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La guerra la mato sin darle un balazo
A la guerra le da miedo los abrazos
La guerra con camuflaje se viste

Asi nadie ve cuando se pone triste

La guerra pierde todas sus luchas
Cuando los enemigos se escuchan

La guerra es mas débil que fuerte
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Residente, Guerra
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Drogas, armas, sem futuro

Moleque cheio de édio
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E f4cil vir aqui me mandar matar
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Nao vai ser a solucao mandar blindar
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Abstract

Rampant criminal violence is one of the most pressing issues in Latin America. Yet
few studies have assessed attitudinal consequences of this widespread public concern.
This dissertation analyzes the impact of fear of crime on preferences for redistribution
and support for more strict prison sentencing. Moreover I examine whether fear of
crime make individuals more prone to support policies focused on tackling social is-
sues that might act as a catalyst for criminal behavior, such as youth unemployment,
poverty, and income inequality, at the expense of more repressive measures to mitigate
crime. Relying upon public opinion data from 17 countries in Latin America from 2008
to 2016, I demonstrate that high levels of fear of crime are simultaneously associated
with positive attitudes toward income redistribution and greater support for increas-
ing punishment of criminals. The results fail to indicate which kind of policy fearful
citizens tend to favor when asked to make a binary choice between progressive social
policies and punitive measures to reduce crime. I conclude this dissertation by dis-
cussing its empirical limitations and how to circumvent them in future work. I propose
new research strategies to grapple with the difficulties of causally assessing the impact
of fear of crime on policy preferences. Last, I debate potential implications for the

understanding of pervasive and persistent levels of criminal violence in Latin America.
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Abstract

Rampant criminal violence is one of the most pressing issues in Latin America. Yet
few studies have assessed attitudinal consequences of this widespread public concern.
This dissertation analyzes the impact of fear of crime on preferences for redistribution
and support for more strict prison sentencing. Moreover I examine whether fear of
crime make individuals more prone to support policies focused on tackling social is-
sues that might act as a catalyst for criminal behavior, such as youth unemployment,
poverty, and income inequality, at the expense of more repressive measures to miti-
gate crime. Using public opinion data from 17 countries in Latin America from 2008
to 2016, I demonstrate that high levels of fear of crime are simultaneously associated
with positive attitudes toward income redistribution and greater support for increas-
ing punishment of criminals. The results fail to indicate which kind of policy fearful
citizens tend to favor when asked to make a binary choice between progressive social
policies and punitive measures to reduce crime. I conclude this dissertation by dis-
cussing its empirical limitations and how to circumvent them in future work. I propose
new research strategies to grapple with the difficulties of causally assessing the impact
of fear of crime on policy preferences. Last, I debate potential implications for the

understanding of pervasive and persistent levels of criminal violence in Latin America.
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1 Introduction

Remarkably high levels of criminal violence is a leading concern for citizens and a prominent
and hotly contested topic in the political agenda of many countries in Latin America. While
conservative political platforms have contended that strong-handed strategies is the best way
to deter criminal behavior, progressive parties have tended to advocate the provision of more
opportunities to underprivileged segments of the society as the most effective strategy. For
instance, in his inaugural speech in 2003, former Brazilian president Luis Inacio Lula da Silva
declared that his government would be committed to a public security policy that “combined
with health, education, among others, is capable of preventing violence, will suppress crime
and restore citizens’ security”. Sixteen years later, his far-right antagonist Jair Bolsonaro
took office defending a new legislation aiming to loosen restrictions to the use of lethal force
by the police and supporting more flexible gun laws in his swearing-in ceremony, without
mentioning social policies as an instrument to tackle criminal violence. In the same year,
Mexico’s president-elect Andrés Manuel Lépez Obrador, who stood on pacification platform
during presidential campaign after years of bloodletting war on drugs launched by former
president Felipe Calderén in 2006, declared: “Officially, the war is over. We want peace,
and we're going to get peace” (Imison, 2019). Under the slogan “becarios si, sicicarios no”,
he vowed a new strategy to reduce crime during his campaign. Loépez Obrador promised
anti-crime policies focused on fighting its social origins such as youth unemployment, blamed
his predecessor’s economic policies for aggravating crime, and even floated the idea of grant

amnesty to low-level drug offenders.!

Given this two bitterly polarizing positions in the political discourse, it is important to
ascertain whether violence influences the kind of policy response citizens expect the state to
implement to thwart widespread crime. In the present study, I assess the impact of fear of
crime on individuals’ demand for redistributive policies and on support for increasing pun-
ishment of criminals. Moreover, I test whether heightened feelings of insecurity make people
more prone to support crime-reduction policies focused on providing economic opportunities
for citizens living on the fringes of society to the detriment of those focused on toughening

repression against offenders.

To investigate whether insecurity perceptions shape policy preferences, I rely on public

opinion data from across 17 countries in Latin America. First, I test the impact of individual-

IMeanwhile, he was heavily criticized for his proposal to create a new militarized police force called the
National Guard after he defended removing the military from regions wracked by drug violence (Felbab-
Brown, 2018; Russell, 2019).



level variation in fear of crime on both preferences for redistribution and preferences for
punitive policies. Next, I rely on a survey question that prompts respondents to choose
between two crime-reduction policy options for the government to invest: one focused on
education and job training, and one focused on increasing punishment for criminals. I find a
positive relationship between fear of crime and support for redistribution. My results indicate
that not only the rich, but also the poor are more supportive of redistribution when they
feel threatened by crime. Heightened perceptions of insecurity also induce more punitive
preferences similarly for rich and poor individuals. Finally, the impact of fear of crime on the
probability of choosing progressive social policies to reduce crime — at the expense of more

repressive approaches — is not statistically significant.

A growing stream of studies has considered how crime shapes citizens’ political behavior.
Insecurity perceptions and crime victimization has been consistently linked to decreased levels
of electoral turnout (Ley, 2018; Trelles and Carreras, 2012; Garcia-Sénchez, 2010) and lack of
trust in public institutions and democracy (Blanco and Ruiz, 2013; Blanco, 2013; Carreras,
2013; Fernandez and Kuenzi, 2010; Malone, 2010). Meanwhile, rising levels of homicides and
organized crime-related violence around elections decreases incumbent’s vote share (Marshall,
2015), specially when upper and lower levels of government are politically aligned (Ley, 2017).
Despite the tangible negative consequences of crime and its salience in voters’ minds in Latin
America, the literature is scant when it comes to study the consequences of crime on policy
preferences. Existing studies have focused on examining the positive link between crime
experiences and support for tough-on-crime crime (Visconti, 2019; Bateson, 2012). However,
scholars have overlooked the potential impact of crime on individuals’ support for policies
outside the realm of the police and the criminal justice system. If citizens consider that crime
is an unavoidable byproduct of inequality and poverty, they might favor strategies aiming at
improving the life of vulnerable people and reducing the gap between the haves and have-
nots. To the best of my knowledge, Rueda and Stegmueller (2016) were the first to assess
whether concerns about crime victimization beget positive attitudes toward redistribution.
Using survey data from Europe, they show that fear of crime increases the level of support

for redistribution among rich individuals living in unequal areas.

