiff wins

Female Plaintiffs Male Plaintiffs

(1) (2)

Panel A: All lawsuits

Female Judge -0.033 -0.0006
(0.021) (0.021)

# Previous Cases 0.001 0.0007
(0.001) (0.002)

Female Judge × # Previous Cases -0.0005 -0.002
(0.002) (0.002)

Fit statistics
Mean Dep. Variable 0.236 0.238
Observations 4,165 3,657

Panel B: Sexual harassment lawsuits

Female Judge -0.103∗ -0.044
(0.060) (0.083)

# Previous Cases -0.012∗∗∗ -0.021∗

(0.003) (0.012)
Female Judge × # Previous Cases 0.017∗∗∗ 0.016

(0.004) (0.012)

Fit statistics
Mean Dep. Variable 0.337 0.316
Observations 596 405

Panel C: Moral harassment lawsuits

Female Judge -0.026 -0.001
(0.022) (0.021)

# Previous Cases 0.002∗ 0.001
(0.001) (0.002)

Female Judge × # Previous Cases -0.002 -0.002
(0.002) (0.002)

Fit statistics
Mean Dep. Variable 0.218 0.228
Observations 3,569 3,252

Year-Jurisdiction FE Yes Yes

Notes: Clustered standard errors at the judge level in parenthesis. Signif. Codes: 0.01***, 0.05**,
0.1*.
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To provide suggestive evidence on whether gender bias is an active mechanism, we use
four proxies. As highlighted in Section 2.1, there are two main explanations for negative
in-group gender bias. First, women might feel compelled to hide their true positive bias
towards women when they are surrounded by relatively few female judges (critical mass
theory), in order to comply with the social norms of the majority group. That is, one could
argue that the negative in-group bias appears only for female judges who are located in
municipalities with a lower proportion of other female judges. In that sense, an empirical
test for this would be to estimate a regression with an interaction between a female judge
dummy and the share of female judges in the municipality-year of sentence.

However, one may also argue that the share of female judges in the year of entry into
the labor market might be more relevant to shape judicial views that favor negative in-
group bias than the current percentage of female judges. This can be true in our setting for
two reasons. First, a unique feature of our context is that women are already the majority
in the labor courts and this share practically does not change over time (mean of 0.61 and
s.d. of 0.14 in our lawsuit dataset). Second, it might be harder to change views on gender
norms after years of judicial practice.

Therefore, we create two variables to test for the critical mass hypothesis:10 (1) the
share of female judges within municipality-year (intermediate level between jurisdiction
and court) reported in RAIS. We create this variable at the municipal level instead of
at the court level because, in the São Paulo Labor Justice, many courts share the same
building. If we calculated this variable at the court level, we would lose the interaction
effect between courts; (2) the percentage of female judges in the municipality and the year
of entry into the labor market (here we use the year of admission reported in RAIS).11

Results with the share of female judges within the municipality-sentence year and the
percentage of female judges in the municipality-year of entry into the labor market are
shown in Tables 9 and 10, respectively. We do not find any statistically significant effect.
Therefore, we can not draw conclusive evidence. However, point estimates are informative.
In the first scenario (Table 9) we find that, for female plaintiffs claiming sexual harassment
to a female judge, a one-unit change in the proportion of female judges in the year of
sentence decreases the probability of winning by 37 percentage points while this effect is
much smaller for male plaintiffs (6.4). In moral harassment claims, the effect is negative
1.3 percentage points for female plaintiffs and 0.8 for males. Regarding the results with
the second proxy (Table 10), we find a large and positive effect (36 percentage points) of
a one-unit increase in the proportion of female judges for female plaintiffs claiming sexual
harassment, while this effect is negative but much smaller for men. In moral harassment
claims, this effect is positive for both female and male plaintiffs (10 p.p. vs. 15 p.p)

Even though we do not have a definitive conclusion, these results provide suggestive
evidence that, at least in part, exposure to fewer women in the early career years may

10Note that the number of observations in each case is different because in the first scenario we merge
municipalities-year with RAIS, whereas in the second case we merge judges of our dataset with RAIS,
which is only possible for a sub-sample.

11Considering that the RAIS only started in 1985, for judges admitted before this year, we used the
percentage of female judges in 1985.