Identifying the determinants of public attitudes might foster a more complete understand-
ing of the rationale behind governments’ policy decisions. Public opinion matters for public
officials (Shapiro, 2011; Lax and Phillips, 2012), who are primarily responsible for the imple-
mentation of anti-crime policies. Elected politicians may spend more resources on repression

or propose tough-on-crime laws in an effort to meet voters’ demand for strong-handed mea-



sures. Legal actors might also react to the public’s punitive sentiment by imposing stricter
sentencing (Owens and Wohlfarth, 2017; Huber and Gordon, 2004) or acting beyond the
limits of the law (e.g. not guaranteeing procedural rights in criminal proceedings), expect-
ing the public to tolerate abusive behavior. Enns (2014) provides compelling evidence that
public punitiveness is a key predictor of rising rates of incarceration in the United States.
Last, citizens can directly take part in ballot initiatives and referendums such as “three
strikes laws”, which enforced mandatory minimum sentences on repeat offenders (Karch and
Cravens, 2014).

Studying political repercussions of crime is specially import in Latin America. Despite
wide variations in homicide rates in the region, the aggregate number is alarming: 33% of
the world’s homicides happen in Latin America, though the region concentrates only 8% of
the world’s population (Muggah and Tobén, 2018). Moreover, public concern about crime is
high, with 29.5% declaring crime as their countries’ most pressing problem as the 2016 Latin
America Public Opinion Project (LAPOP) reveals.

My research question lies at the intersection of two often-disconnected strands of research.
First, the massive literature on the determinants of positive attitudes toward social welfare
policies, by examining the role of negative externalities of inequality as a determinant of
public support for redistributive policies in Latin America. Second, the research on the
political and behavioral consequences of violence outside civil conflict settings. The evidence
presented does not induce a strong causal claim, but it suggests that violence is a contextual

force driving formation of mass attitudes.

The remainder of this dissertation is organized as follows. In the next section I outline
theoretical arguments and derive hypothesis about the role of fear of crime in explaining anti-
crime policy preferences. Next, I introduce empirical methods along with operationalization
of variables used in the analysis and then present my results. In the last section, I consider
methodological limitations of this study, suggest alternative research designs to provide more
rigorous causal evidence, and conclude by considering how the study of behavioral conse-
quences of crime can shed a light on the understanding of persistently high levels of criminal

violence in Latin America.



2 The Policy Preferences of Frightened Citizens

In crime-plagued societies, it is reasonable to assume that citizens form preferences over the
best way to reduce crime, no matter how refine they are. In Latin America, exposure to
violence either directly through crime experiences or indirectly through media coverage of
security-related issues and social interactions (e.g. knowing a victim or being informed by
someone that a crime happened nearby). Here, I consider the role of fear of crime in shap-
ing attitudes toward anti-crime policies. Do fearful citizens prefer a non-coercive approach
focused on fostering human capital of vulnerable people or heavy-handed policies against

crime?

To elaborate on the complex dynamics between poverty, inequality, and crime, I draw
on the foundational model of the economics of crime developed by Becker (1968). In his
analysis, criminal behavior is a function of benefits (which are determined by material rewards
relative to the offender’s current level of income) and costs (which are given by probability of
punishment). The more severe is poverty and inequality within a society, the larger marginal
gains from crime, as a large share of poor individuals who have small returns in the labor
market are placed in proximity to a small share of high-income individuals who have valuable
assets (Kelly, 2000; Bourguignon, 2000; Ehrlich, 1973).2

Governments who aim to reduce crime must disincentive criminal behavior either by
designing policies focused in improving social conditions of potential offenders (e.g. poverty
alleviation programs and job training), or by investing in deterrence to improve the odds
of catching and punishing wrongdoers. The underlying logic of the first approach is that
human capital enhancement efforts augment expected returns of legal activities and increase
the opportunity cost of committing a crime. The second approach deems investment in
repressive capacity of the police and the criminal justice system as the cornerstone of public

security policies. A more extreme version of this strategy, often called mano dura policies,

2Empirical evidence on the relationship between inequality and crime is centered on sub-national or cross-
country comparisons using data from advanced countries. In general, those studies find a positive correlation
(Hsieh and Pugh, 1993), though those results should be interpreted with caution, as they do not provide
unambiguous causal evidence. As a wide range of hard-to-measure socioeconomic factors may explain both
sub-national and cross-country variation in crime, omitted variable bias along with concerns regarding reverse
causality pose serious empirical challenges. Fine-grained, comparable, and reliable crime statistics are scant
in the context of developing countries. Enamorado et al. (2016) overcame those challenges by focusing on
within-country variation in inequality and crime rates during Mexico’s drug war. Using data from over 2000
Mexican municipalities, they have provided evidence that an increase in inequality incremented homicide
rates. See Demombynes and Ozler (2005) for evidence from South Africa and Poveda (2011) for evidence
from Colombia.



entails discretionary actions against potential offenders, dilution of procedural rights, and
military interventions. As Holland (2013) claims, those policies embrace “formal measures
that open the door to informal police abuse” (p.46) and have been widely applied in Latin

America, despite its nefarious connection to human rights violation (Brinks, 2007).

2.1 Fear of crime and Redistributive Preferences

An extensive empirical scholarship has been devoted to understand the determinants in pub-
lic attitudes toward redistributive social policies (e.g. progressive taxation, social welfare
spending, and social insurance systems). Public opinion is regarded as a key driver of gov-
ernments’ choice of welfare policies (Brooks and Manza, 2007; Rehm, 2011) and plays a major
role in influential theories in political economy. For instance, the canonical model of the size
of the government developed by Meltzer and Richard (1981) relies on the assumption that
voters seek to maximize their income and that median voter’s redistributive preferences —
determined by her position in the income distribution — dictate government policies. More
recent studies uncovered other determinants of public support for redistribution, such as ex-
periences and prospects of upward social mobility (Piketty, 1995; Benabou and Ok, 2001;
Alesina et al., 2018), perception of deservingness of minority groups (Alesina et al., 2004;
Gilens, 2009), ethnic heterogeneity and group identification (Luttmer, 2001; Shayo, 2009;
Klor and Shayo, 2010), social affinity (Lupu and Pontusson, 2011), and altruistic motiva-
tions (Dimick et al., 2018, 2017).

More relevant to my analysis are the insurance models of preferences for redistribution
(Iversen and Soskice, 2001; Moene and Wallerstein, 2001; Alt and Iversen, 2017). These
models posit that individuals have broader time horizons and care not only about present
income maximization but also about the uncertainty of future income — that is, their risk
exposure in the labor market (Rehm, 2009). Thus, voters exposed to risks demand progressive
social policies to buffer relevant economic risks or as a consequence of a recent negative
economic shocks (Margalit, 2013; Hacker et al., 2013). Not only exposure to risks in the
labor market, but also individual risk aversion positively influences demand for redistribution
(Gértner et al., 2017). Although most of this literature has based the analysis on labor
market risks, the intrinsic logic of risk insurance models might bear on other kinds of relevant
risks, including the subjetive risk of crime victimization. Indeed, Rehm (2011) states that
“unemployment benefits are a good starting point to study social insurance more broadly

(...) but the basic argument developed in this article may apply to other social insurances as



well” (p. 292), while Hacker et al. (2013) declare that “insecurity is a reflection of multiple,
intersecting risks. These extend beyond employment risks to include major economic losses
driven by family, wealth, and health changes (...) most theories ignore and most surveys miss
how the persistence and clustering of economic risks shapes attitudes toward risk-buffering

policies” (p.44).

Fear of crime has been treated in criminological research less as an specific anxiety over
potential victimization, but rather as an amalgam of general social insecurities (Sessar, 2008;
Jackson, 2004; Chevigny, 2003). Fear of crime might trigger and simultaneously express
diffuse anxieties related to individual ability to manage vulnerability and risk from different
sources, including crime experiences. Corroborating this idea, Hummelsheim et al. (2010)
demonstrate that higher social expenditure in Europe is associated with lower aggregate
levels of fear of crime.® With this in mind, I consider that perceived risk of victimization
might increase citizens’ demand for redistribution of resources as a way to cope with costly

consequences of crime victimization, therefore reducing their perceived vulnerability.*

The aforementioned nexus between inequality and crime also suggest another reason for
citizens — specially the upper-classes — to endorse redistributive measures: to avoid the nega-
tive externalities of sharp income disparity. The idea that undesirable spillovers from inequal-
ity can shift preferences for redistribution was mentioned by Alesina and Giuliano (2011) as
a reminder that the rich can be negatively affected by inequality if, for instance, fear of crime
makes them spend a large amount of resources on private protection against crime. Hence,
for purely self-interested reasons, affluent citizens may forego a higher share of their income
by accepting higher taxation if redistribution is perceived to be more efficient to reduce their
risk of victimization than private security spending (see also Dimick et al. (2018)). Rueda
and Stegmueller (2016) tested this possibility and demonstrated that fear of crime explained
enhanced support for redistribution by the rich in more unequal regions in Europe. More-
over, being directly affected by violence can raise awareness of the side effect of income gap
and lead rich individuals to view income inequality as illegitimate and unfair (Di Tella and
Schargrodsky, 2009).

Rueda and Stegmueller (2016) argue that “for the poor externality concerns are trumped

3Tt should be noted, however, that they do not mention the possibility that fear of crime may increase
support for welfare spending.

4Perceived vulnerability was define by Perloff (1983) as “a belief that one is susceptible to future negative
outcomes and unprotected from danger or misfortune” (p. 43). In addition to this early conception, Killias
(1990) identifies three fundamental dimension of vulnerability: exposure to non-negligible risk, loss of control
(lack of effective defense and protective measures), and anticipation of serious consequences.
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by current tax and transfer incentives” (p.475), while assuming “affluent’s concern for crime
to be causally connected to macro inequality, and higher redistribution to be perceived as one
of the solutions to the problem” (p. 476). Their claim overlooks that if poor and middle-class
individuals who feel insecure see themselves as being benefited by redistribution, they might
favor redistribution of economic resources as an insurance against prospective negative crime
victimization. Crime experiences impose direct costs to victims like stolen assets (which are
relatively more costly to the poor) and heightened perceptions of insecurity make individuals
more prone to engage in protective security costs (e.g. hiring private security or installing
security cameras). Evidence from Latin America reveals that the poor are excluded from
the services of provision of security in urban private markets (Gaviria et al., 2010) and that
lower spending in protective activities is associated with larger rates of home robberies among
the poor (Tella et al., 2010). Escalation of urban violence also inflicts less tangible cost for
individuals’ welfare like decreasing labor market participation (Robles et al., 2013), worse
educational outcomes and provision of education (Monteiro and Rocha, 2017; Koppensteiner
and Menezes, 2019; Brown and Veldsquez, 2017), and decreasing birth weight when exposure
to violence occurred during the gestation period (Brown, 2018). Beyond access to private
security and better economic and social perspectives, fearful lower-class individuals with
more resources might move from crime-ridden neighborhoods to safer areas, which are often
more expensive in urban settings. In fact, one of the deep-root causes of recent flow of
migrants from Central America to United States was their desire to fled from crime-ridden
neighborhoods (Hiskey et al., 2014).

There is an additional reason for fearful non-rich individuals to support more redistribu-
tion when compared to their fearless counterparts. According to the appraisal-theory frame-
work (Lerner and Keltner, 2000), choice outcomes and decision-making can be profoundly
shaped by emotion-specific appraisals. Though I have referred to subjective perceptions of
risk of victimization as fear of crime, survey reports most likely capture people’s anxiety
about crime — an emotion directed toward future and uncertain events — rather than people’s
fear, which is a strong physical response to an immediate threatening stimuli (Warr, 2000).
Risk perception lies at the heart of my analysis and anxiety has been linked to pessimistic ap-
praisals and risk estimates of distant events (Lerner and Keltner, 2001; Maner and Schmidt,
2006) and risk-avoidance (Maner et al., 2007). Therefore, individuals who are concerned
about potential victimization and its negative consequences should be more prone favor re-
distributive policies as a form of protection against future risks. This yields the following

hypothesis:

11



Hypothesis 1: Fearful individuals are more supportive of redistribution, and this

positive effect of fear of crime on support for redistribution is not stratified by income.

2.2 Punitiveness as a Reaction to Fear of Crime

Promoting public safety is one of the government’s foremost obligation. Allocating resources
to different anti-crime strategies entails contentious trade-off, as financial resources spent
on law enforcement cannot be assigned to investments in public education or job training.
However, there is no substantial reason to believe that the mass public is aware of these
budgetary trade-offs and that citizens consider social policies to be the progressive opposite
of preferences for repressive measures against crime. Although I have claimed that fear
of crime makes people more prone to support redistribution, I do not argue that fearful
individuals empathize with offenders, which could prompt them to believe that criminals’
decision to engage in law-breaking behavior was determined by their social context and to
object repressive measures against crime. On the contrary, I argue that preferences for
redistribution and preferences for punishment are not mutually exclusive and fear of crime

also positively impacts support for hard-line crime control strategies.?

Analyzing preferences for different anti-crime strategies separately provides at best an
incomplete account for grasping which kind of approach is more appealing to voters. Though
some governments often employ a mix of repressive and non-repressive tactics to tackle
crime, the actual political battlefield over public security arguably foster polarization of
public opinion. While right-wing candidates (specially populist ones) tend to promote a
transformation of a culture of impunity hinged on the belief that crime is essentially rooted
in criminals’ malice, left-leaning politicians are more inclined to reject this conception and
advocate for a different standpoint, which emphasizes that criminals’ unlawful behavior stems
from lack of opportunities and defend social welfare provision as the best instrument to
mitigate crime (Rivera and Zarate-Tenorio, 2016; Holland, 2013). What happens when fearful

individuals are asked to choose between those two approaches?