31



shape more conservative gender-related judicial views, especially in moral harassment cases,
where the space for judge discretion is larger.
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Table 9: Mechanism (B) share of female judges in municipality-year of sentence

Dependent variable:

Y = 1 if Plaintiff wins

Female Plaintiffs Male Plaintiffs

(1) (2)

Panel A: All lawsuits

Female Judge -0.065 -0.064
(0.051) (0.053)

Share Female Judge -0.046 -0.065
(0.102) (0.093)

Female Judge × Share Female Judge 0.054 0.109
(0.096) (0.100)

Fit statistics
Mean Dep. Variable 0.236 0.235
Observations 6,465 5,347

Panel B: Sexual harassment lawsuits

Female Judge -0.081 -0.086
(0.137) (0.173)

Share Female Judge -0.376 -0.202
(0.264) (0.327)

Female Judge × Share Female Judge 0.087 0.224
(0.256) (0.283)

Fit statistics
Mean Dep. Variable 0.340 0.295
Observations 918 542

Panel C: Moral harassment lawsuits

Female Judge -0.065 -0.071
(0.052) (0.053)

Share Female Judge 0.002 -0.053
(0.097) (0.093)

Female Judge × Share Female Judge 0.050 0.116
(0.097) (0.101)

Fit statistics
Mean Dep. Variable 0.218 0.228
Observations 5,547 4,805

Year-Jurisdiction FE Yes Yes

Notes: Clustered standard errors at the judge level in parenthesis. Signif. Codes: 0.01***, 0.05**,
0.1*.
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Table 10: Mechanism (C) share of female judges in municipality-entry cohort

Dependent variable:

Y = 1 if Plaintiff wins

Female Plaintiffs Male Plaintiffs

(1) (2)

Panel A: All lawsuits

Female Judge -0.029 -0.048
(0.103) (0.074)

Share Female Judge 0.186∗ 0.101
(0.109) (0.099)

Female Judge × Share Female Judge -0.002 0.098
(0.217) (0.146)

Fit statistics
Mean Dep. Variable 0.235 0.232
Observations 5,192 4,402

Panel B: Sexual harassment lawsuits

Female Judge -0.171 -0.299
(0.197) (0.768)

Share Female Judge 0.262 -0.612
(0.369) (1.68)

Female Judge × Share Female Judge 0.275 0.801
(0.417) (1.72)

Fit statistics
Mean Dep. Variable 0.339 0.330
Observations 747 460

Panel C: Moral harassment lawsuits

Female Judge -0.003 -0.059
(0.099) (0.075)

Share Female Judge 0.166 0.108
(0.101) (0.087)

Female Judge × Share Female Judge -0.061 0.106
(0.205) (0.150)

Fit statistics
Mean Dep. Variable 0.217 0.220
Observations 4,445 3,942

Year-Jurisdiction FE Yes Yes

Notes: Clustered standard errors at the judge level in parenthesis. Signif. Codes: 0.01***, 0.05**,
0.1*.
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A second possible explanation for the observed negative in-group bias is the black sheep
effect, which postulates that women might negatively judge other women they perceived
as norm breakers. Although we can not directly test if this is the motivation behind this,
we argue that a greater negative in-group bias is expected in locations with higher gender
inequality. The argument here is that women in locations with higher gender inequality
might also exhibit more traditional gender norms which, in turn, makes them negatively
judge women who claim workplace harassment (since they might be perceived as norm
breakers). Related empirical evidence of this argument is provided by Charles et al. (2022).
The authors show that women might internalize sexist norms of places where they spent
their formative years and where she currently lives, which shape their decisions and life
outcomes. Important to highlight that this could go both ways. That is, greater negative
in-group bias might explain part of the municipal gender inequality but also the other way
around. Therefore, here we provide evidence of correlations, not causal conclusions.

As a proxy for municipal gender inequality, we use two variables: divorce rate12 and
number of cases of violence against women cases13. The underlying rationale here is that
divorce rate is negatively correlated with traditional (more sexist) gender norms, whereas
number of cases of violence against women is positively correlated with traditional gender
norms. To facilitate interpretation, for each case we create an indicator variable equal to
one if in that municipality-year the variable is greater than the median (in the case of
divorce rate) and the third quartile (in the case of violence against women).

We show the results with the divorce rate as a proxy in Table 11. In this case, we should
expect that the negative in-group bias is higher for female judges in municipalities with
lower divorce rates (i.e. more traditional gender norms) and in moral harassment lawsuits
(i.e. more judge discretion). Our interaction effects between a female judge dummy and
divorce rate are not statistically significant, so we can not draw conclusive correlations.
However, point estimates are informative. Results suggest that female plaintiffs allocated
to female judges are 9.2 percentage points less likely to win a sexual harassment lawsuit
in municipalities with less traditional gender norms (more divorce). For moral harassment
lawsuits, however, this coefficient is positive in municipalities with higher divorce and
negative and statistically significant in municipalities with lower divorce. This goes in the
direction predicted by the black sheep effect: where judicial discretion is higher, female
judges in municipalities with higher gender inequality might exhibit more sexist gender
norms which, in turn, might explain in part the negative bias towards women who claim
workplace harassment.

Finally, the results with the total of cases of violence against women as a proxy are
shown in Table 12. Here we should expect a higher negative in-group bias for female judges
in municipalities with greater violence and in moral harassment lawsuits. Again, our in-
teraction coefficients are not statistically significant in any case, but point estimates are
informative. Results show that, for sexual harassment claims, female judges are 4 percent-

12Total number of divorces on the woman’s initiative or by mutual agreement divided by the 1,000
population in each municipality-year between 2004 and 2019. Data extracted from the Instituto Brasileiro
de Geografia e Estatística (IBGE).

13Data extracted from the National Single Health System (DATASUS), available from 2009 to 2018.
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age points more likely to declare victory for female plaintiffs in more violent municipalities
while this effect is negative in municipalities with relatively fewer cases of violence against
women. That is, it goes in the opposite expected direction. When we look at the moral
harassment lawsuits, female judges in municipalities with lower violence are more likely to
grant victory for female plaintiffs, while this effect is negative for female judges in places
with arguably more sexist views. In this case, point estimates are in the expected direction:
female judges in places with higher gender inequality are correlated with more negative
gender in-group bias.

Although most of the estimates are statistically insignificant and, therefore, we can not
find conclusive evidence, our combined results suggest that both mechanisms play a role.
Female judges seem to exhibit a "legal bias" in cases where the space for judicial discretion
is lower while exhibiting a gender bias in cases where judicial discretion is higher. Regarding
the later evidence, correlations suggest that exposure to fewer women in early career years
and exposure to places with higher gender inequality explain, at least in part, the observed
negative in-group bias of female judges in workplace harassment cases.
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Table 11: Mechanism (D) Municipal Divorce Rate

Dependent variable:

Y = 1 if Plaintiff wins

Female Plaintiffs Male Plaintiffs

(1) (2)

Panel A: All lawsuits

Female Judge -0.040∗∗ 0.008
(0.020) (0.020)

High Divorce Rate -0.061∗ -0.037
(0.034) (0.036)

Female Judge × High Divorce Rate 0.005 -0.027
(0.027) (0.029)

Fit statistics
Mean Dep. Variable 0.243 0.241
Observations 6,738 5,733

Panel B: Sexual harassment lawsuits

Female Judge 0.002 0.049
(0.055) (0.066)

High Divorce Rate -0.060 0.036
(0.096) (0.123)

Female Judge × High Divorce Rate -0.092 -0.036

Fit statistics
Mean Dep. Variable 0.356 0.330
Observations 968 584

Panel C: Moral harassment lawsuits

Female Judge -0.047∗∗ 0.004
(0.020) (0.020)

High Divorce Rate -0.067∗ -0.048
(0.035) (0.037)

Female Judge × High Divorce Rate 0.021 -0.030
(0.028) (0.030)

Fit statistics
Mean Dep. Variable 0.224 0.231
Observations 5,770 5,149

Year-Jurisdiction FE Yes Yes

Notes: High divorce rate is a dummy variable equals to one if the divorce rate in each municipality-
year is greater than the median of all municipalities in the dataset of that year. Clustered standard
errors at the judge level in parenthesis. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table 12: Mechanism (E) total cases of violence against women at municipal level

Dependent variable:

Y = 1 if Plaintiff wins

Female Plaintiffs Male Plaintiffs

(1) (2)

Panel A: All lawsuits

Female Judge 0.033 0.120
(0.106) (0.125)

High Violence -0.168∗ 0.057
(0.087) (0.114)

Female Judge × High Violence -0.071 -0.125
(0.108) (0.126)

Fit statistics
Mean Dep. Variable 0.242 0.245
Observations 6,093 5,127

Panel B: Sexual harassment lawsuits

Female Judge -0.099 -0.034
(0.169) (0.130)

High Violence -0.534∗∗∗ -0.249
(0.130) (0.177)