Desire to punish unfair behavior is a deep-seated human tendency. Research by behav-
ioral economists and social psychologists in laboratory settings have consistently evidenced

human propensity to punish defectors and free-riders even when it costly to do so (Carpenter,

5To be fair, I am not the first to suggest it, as Rueda and Stegmueller (2016) previously acknowledged that
“demands for protection should not be incompatible with preferences for redistribution” (p.477). However,
no study has empirically tested this hypothesis.
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2007; Camerer and Thaler, 1995), a decision motivated by a variety of factors like craving for
equality and revenge (Bone and Raihani, 2015), moral emotions such as anger (Srivastava
et al., 2009; Seip et al., 2014; Fehr and Fischbacher, 2004), and willingness to promote higher
levels of cooperation in social dilemmas by deterring free-riding (Price et al., 2002). When
it comes to criminal sanctions, there are two broad rationales for punishment: retribution
and behavior control (Vidmar and Miller, 1980). While the former is based on a principle-
based deontological reasoning, which ignores the consequences of punishment and focuses on
retribution of harm caused by offenders, the latter stems from a consequentialist reasoning
and stresses the role that coercion plays in deterring future crimes. Which one of these
approaches is a key motivation for citizens’ support for punishment? Existing experimental
evidence indicates that when asked to assign fair sentences to perpetrators individuals seek
retribution-related information to make their decisions, instead of deterrence-related infor-
mation (Carlsmith, 2006) and are largely affected by the severity of the crime, and disregard
the probability that a criminal would reoffend (Darley et al., 2000). In the same vein, Carl-
smith et al. (2002) present evidence that corroborates individuals’ intense susceptibility to
manipulation of retributive factors. Moreover, using a resource allocation task, they show
that even those who stated that punishment should be motivated by the goal of preventing
future crime allocated more money to arresting lawbreakers than to preventive measures (see
also Carlsmith (2008) for similar findings). The persistence of deontological intuition and the
lack of consistency between participants’ stated goals when assigning punishment and their
observed behavior indicate that people’s desire for punishment is an intuitive rather than a
reasoned decision. This observation is in line with recent works calling for a intuitionist view
of moral judgment, in which people’s moral judgement are considered to be guided by strong
affective perception of the rightness or wrongness of the action observed, rather than by a

careful reasoning process relying upon either deontological or consequentialist logic (Haidt,

2007, 2001).

Despite being popular, hard-line crime control initiatives are often counterproductive in
reducing crime (Chen and Shapiro, 2007; Harcourt, 2009; Mummolo, 2018), particularly in
developing countries, where security institutions are often unaccountable, poor-performing,
and not rarely engage in extrajudicial killings and corrupt behavior (Flom and Post, 2016;
Brinks, 2007; Magaloni et al., 2015). Moreover, resource constraints hamper governments’
capacity to bear the costs of prison systems and spending on military apparatus to com-
bat heavily armed criminal groups. Thus, mass incarceration of offenders can backfire and

increase criminal networks’ power, as demonstrated by the cases of Sao Paulo’s Primeiro

13



Comando da Capial (PCC), and El Salvador’s maras (MS-13 and Barrio 18) (Lessing, 2017).
Mexican aggressive military campaign against drug syndicates launched by former president
Felipe Calderéon epitomizes how ineffective those policies can be, as the strategy was not
effective in reducing violence (Espinosa and Rubin, 2015) and weakened state control over
some Mexican territories (Flores-Macias, 2018). But do citizens realize the shortcomings of

repressive policies?

There are strong reasons to doubt that voter’s have a sophisticated assessment of policy
effectiveness and shift their preferences as they realize the failure of punitive policies. First,
punitive sentiment is still high in Latin America, in spite of extensive and failed deployment
of harsh tactics against crime (Price et al., 2019). Meanwhile, right-wing politicians who
emphasizes “tough-on-crime” stances enjoy wide popularity (Holland, 2013) and are often
not hold accountable by voters for their failure to reduce crime (Carreras and Visconti,
2019). Second, benefits of coercive policies such as incarceration are more salient than its
costs. For instance, when demanding increasing punishment of criminals, citizens might
be more prone to consider its immediate and tangible positive effects (e.g. incapacitation
of criminals) than its shortcomings. Third, recent studies have challenged rational choice
perspectives on democratic accountability, which depict voters as bayesian updaters who
adapt their preferences as they acquire new information (Besley and Burgess, 2002; Fearon,
1999; Ferejohn, 1986). Describing voters as fully informed and unbiased processors of new
information does not fit the evidence that even though individuals have accuracy-driven
motivation when processing information, they also have directional goals, that is, they are
reluctant to update their beliefs and preferences when exposed to evidence that contradicts
their prior positions (Kunda, 1990; Taber and Lodge, 2006; Redlawsk, 2002; Bénabou and
Tirole, 2016). Some scholars have also proposed that policy preferences are inelastic to new
information, either because voters care more about social and partisan attachments when
evaluating new evidence, which may lead to them to support policies inconsistent with their
preferred outcomes (Achen and Bartels, 2006; Green et al., 2004; Bartels, 2005), or because
they rely on information related to events which are arguably exogenous to policy effectiveness
or incumbent performance, while discounting relevant facts (Achen and Bartels, 2004; Healy
et al., 2010; Huber et al., 2012). In brief, existing research suggests that citizens are not avid
consumers and neutral processors of information. Therefore, individuals’ cannot objectively
assess cost-effectiveness of different policies, and this uncertainty might accentuate their
susceptibility to bias, such as framing of costs and benefits (Caplan, 2001; Frederick et al.,
2009; Chakravarty et al., 2011).
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Arguments proposing non-bayesian formation of beliefs and preferences are even more
cogent in crime-related issues. Insofar as punishment is a human reaction to a moral violation,
punitive preferences should be more vulnerable to the biased cognition. According to Ditto
et al. (2009), moral judgments are a “particularly fertile ground for motivated reasoning
processes” (p. 312), as perceptions of right or wrong are intuitive and highly influenced
by affective forces. Punitiveness, as a “morally convicted policy preference” (Skitka and
Wisneski, 2011) and a “sacred value” (Tetlock et al., 2000), may resist trade-offs. Hence,
when asked to choose, individuals most likely ignore considerations of cost-effectiveness and
might not be willing to commit to a policy based on fighting social exclusion, at the expense
of increasing retribution of the harm caused by criminals, even if they perceive the latter

measure as inefficient.

High levels of crime bolster the attractiveness of punitive policies. Prior research has
shown that citizens who are concerned about crime tend to prefer allocation of resources
on punitive policies (Baker et al., 2015) and are more prone to support torture against
criminals (Osorio, 2016). Crime victimization and historical exposure to violence increases
punitiveness (Bateson, 2012; Visconti, 2019; Garcia-Ponce et al., 2018), though other findings
suggest an opposite relationship (Di Tella and Schargrodsky, 2009). Using data from Italian
municipalities, Bove et al. (2019) find a positive association between higher presence of
immigrants and larger public spending on law enforcement activities, at the expense of other
areas such as local economic development and culture. Their analysis shows a disconnection
between citizens’ fear of crime and objective probability of victimization, which, they claim,
explains the positive association between immigration and security spending. (Gingerich
et al., 2019) propose an explanation for punitive preferences in high-crime settings. They
argue that citizens’ preferences are contingent on their expectations about the overall crime
rate. When crime is pervasive, preferences for spending on punishment are relatively more
attractive, once potential benefits of social policies (e.g. income subsidies) might be eroded by
potential property crimes. Their empirical support for their argument is a survey experiment
conducted in Panama, in which citizens who receive a false information showing an increase

in crime rates tend to allocate more resources on punitive measures over social policies.