Female Judge × High Violence 0.040 0.056
(0.174) (0.150)

Fit statistics
Mean Dep. Variable 0.362 0.338
Observations 880 550

Panel C: Moral harassment lawsuits

Female Judge 0.030 0.060
(0.128) (0.131)

High Violence -0.093 0.043
(0.098) (0.124)

Female Judge × High Violence -0.069 -0.066
(0.130) (0.133)

Fit statistics
Mean Dep. Variable 0.221 0.234
Observations 5,213 4,577

Year-Jurisdiction FE Yes Yes

Notes: High violence is a dummy variable equals to one if the total of cases of violence against
women in each municipality-year is greater than the third quartile of all municipalities in the
dataset of that year. Clustered standard errors at the judge level in parenthesis. Signif. Codes:
0.01***, 0.05**, 0.1*.

38



7 Conclusions

Leveraging on the random assignment of cases to judges, this paper provides evidence that,
conditional on jurisdiction-year fixed effects, female judges exhibit a negative in-group bias
against female plaintiffs in both cases of sexual and moral workplace harassment. Regarding
the potential mechanisms, we find suggestive evidence that female judges might be more
strict when room for judicial discretion is lower (i.e. in sexual harassment cases) and might
express more conservative gender views in moral harassment cases.

Our results highlight important issues for policymakers. First, it indicates that having
more female representation in the judiciary is not enough to advance women’s access to
justice for gender-related crimes. On the contrary, it might even exacerbate gender inequal-
ity if female judges display conservative gender norms that impact judicial outcomes. That
is, gender itself does not determine a more progressive view in gender-related cases. On the
contrary, gender literacy in gender-related crimes might be more important, as highlighted
by qualitative evidence in the Brazilian judicial context (CNJ and IPEA, 2019). In that
sense, it might be more effective to implement and evaluate periodic training for judges on
protocols for judgment with a gender perspective.

Future research agenda includes overcoming a few limitations of this paper. For exam-
ple, we do not had access to the entire harassment lawsuits, which imposed limits on our
ability to assess the quality of processes. Quantifying the quality of cases and constructing
a dataset with all other non-gender related cases are important steps towards more robustly
assessing whether female judges are more legally strict or more conservative. Qualitative
evidence can also be relevant to better understand which kinds of gender norms female
judges exhibit. Moreover, it is also relevant to assess whether institutional rules such as
meritocratic promotion of judges have an effect on judicial gender bias. Finally, it is imper-
ative to assess the impact of these judicial biases on the post-sentence work life of women
relative to male workers. In addition to the lack of access to impartial justice, these biases
may be having impacts beyond the court system, with relevant economic consequences for
plaintiffs.
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8 Appendix

Figure B1: Sample Construction Tree

18448 downloaded

5669 excluded 12779
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Table A1: Comparison between plaintiffs and non-plaintiffs

Plaintiffs Non-Plaintiffs

Mean SD Obs Mean SD Obs p-value
(1) (2) (3) (4) (5) (6) (7)

Panel A: Female Workers

Average wage 3,231.1 4,248.2 2,167 2,376.6 3,305.1 4,498,775 0.000
Education 7.1 1.4 2,167 6.4 1.8 4,498,775 0.000

Panel B: Male Workers

Average wage 4,514.2 6,387.8 2,382 2,817.6 4,277.9 8,761,961 0.000
Education 6.5 1.7 2,382 5.4 1.9 8,761,961 0.000
Notes: This table shows the means and standard deviations of plaintiffs and non-
plaintiffs’ characteristics in 2005, which is the year before the first case in the sub-
sample of cases where the plaintiff was identified in RAIS. The group of non-plaintiffs
is defined as all workers in São Paulo who appear in the 2005 RAIS and who are
not identified in the lawsuit dataset (in any year). Wages were deflated to December
2021 prices using the IPCA index for the state of São Paulo. Column (7) shows the
p-value of a Welch Two Sample t-test. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table A2: Comparison between defendants and non-defendants

Defendants Non-Defendants

Mean SD Obs Mean SD Obs p-value
(1) (2) (3) (4) (5) (6) (7)

Firm Size 493.7 8,007.8 3,356 10.8 95.5 741,740 0.000
Share of Female 0.4 0.3 3,356 0.4 0.4 741,740 0.971
Gender Wage Gap 0.07 0.37 3,090 0.02 0.57 331,685 0.000
Notes: This table shows the means and standard deviations of defendants and
non-defendants’ characteristics in 2005, which is the year before the first case
in the subsample of cases where the plaintiff was identified in RAIS. The group
of non-defendants is defined as all firms that appear in the 2005 RAIS and that
are not identified in the lawsuit dataset (in any year). Column (7) shows the
p-value of a Welch Two Sample t-test. Signif. Codes: 0.01***, 0.05**, 0.1*.

Table A3: Random assignment check - female plaintiffs

Female Judge Male Judge Difference

Mean SD Mean S.D. OLS S.D. p-value obs
Dependent variables (1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Plaintiff characteristics

Age 36.93 11.01 37.1 11.1 -0.08 0.34 0.805 4163
Plaintiff with college degree 0.25 0.43 0.23 0.42 0.01 0.02 0.686 4163
Black 0.3 0.46 0.32 0.47 0 0.02 0.884 4087
White 0.65 0.48 0.62 0.49 0.01 0.02 0.364 4087
Average Wage 5,400.1 69,614.37 3,430.43 6,036.22 2,740.47 1,919.77 0.154 4163
Occupation: Salesperson Retail 0.08 0.27 0.07 0.26 0 0.01 0.878 4163
Occupation: Administrative Assistant 0.12 0.33 0.12 0.33 0 0.01 0.794 4163
Occupation: Telemarketing Operator 0.04 0.2 0.06 0.25 -0.02 0.01∗∗ 0.004 4163
Occupation: Account Manager 0.02 0.14 0.03 0.16 -0.01 0∗∗ 0.03 4163
Occupation: Janitor 0.04 0.2 0.03 0.17 0.01 0.01∗ 0.051 4163
Occupation: Others 0.7 0.46 0.68 0.47 0.03 0.01 0.081 4163

Panel B: Defendant characteristics

Firm sector: Transport and Communications 0.19 0.39 0.16 0.36 0.03 0.01 0.02 3331
Firm sector: Finance 0.05 0.23 0.05 0.22 0 0.01 0.693 3331
Firm sector: Retail 0.3 0.46 0.33 0.47 -0.02 0.02 0.273 3331
Firm sector: Real Estate and Securities 0.13 0.34 0.14 0.35 -0.01 0.01 0.361 3331
Firm sector: Accommodation/food and repair services 0.1 0.3 0.11 0.31 -0.01 0.01 0.358 3331
Firm sector: others 0.22 0.42 0.21 0.41 0.01 0.02 0.706 3331
Firm size (Total of workers) 3,725.54 30,405.36 4,170.41 34,727.2 -964.21 1,170.84 0.411 4165
Share of female 0.6 0.21 0.61 0.2 0 0.01 0.98 4165
Gender Wage Gap 0.09 0.31 0.09 0.25 -0.01 0.01 0.593 3965
Male dominated 0.27 0.44 0.25 0.43 0.02 0.01 0.28 4165
Notes: Columns (1) and (3) report the mean of each variable conditional on the judge gender. Columns (2) and (4) report the standard deviation
of each variable conditional on the judge gender. Columns (5), (6) and (7) report the estimated coefficient, standard error and p-value of a
OLS regression of each baseline dependent variables on a dummy equals one if judge is female, with jurisdiction-year fixed effects and clustered
errors at the judge level. Wages were deflated to December 2021 prices using the IPCA index for the state of São Paulo. Occupation and sector
dummies correspond to the five with the most lawsuits in the dataset. Gender wage gap is defined as the difference between the median earnings
of men and women relative to median earnings of men. Male dominated is an indicator equal to 1 if the share of women within the firm is lower
than the median of the sector to which it belongs. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table A4: Random assignment check - male plaintiffs

Female Judge Male Judge Difference

Mean SD Mean S.D. OLS S.D. p-value obs
Dependent variables (1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Plaintiff characteristics

Age 39.92 11.94 40.25 11.66 -0.45 0.39 0.258 3653
Plaintiff with college degree 0.2 0.4 0.21 0.41 0 0.01 0.941 3651
Black 0.32 0.47 0.32 0.46 0.02 0.02 0.276 3587
White 0.63 0.48 0.64 0.48 -0.02 0.02 0.171 3587
Average Wage 5,583.43 18,506.88 5,211.24 9,788.44 244.88 449.39 0.586 3653
Occupation: Salesperson Retail 0.07 0.26 0.08 0.27 -0.01 0.01 0.533 3653
Occupation: Administrative Assistant 0.06 0.25 0.06 0.23 0 0.01 0.63 3653
Occupation: Telemarketing Operator 0.01 0.12 0.02 0.15 -0.01∗ 0 0.07 3653
Occupation: Account Manager 0.02 0.12 0.01 0.1 0 0 0.221 3653
Occupation: Janitor 0.01 0.1 0.01 0.1 0 0 0.905 3653
Occupation: Others 0.82 0.38 0.82 0.38 0 0.01 0.741 3653