In contexts where crime is a major issue, the role of news media in shaping policy pref-
erences of fearful individuals might be magnified. News media exerts a strong influence
on citizens’ political behavior in democracies (DellaVigna and Kaplan, 2007; Gerber et al.,
2009; Barone et al., 2015; Enikolopov et al., 2011). Unsurprisingly, coverage crime-related

stories, which are often depicted in sensationalist manner, is a key source of information
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for learning about crime in Latin America (Dammert, 2012). In 2011, as a an attempt to
curb the development of widespread fear of crime, dozens of Mexican media groups agreed
to follow common guidelines for reporting on criminal violence and to stop publicizing drug-
related crimes. Ramirez-Alvarez (2016) shows that perceptions of insecurity decreased as a
result of reduced exposure to crime news, corroborating results found using data from Italy
(Mastrorocco and Minale, 2018). Individuals who feel threatened are more prone to seek
for information related to the threats and are more easily persuaded (Valentino et al., 2008;
Brader et al., 2008). Increased exposure to sensationalist crime news can worsen insecurity
perceptions, and lead fearful individuals to be more supportive short-term oriented policies
aiming at neutralize the source of their fear (Gordon and Arian, 2001). Investigating the
consequences of media coverage of terrorism after the 9/11, Gadarian (2010) found that,
more than factual information, emotionally evocative images positively affected preferences
for aggressive foreign policy. Meanwhile, Krause (2014) demonstrated that reading crime-
related news in a notoriously sensationalist Guatemalan newspaper increases propensity to
declare support for Otto Perez Molina, whose presidential campaign revolved around the
slogan Urge mano dura, which represented his promises to adopt drastic repressive policies

against crime. Accordingly, I hypothesize:

Hypothesis 2: Fearful individuals are more supportive of increasing punishment

against criminals

Hypothesis 3: When asked to choose, fearful citizens tend to favor punitive policies

at the expense of social welfare approaches

3 Data and Methods

Assessing the relationship between fear of crime and policy preferences is not an elementary
empirical task. A straightforward comparison of fearful and fearless individuals would yield
a biased estimate, as the effect might be driven by unobserved variables determining both
insecurity perception and policy preferences. Moreover, simply comparing support for puni-
tive or redistributive policies among different levels of fear of crime does not rule out the
alternative explanation that individuals’ policy attitudes causally determine their levels of

fear of crime, that is, the possibility of reverse causality.

Given that I cannot assume that fear of crime is randomly assigned and that any difference
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between fearful and fearless individuals can be attributed to the effect of insecurity perception,
my ability to draw accurate causal inferences is restricted. To partially overcome these
limitations, I study the relationship between fear of crime and policy preferences using a
recursive bivariate ordered probit model, which allows to take into account the effect of
unobserved variables when estimating the effect of interest. More details are provided in

Section 3.1 and limitations are discussed in Section 5.1.

To test the empirical expectations specified, I draw on five waves of cross-sectional survey
data from Latin American Public Opinion Project (LAPOP): 2008, 2010, 2012, 2014, 2016.
The survey relies on a similar strategy to build a probabilistic sample in each country stratified
by regions of the country and by urban and rural areas within municipalities. The data
covers 17 countries: Mexico, Guatemala, El Salvador, Honduras, Nicaragua, Costa Rica,
Panama, Colombia, Ecuador, Bolivia, Peru, Paraguay, Chile, Uruguay, Brazil, Argentina,
and Dominican Republic. I estimate the effect of fear of crime on three outcome measures:
(1) demand for redistribution, (2) demand for increasing punishment of offenders, and (3)

anti-crime policy preferences.

The first hypothesis states that fear of crime makes individuals more prone to support
redistribution, regardless of their relative income positions. To measure support for redistri-
bution I use a survey item commonly used in the literature to represent individuals’ opinion
on whether should reduce the income gap from the rich and the poor. Responses are mea-
sured on a 7-point Likert scale of agreement with the following statement: “The (Country)
government should implement strong policies to reduce income inequality between the rich
and the poor”. Respondents are presented to a card with a ladder with seven steps from
strongly disagree to strongly agree used to designate their level of agreement. The fact that
potential costs of redistributive policies (e.g. higher taxation) are not mentioned in the ques-
tion is a downside of this measure, given that respondents might concurrently agree with
costless redistribution without wanting to bear the costs of redistributive policies (Holland,
2018). Table 1 displays cross-country variation in support for redistribution. Distribution
of responses is left skewed and a noticeable share of almost 45% have remarkably positive

attitudes toward redistribution.

Hypothesis 2 predicts that fear of crime increases support for increasing punishment of
criminals. I capture punitive preferences relying upon a survey question in which respondents
are requested to indicate their agreement with the following statement: “To reduce crime in
a country like ours, punishment of criminals must be increased”. The seven ordered-response

options for this item ranged from “strongly disagree” to “strongly agree”. This question was
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Table 1. Support for income redistribution in
Latin America

Mean  sd Share that
strongly agree (%)

Chile 6.04 1.30 52.5
Dominican Republic  5.99 1.50 55.8
Argentina 5.93 1.50 54.4
Uruguay 591 1.56 53.1
Paraguay 5.86 1.63 55.3
Brazil 5.79 1.58 49.4
Nicaragua 5.76  1.68 51.8
Costa Rica 5.76 1.65 51.4
Colombia 5.75 1.55 45.7
Mexico 574 1.58 46.7
El Salvador 5.68 1.60 43.7
Panama 5.54 1.72 46.8
Ecuador 549 1.66 38.9
Peru 548 1.54 33.5
Guatemala 5.32 1.74 35.8
Bolivia 531 1.52 28.1
Honduras 5.18 1.86 38.3

Total 5.66 1.61 44.9

Note: Based on multiply imputed data from LAPOP 2008-2016.
Variable is measured on a seven-point ordinal scale.

included only in the survey of 2016. As displayed in Table 2, overall support for increasing

punishment of criminals is high in Latin America.

Finally, the third outcome of interest is respondents’ relative preference for different anti-
crime strategies. To measure it, participants reported their opinion on the best way to
reduce homicide in their country. Binary choices were (1) “Preventive measures such as ed-
ucational opportunities and jobs for people” or (2) “Increasing punishment for criminals”.
I constructed a dichotomous variable, which was coded 1 for respondents who endorse the
non-coercive approaches presented in the first option and 0 otherwise. I expect a negative
effect of fear of crime on the probability of favoring progressive social policies. This ques-
tion was included only in 2016 wave and was only asked in Brazil, Mexico, El Salvador,
Guatemala, and Honduras. Excluding missing values, preventive measures were backed by

63% of respondents.