Panel B: Defendant characteristics

Firm sector: Transport and Communications 0.17 0.37 0.17 0.37 0 0.01 0.86 2814
Firm sector: Finance 0.1 0.3 0.11 0.32 0 0.01 0.952 2814
Firm sector: Retail 0.21 0.41 0.23 0.42 -0.01 0.02 0.673 2814
Firm sector: Real Estate and Securities 0.1 0.31 0.09 0.29 0.01 0.01 0.402 2814
Firm sector: Accommodation/food and repair services 0.07 0.26 0.08 0.27 -0.01 0.01 0.592 2814
Firm sector: others 0.34 0.47 0.32 0.47 0.01 0.02 0.784 2814
Firm size (Total of workers) 3,355.94 29,856.1 3,233.58 30,205.48 -141.67 1,039.5 0.892 3657
Share of female 0.37 0.25 0.37 0.25 0 0.01 0.986 3657
Gender Wage Gap 0.06 0.42 0.06 0.42 0 0.01 0.745 3456
Male dominated 0.52 0.5 0.54 0.5 -0.01 0.02 0.588 3657
Notes: Columns (1) and (3) report the mean of each variable conditional on the judge gender. Columns (2) and (4) report the standard deviation
of each variable conditional on the judge gender. Columns (5), (6) and (7) report the estimated coefficient, standard error and p-value of a
OLS regression of each baseline dependent variables on a dummy equals one if judge is female, with jurisdiction-year fixed effects and clustered
errors at the judge level. Wages were deflated to December 2021 prices using the IPCA index for the state of São Paulo. Occupation and sector
dummies correspond to the five with the most lawsuits in the dataset. Gender wage gap is defined as the difference between the median earnings
of men and women relative to median earnings of men. Male dominated is an indicator equal to 1 if the share of women within the firm is lower
than the median of the sector to which it belongs. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table A5: Random assignment check - all plaintiffs and older judges

Female Judge Male Judge Difference

Mean SD Mean S.D. OLS S.D. p-value obs
Dependent variables (1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Plaintiff characteristics

Female Plaintiff 0.54 0.5 0.54 0.5 0.01 0.01 0.558 5042
Age 38.16 11.36 38.45 11.57 -0.13 0.39 0.735 3089
Plaintiff with college degree 0.21 0.41 0.21 0.41 0.01 0.02 0.685 3088
Black 0.31 0.46 0.35 0.48 -0.02 0.02 0.302 3047
White 0.64 0.48 0.6 0.49 0.02 0.02 0.265 3047
Average Wage 4,092.23 6,662.33 3,930.58 7,808.64 118.43 300.27 0.694 3089
Occupation: Salesperson Retail 0.07 0.25 0.07 0.25 0 0.01 0.706 3089
Occupation: Administrative Assistant 0.1 0.29 0.1 0.3 -0.01 0.01 0.25 3089
Occupation: Telemarketing Operator 0.04 0.19 0.05 0.21 -0.01 0.01 0.055 3089
Occupation: Account Manager 0.02 0.14 0.02 0.14 0 0.01 0.982 3089
Occupation: Janitor 0.02 0.15 0.02 0.15 0 0.01 0.873 3089
Occupation: Others 0.76 0.43 0.74 0.44 0.03 0.02 0.103 3089

Panel B: Defendant characteristics

Firm sector: Transport and Communications 0.18 0.38 0.17 0.38 0 0.02 0.854 2489
Firm sector: Finance 0.07 0.26 0.07 0.26 0.01 0.01 0.417 2489
Firm sector: Retail 0.27 0.44 0.27 0.45 0.01 0.02 0.807 2489
Firm sector: Real Estate and Securities 0.11 0.32 0.11 0.32 0 0.02 0.949 2489
Firm sector: Accommodation/food and repair services 0.08 0.27 0.11 0.31 -0.03 0.01 0.051 2489
Firm sector: others 0.29 0.45 0.26 0.44 0.01 0.02 0.545 2489
Firm size (Total of workers) 2,791.85 25,904.47 2,568.63 22,378.38 155.29 938.5 0.869 3090
Share of female 0.49 0.26 0.5 0.26 -0.01 0.01 0.532 3090
Gender Wage Gap 0.07 0.39 0.06 0.38 0 0.01 0.833 2930
Male dominated 0.38 0.49 0.39 0.49 0 0.02 0.956 3090
Notes: Columns (1) and (3) report the mean of each variable conditional on the judge gender. Columns (2) and (4) report the standard deviation
of each variable conditional on the judge gender. Columns (5), (6) and (7) report the estimated coefficient, standard error and p-value of a
OLS regression of each baseline dependent variables on a dummy equals one if judge is female, with jurisdiction-year fixed effects and clustered
errors at the judge level. Wages were deflated to December 2021 prices using the IPCA index for the state of São Paulo. Occupation and sector
dummies correspond to the five with the most lawsuits in the dataset. Gender wage gap is defined as the difference between the median earnings
of men and women relative to median earnings of men. Male dominated is an indicator equal to 1 if the share of women within the firm is lower
than the median of the sector to which it belongs. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table A6: Random assignment check - all plaintiffs and younger judges

Female Judge Male Judge Difference

Mean SD Mean S.D. OLS S.D. p-value obs
Dependent variables (1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Plaintiff characteristics

Female Plaintiff 0.54 0.5 0.55 0.5 -0.01 0.02 0.674 5018
Age 38.73 11.7 38.56 11.16 -0.14 0.36 0.696 3213
Plaintiff with college degree 0.22 0.41 0.23 0.42 -0.01 0.02 0.478 3213
Black 0.3 0.46 0.29 0.45 0.01 0.02 0.478 3136
White 0.65 0.48 0.65 0.48 -0.01 0.02 0.552 3136
Average Wage 5,335.39 21,826.68 4,570.39 8,569.22 585.32 460.83 0.205 3213
Occupation: Salesperson Retail 0.07 0.26 0.08 0.27 -0.01 0.01 0.406 3213
Occupation: Administrative Assistant 0.09 0.29 0.08 0.27 0.01 0.01 0.278 3213
Occupation: Telemarketing Operator 0.03 0.16 0.04 0.2 -0.02 0.01 0.014 3213
Occupation: Account Manager 0.01 0.12 0.02 0.14 -0.01 0 0.179 3213
Occupation: Janitor 0.03 0.17 0.02 0.13 0.01 0.01 0.023 3213
Occupation: Others 0.76 0.42 0.76 0.43 0.01 0.02 0.587 3213

Panel B: Defendant characteristics

Firm sector: Transport and Communications 0.17 0.38 0.15 0.36 0.01 0.02 0.429 2487
Firm sector: Finance 0.07 0.26 0.09 0.28 -0.02 0.01 0.115 2487
Firm sector: Retail 0.27 0.44 0.29 0.46 -0.02 0.02 0.353 2487
Firm sector: Real Estate and Securities 0.12 0.33 0.13 0.33 0 0.02 0.992 2487
Firm sector: Accommodation/food and repair services 0.09 0.29 0.08 0.27 0.01 0.01 0.196 2487
Firm sector: others 0.28 0.45 0.26 0.44 0.01 0.02 0.709 2487
Firm size (Total of workers) 4,677.71 36,244.15 5,342.56 42,328.32 -1,059.03 1,442.04 0.463 3216
Share of female 0.49 0.25 0.49 0.24 0 0.01 0.905 3216
Gender Wage Gap 0.09 0.27 0.09 0.3 0 0.01 0.938 3067
Male dominated 0.4 0.49 0.38 0.49 0.02 0.02 0.245 3216
Notes: Columns (1) and (3) report the mean of each variable conditional on the judge gender. Columns (2) and (4) report the standard deviation
of each variable conditional on the judge gender. Columns (5), (6) and (7) report the estimated coefficient, standard error and p-value of a
OLS regression of each baseline dependent variables on a dummy equals one if judge is female, with jurisdiction-year fixed effects and clustered
errors at the judge level. Wages were deflated to December 2021 prices using the IPCA index for the state of São Paulo. Occupation and sector
dummies correspond to the five with the most lawsuits in the dataset. Gender wage gap is defined as the difference between the median earnings
of men and women relative to median earnings of men. Male dominated is an indicator equal to 1 if the share of women within the firm is lower
than the median of the sector to which it belongs. Signif. Codes: 0.01***, 0.05**, 0.1*.
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Table A7: Robustness check: Main results by plaintiff gender with covariates