The main explanatory variable is fear of crime, operationalized as the level of respondents’

subjective assessment of likelihood of victimization in their own neighborhood. The exact
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Table 2. Support for increasing punishment of
criminals in Latin America

Mean  sd Share that
strongly agree (%)

Dominican Republic 6.12  1.68 69.6
Honduras 6.06 1.63 64.4
Peru 6.01 1.55 57.0
Guatemala 5.97 1.56 55.4
Paraguay 5.95  1.69 59.0
Costa Rica 5.95 1.65 59.0
Brazil 5.89 1.78 61.3
Panama 588 1.70 58.7
Nicaragua 5.88  1.57 52.0
Colombia 5.88  1.66 56.0
Bolivia 5.87 1.53 49.2
Ecuador 584  1.57 49.2
Mexico 578 1.74 54.5
El Salvador 576  1.72 52.3

Total 592 1.64 57.0

Note: Based on multiply imputed data from LAPOP 2016.
Variable is measured on a seven-point ordinal scale.

question is: “Speaking of the neighborhood where you live and thinking of the possibility of
being assaulted or robbed, do you feel very safe, somewhat safe, somewhat unsafe or very
unsafe?”. Roughly 12% of respondents reported being very insecure in the neighborhood,
while 28& said that they felt “somewhat unsafe”, 40% reported feeling “somewhat safe”, and
20% reported feeling “very safe”.

To test whether the effect of fear of crime on policy preference were conditional on indi-
vidual’s socioeconomic position, I included an interaction term in all models. Self-reported
fragile assessment of household income, as individuals have incentives to report inaccurate
values (given that incomes in middle- and low- income countries are often volatile) or to
refuse to answer the question. LAPOP measures individual income using a survey item in
which a card is shown to respondents who indicate the range that contains their household
monthly income. I converted income bands into their midpoints.® Item non-response rate was
11,6% and missing income values were treated using multiple imputation. The only variable
imputed was income. The approach consisted in assigning values for missing cells following a

probabilistic mechanism and generating 5 imputed datasets. The final quantities of interest

5The exact question is: “Into which of the following ranges does the total monthly income of this household
fit, including remittances from abroad and the income of all the working adults and children?”

19



are obtained by combining estimates from each of the 5 individual datasets (Rubin, 1996).
To better predict missing income, I measured and included a relative wealth index using
principal component analysis of household assets collected by LAPOP in the imputation
model (Cérdova, 2009). The variable relative income is measured as the difference between
individual income and the country-year mean income in each wave. Following the method-
ology used by Rueda and Stegmueller (2016), I imputed the highest categories by assuming

7 To ensure that individual incomes are

that the follow a pre-specified Pareto distribution.
comparable across countries, I converted them to PPP-adjusted 2017 U.S. dollars using data

from The World Wealth and Income Database (WID.world) (Blanchet, 2017).

To account for variation in levels of exposure to inequality I calculate a Gini index at
the region level. Given the sampling design of the LAPOP, I used the indicator of primary
sampling units to represent country’s regions. Following the procedure used by Rueda and
Stegmueller (2016), I used the measure of relative income in the imputed individual-level

data to calculate the Gini index.®

I included standard demographic controls, such as respondents’ gender, age, years of
education, religious affiliation, and ethnicity. I also added a measure of municipal magnitude
(whether the respondent lived in a rural area (1), a small city (2), a medium city (3), a large
city (4), or a capital city (5)). Table Al in the appendix presents descriptive statistics for
the variables included in the analyses. To control for country differences, I included national
homicide rates (based on Muggah and Tobén (2018)), unemployment rate from the ILOSTAT

database, and GDP per capita from World Bank national accounts data.

3.1 Models and Estimation

Estimating the impact of fear of crime on policy preferences using OLS models without taking
into account the presence of unobserved confounders determining both variables would yield
biased estimates. To provide more valid estimates it is necessary to refine the analysis ad-
dressing endogeneity problems. Though acknowledging that it is not a conclusive solution to

endogeneity issues, the recursive (simultaneous) bivariate ordered probit model (Greene and

"For details of this procedure see Hout (2004) and Kopczuk et al. (2010).

8The calculation was done using fastgini package in Stata (Karagiannis and Kovacevic’, 2000). To account
for measurement error in this measure, I performed an overimputation procedure, in which measurement error
is treated as a kind of missing data and five overimputed datasets of regional Gini measures are drawn from
a prespecified distribution using Amelia IT package in R to deal with the uncertainty of the original Gini
calculations (Honaker et al., 2011; Blackwell et al., 2017).
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Hensher, 2010) takes into account the presence of unobserved confounders when estimating

the effect of interest. I use the following model specification:

F! = pi(v; = 0) + 61X + €ic (1)

R; = M F; 4+ Mo F;(v; —0) + B2(v; — U) 4 02X9;; + €ir (2)

where R} and F} are the latent construct of redistributive preferences and fear of crime
of individual 7. Relative income (the difference between an individual’s income and country-
year average income) of individual ¢ is represented by (v; —7) and the vectors X;;; and Xy;;
contains individual-, regional-, and national-level controls. The direct effect of fear of crime
on redistribution preferences is captured by A; and Ag in equation (2). The latter parameter
also represents the interaction between fear of crime and relative income. In the second
equation, fear of crime is included as an observed explanatory variable. The main effect of
relative income on preferences for redistribution is captured by . Equation (1) includes
main effect of relative income ;. The same empirical setup is used to estimate the effect of

fear of crime on punitive preferences and on anti-crime policy preferences.

The underlying concept of recursive bivariate probit model is that we may often want to
jointly estimate two equations with linkages among their error processes (Roodman, 2011).
In this specification, error terms ¢;c and ¢z are assumed to be drawn from a standard
bivariate normal distribution with zero means and correlation coefficient p, which captures
the correlation of unobservables between both equations that are not due to the direct effect
of fear and to be independent of explanatory variables. The model is labelled as recursive
because it allows fear of crime F;* to influence redistributive preferences R; but not the
opposite. The recursive bivariate probit model is increasingly adopted in different fields
of research (Coban, 2017; Hauk et al., 2017; Rueda and Stegmueller, 2016; Deadman and
MacDonald, 2004).

Identification using recursive bivariate probit models is a contended topic (see Li et al.
(2019). While some authors have maintained that the full rank condition of the covariate
matrix is enough for parameter identification (Maddala, 1983; Wilde, 2000), others have
pointed out the need to use an instrument (Jones and O’Donnell, 2002; Mourifié and Méango,
2014) to rule out endogeneity concerns. Therefore, a reliable parameter identification would
only be possible only if at least one exogenous variable which is significantly related with
fear of crime but independent of redistributive preferences is included in equation (1). To

satisfy this assumption, I include actual victimization, a variable that indicate whether the
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respondent has been a victim of crime in the last 12 months.? T assume, thus, that the effect of
victimization on demand for redistribution is channeled only through concerns about future
victimization. Following the estimation procedure in Rueda and Stegmueller (2016), models
were estimated jointly by maximum likelihood (Butler and Chatterjee, 1997). Standard
errors were clustered at region level. In order to account for within-region and within-country
error correlations I use a nonparametric bootstrapping strategy, which consisted in randomly

resampling region and countries to produce more conservative standard errors.

4 Results

To gain a more intuitive understanding of the role of fear of crime in predicting support for
redistribution and punitive policies, I focus on quantities of interest and calculate both pre-
dicted probabilities and marginal effects of perceptions of insecurity conditional on income
distance. Average predicted probabilities and marginal effects are calculated holding each of
other independent variables at their observed values for each observation in the data and av-
eraging the calculations over all cases to obtain final estimates (see Hanmer and Ozan Kalkan
(2013) for the advantages of this approach). Full tables with maximum likelihood coefficient
estimates and standard errors are presented in the Appendix. In this section, I define sup-
port for redistribution and support for punishment as a response of “strongly agree” with

the questions on redistribution and punishment.

Beginning with the first model concerning support for redistribution, the results reveal
that, as hypothesized, an increase in fear of crime is associated with a significant increase
in support for redistribution (5 = 0.208, SE = 0.024, p < 0.001). As expected, interaction
of relative income and fear of crime are not statistically significant, indicating that fearful
citizens are more supportive of redistribution regardless of their relative income, contradicting

previous findings by Rueda and Stegmueller (2016). In table 3, I categorize as rich and poor

9Victimization in the sample was 20.9 per cent.

Table 3. Marginal Effects of Fear of Crime
(a) Support for Redistribution (b) Support for Punishment

Est.  S.E. 95% CI Est.  S.E. 95% CI
Poor 0.055 0.009 [0.038, 0.073] | Poor 0.098 0.014 [0.071, 0.125]
Rich 0.059 0.009 [0.041, 0.076] | Rich 0.103 0.013 [0.077, 0.129]

Average marginal effects calculated via discrete probability difference

Income
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Figure 1. Probability of Support for Social Policies to Reduce Crime by Levels of Fear of Crime (with 90%
Confidence Intervals)
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those individuals at the 90th and 10th percentiles of income distribution and present average
marginal effects conditional on relative income. Among fearful individuals, the probability
of strongly supporting redistribution remains at similar levels regardless of whether they are
poor or rich. The results confirm my theoretical expectations provided in hypothesis 1, as

the positive effect of fear of crime is not contingent on relative income.

I test the robustness of this result to alternative measures of fear of crime and redistribu-
tive preferences. I run the same model considering redistributive preferences as indicated
by respondents’ level of agreement with the following statement: “government, more than
individuals, should be primarily responsible for ensuring the well-being of the people”. As
an alternative measure of fear of crime, I rely on 2012 LAPOP survey items which prompted
respondents to report the impact of fear of crime on their routines. Specifically, it asked
whether out of fear of crime they had felt the need to move to a different neighborhood, or if
they had changed their job, or if they changed their behavior (i.e. limited the places where
they go to shop and for recreation). To test whether measuring fear of crime in a different
manner would change my conclusion, I constructed a dichotomous variable which was coded
1 for positive answers in any of the previous item and 0 otherwise. The estimates presented in
table A.3 and table A.4 in the appendix show that my findings remain valid when either the

dependent variable or the main explanatory variable are assessed using different procedures.

Turning to the effects of fear of crime on support for increasing punishment of criminals, I
find a positive and statistically significant effect (5 = 0.284, SE = 0.045, p < 0.001). Height-
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Figure 2. Probability of Support for Social Policies to Reduce Crime by Relative Income (with 90% Confidence
Intervals)
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ened perceptions of neighborhood insecurity make individuals more prone to support more
repression against criminals. Again, interaction with relative income was not statistically
significant (5 = 0.096, SE = 0.095, p = 0.3). Full estimates are presented in table A.5 in the
Appendix. Average marginal effects for rich and poor individuals and their respective stan-
dard errors and 95% confidence bounds are presented in panel (b) of table 3. The marginal
effect of fear of crime on support for increasing punishment of criminals is positive, statisti-
cally significant, and similar for both rich and poor respondents. Therefore, hypothesis 2 is

supported.

I have argued that when forced to choose between a coercive and a non-coercive ap-
proach to reduce crime, fearful individuals would tend to favor the first. Thus, I estimate
a simultaneous bivariate probit model linking fear of crime to policy preferences, expecting
that heightened perceptions of insecurity would have a negative effect on the probability
of supporting a redistributive approach. The estimates presented in table A.6 in the ap-
pendix indicate, as expected, a negative effect, but they do not to reach conventional levels
of statistical significance (8 = -0.024, SE = 0.078, p = 0.7). As figure 1 depicts, average
predicted probabilities of supporting provision of economic opportunities and education to
reduce crimes are almost indistinguishable across levels of self-reported fear of crime. Hence,

hypothesis 3 is not supported.
Meanwhile, I found a positive effect of relative income ( = 0.719, SE = 0.258, p | 0.05),

a relationship that was not theoretically anticipated. Interestingly, the rich are more prone
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to support progressive social policies to reduce criminal violence. Figure 2 displays average
predicted probabilities (and 90% confidence intervals) of favoring non-repressive measures
against crime by mean-centered income distances (which range from $1018 (in 2017 PPP-
corrected dollars) to $4612 above the mean in the 2016 sample). The results provide a clear
picture of the positive effect of relative income, a relationship which deserves more careful

investigation in future works.

5 Discussion and Conclusion

Epidemic levels of criminal violence in Latin America has cast in stark relief the need to study
its behavioral and political consequences. To date, scholars have limited their attention to
the reverberations of crime in terms of institutional trust, voting behavior, and support for
democracy. When it comes to the effects of violence on policy preferences, the literature has
narrowly analyzed the impact on demand for more repression. While undoubtedly crucial to
our understanding of public opinion on public security policies in high-crime contexts, this

one-sided analysis ignores that this is far from being the only policy option to reduce crime.

My central contribution in this dissertation is to provide some evidence that individual’s
perception of insecurity influences policy attitudes. I demonstrate that heightened levels of
insecurity perception positively impact demand for redistribution and for increasing repres-
sion against law-offenders. Meanwhile, my analysis of which kind of policies are preferred
when citizens are asked to choose either provision of social welfare or increasing punishment as
contrasting alternatives to reduce crime is inconclusive, as the estimates are not statistically

significant.

5.1 Limitations

The findings presented in this dissertation should be interpreted with caution, as there are
important threats to causal inference which were not addressed. First, the analysis does not
rule out the issue of reverse causality between policy preferences and fear of crime as pre-
treatment measures of policy preferences in cross-sectional survey data are lacking. While
crime victimization is included as an instrument to increase robustness of results, victimiza-
tion is not randomly assigned, and concerns about self-selection are not negligible, as fearful

individuals might adopt unobserved precautionary behavior that decreases the likelihood of
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being a victim of crime. Moreover, different kinds of crime beget different levels of insecurity

perception and serial victimization should be considered.

Second, the sample used in the analysis is highly heterogeneous, and different local levels
of social welfare policies, criminal violence and deployment of repression against criminals
might influence policy preferences. For instance, if social welfare spending is high and citizens
perceive it as being ineffective to reduce crime in their neighborhood, they might be more
prone support different policies. Meanwhile, citizens living in neighborhood highly affected by
violence might be more willing to support short-term oriented policies. Thus, further analysis
should take into account those contextual factors. One way to deal with this problem is to

focus on more homogeneous and comparable settings.