Dependent variable:

Y = 1 if Plaintiff wins

All Plaintiffs Female Plaintiffs Male Plaintiffs

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Female Judge -0.0185 -0.0210 -0.0260 -0.0303 -0.0013 -0.0037
(0.0195) (0.0216) (0.0232) (0.0260) (0.0238) (0.0263)

Younger Male Judge -0.0265 -0.0291 -0.0302
(0.0268) (0.0300) (0.0357)

Older Female Judge -0.0057 0.0124 -0.0301
(0.0272) (0.0321) (0.0314)

Older Male Judge 0.0666∗∗ 0.1071∗∗∗ 0.0103
(0.0301) (0.0370) (0.0385)

Year x Jurisdiction FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Sample Full RAIS RAIS Full RAIS RAIS Full RAIS RAIS
Case Covariates Yes Yes Yes Yes Yes Yes Yes Yes Yes

Fit statistics
Mean Dep. Variable 0.240 0.239 0.239 0.239 0.237 0.237 0.243 0.240 0.240
Observations 5,729 4,648 4,648 3,112 2,514 2,514 2,617 2,134 2,134
R2 0.06837 0.07500 0.07977 0.07432 0.07877 0.08897 0.09026 0.10179 0.10332
Within R2 0.00816 0.00926 0.01437 0.00901 0.00902 0.02000 0.01398 0.01682 0.01849

Notes: We include all covariates in table 3 except for "Female Plaintiff", "Occupation: Others" and "Firm sector: Others".
Clustered standard errors at the judge level in parenthesis. Signif. Codes: 0.01***, 0.05**, 0.1*.

48



Table A8: Robustness check: Main results by plaintiff gender and harassment type
without potential dependence cases

Dependent variable:

Y = 1 if Plaintiff wins

All Plaintiffs Female Plaintiffs Male Plaintiffs

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Panel A: Sexual harassment lawsuits

Female Judge -0.031 -0.023 -0.061 -0.066 0.035 0.055
(0.040) (0.049) (0.044) (0.049) (0.063) (0.084)

Male Younger -0.107∗ -0.069 -0.176∗

(0.058) (0.058) (0.103)
Female Older -0.089 -0.074 -0.135

(0.078) (0.062) (0.129)
Male Older 0.088 0.140∗∗ -0.044

(0.066) (0.064) (0.115)

Fit statistics
Mean Dep. Variable 0.35 0.34 0.34 0.36 0.35 0.35 0.33 0.33 0.33
Observations 1,462 1,202 1,202 910 746 746 552 456 456
R2 0.14062 0.16308 0.18322 0.13437 0.15172 0.17240 0.23040 0.24592 0.26220
Within R2 0.00103 0.00056 0.02461 0.00372 0.00457 0.02885 0.00131 0.00307 0.02459

Panel B: Moral harassment lawsuits

Female Judge -0.023 -0.029 -0.041∗∗ -0.042∗∗ -0.005 -0.016
(0.016) (0.018) (0.019) (0.021) (0.018) (0.020)

Male Younger -0.001 0.013 -0.020
(0.023) (0.026) (0.026)

Female Older 0.002 0.018 -0.020
(0.021) (0.025) (0.024)

Male Older 0.061∗∗ 0.090∗∗∗ 0.032
(0.024) (0.026) (0.029)

Year-Jurisdiction FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Sample Full RAIS RAIS Full RAIS RAIS Full RAIS RAIS
Case Covariates No No No No No No No No No

Fit statistics
Mean Dep. Variable 0.23 0.22 0.22 0.22 0.22 0.22 0.23 0.22 0.22
Observations 10,512 8,475 8,475 5,518 4,459 4,459 4,994 4,016 4,016
R2 0.04673 0.05098 0.05323 0.04970 0.05776 0.06155 0.06148 0.06539 0.06729
Within R2 0.00072 0.00112 0.00349 0.00225 0.00242 0.00644 3.76× 10−5 0.00035 0.00239

Notes: Older judge is an indicator variable equals one if a judge is older than the median of distribution (43 years). Clustered
standard errors at the judge level in parenthesis. Signif. Codes: 0.01***, 0.05**, 0.1*.
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