Third, LAPOP measures income as a self-reported survey item in which individuals have
incentives to misreport their true income. Moreover, it is likely that LAPOP fails to reach
countries’ poorest and richest segments. Urban deprivation is likely to be more severe in dan-
gerous areas not represented in the sample, while the elite tend to live in highly protected
areas where is difficult to conduct public opinion surveys, specially in violent contexts. There-
fore, the sample is not representative of the extremes of income distribution: the very poor,
who are most severely affected by criminal violence and might be affected by hard-line control
strategies (due to vulnerability to be caught in the crossfire of victim of police abusive behav-
ior or to be victim of abusive policing) and the very rich, whose opinions are more likely to
influence mass opinion and policy choices. To overcome the problem of income non-response
I used a multiple imputation strategy to avoid listwise deletion of missing values, which are
likely to produce biased estimates (King et al., 2001). Meanwhile, this exercise should be
cross-validated using external data sources, specially household surveys which provide fine-
grained income data. For instance, Rueda and Stegmueller (2016) compared their imputed
dataset of incomes from the European Social Survey to the EU Statistics on Income and
Living Conditions (EU-SILC) and the German Socio-Economic Panel (GSOEP). The same
exercise must be done in further analysis to test the accuracy of the imputed measures of

household income.

5.2 Future Directions

Fine-grained assessment of the causal effect of fear of crime on policy preferences must over-
come two empirical challenges. On the one hand, the lack of more nuanced and reliable

measures of policy preferences, fear of crime, socioeconomic measures, and contextual vari-
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ables (specially crime data). On the other hand, endogeneity concerns.

Measuring fear of crime relying on single-item question is likely to misrepresent its multi-
dimensionality. Fear of crime is a latent construct that can be manifested as diverse compo-
nents, such as the frequency of worry about becoming a victim, perceptions of likelihood of
falling victim of a crime, perceptions of control over the possibility of becoming a victim, and
perceptions of the seriousness of the consequences of each crime. Moreover, different kinds
of crime might induce different reactions with different behavioral consequences. In future
works, I aim to draw on existing attempts to provide more reliable and valid measures of fear
of crime, thus providing a more broad assessment and avoiding problems of measurement
error (Reyes-Sosa and Molina-Coloma, 2018; Jackson, 2005; Gray et al., 2008).

Measurement of preferences for redistribution also requires some methodological precau-
tion. The literature often does not explicitly acknowledge the redistributive attitudes are
not unidimensional. As Cavaillé and Trump (2015) show, different survey items might point
out two different rationales for supporting redistribution: first, willingness to contribute to
improve the welfare of the poor; second, self-oriented concerns about being benefited or not
by redistributive policies. This difference is relevant to this dissertation, as the dependent
variable used does not prompt respondents to conceive redistribution as giving to the poor.
Therefore, it is impossible to distinguish support for redistribution as driven by materialist
instrumental reasons or by awareness of crime as a negative side effect of inequality. Fur-
ther surveys should include a larger number of items, for instance, questions which explicitly
mention redistribution as an instrument to reduce crime, or questions measuring support for

government-funded social policies targeted to the poor.

Gauging anti-crime policy preferences as a self-reported forced choice is also likely to be
misleading. Public policies involve allocating resources to different areas and the existence of
a repressive policy does not preclude the existence of social welfare policies. Gingerich et al.
(2019) use an alternative approach, which takes into account budgetary constrains by asking
respondents to assign a fixed amount of resource to four different anti-crime policies. This
operationalization is more interesting than self-reported binary choices because it allows
to measure the relative allocation, which represents the strength of support for a given
policy when compared to their alternatives. Meanwhile, as any stated preference measure,
this strategy is still vulnerable to well-known problems such as social desirability bias and
demand effects. Though challenging, a methodology to assess individuals’ revealed preference
instead of stated preferences would mitigate those concerns (see Bursztyn et al. (2014) for

an example).
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Estimating the causal effect of fear of crime on policy preferences is difficult once neither
fear of crime nor prior crime victimization are randomly assigned. Randomization of crime
victimization is not feasible for obvious reason. Using individual-level panel is one possible
empirical strategy to assess whether policy preferences change after a negative shock such
as crime victimization. Longitudinal analysis allows to control for pre-treatment covariates,
to exclude serial victims and to examine attitudinal change by measuring and controlling
for pre-treatment measures of the outcome. Moreover, a well-designed panel study may
reduce sensitivity to hidden bias by focusing on collecting data in homogeneous settings.
Matching strategies might also be applied to enhance comparability of treatment and control
groups. More important, panel data can be used to test if the effect of past exposure to
crime affects policy preferences through its impact on insecurity perceptions. Meanwhile,
this design has some shortcomings. First, attributing changes in preferences to a negative
event that happened between data collection requires strong assumptions. Second, attrition
(i.e. individuals dropping the survey) can occur for unobserved reasons which menace both
internal and external validity of the studies. Third, collecting longitudinal data is costly and

poses serious practical challenges.

Another strategy of paramount importance is the experimental approach, in which ran-
dom assignment is pivotal. A well-designed experimental manipulation can ensure that results
are not driven by unobserved confounding variables and that the estimates can be interpret
as the causal effect of interest. However, randomly assigning individuals to treatment and
control groups does not automatically guarantees that they are comparable. A potential
solution is to use a block randomization strategy, in which allocation to treatment or control
condition occur within blocks (stratas) defined by pre-treatment covariates, such as prior ex-
periences with crime, political ideology, political awareness, issue salience, and demographic
variables. Manipulation of fear of crime is not straightforward and there is no prototypical
examples of experimental manipulation of crime-related insecurity perceptions in the liter-
ature. One possibility is to explore the role negative affects in forming risk perceptions.
Sobkow et al. (2016) demonstrate that randomly assigning individuals to think about the
negative consequences of risky activities lead to higher perceived risk, and that the effect is
driven by affect-laden mental imagery. Another possibility is randomly exposing individuals
to threatening news stories with emotionally evocative images as done by Gadarian (2010),
who studied the role of the information environment in shaping support for aggressive policies
against terrorism. This strategy has the advantage of resembling the way individuals usually

get exposed to crime-related issues in the media.
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Not only experimental methods enable to generate an unbiased estimate of the effect
of fear of crime, but also it enable to measure heterogeneous treatment effects, elucidating
whether the effect of fear of crime is accentuate or attenuate by some moderating variables.
In future work I aim to test the proposition that individuals’ beliefs about causal determi-
nants of criminal behavior shape the effect of fear of crime on individuals’ policy preferences.
People have a far-reaching tendency to make causal attributions for the actions of others. The
long-established Attribution Theory first outlined by Heider (1944, 1958) posits that humans
follow two broad perspectives when making causal judgments and inferences: a dispositional
perspective, which focus on stable personal characteristics and traits as key drivers of behav-
ior; or a situational perspective, which emphasizes social context as the main determinants of
human behavior. Therefore, individuals who rely on a dispositional logic tend to see offend-
ers as autonomous individuals who are responsible for their actions and should be severely
punished for their individual choice to engage in unlawful behavior, while those who have a
situational attributional style explain criminal behavior as a consequence of social injustices
and tend to prefer policies aimed at reducing the root causes of crime and rehabilitating of-
fenders. The fundamental attribution error, also known as correspondence bias, refers to the
human tendency to overemphasize dispositional factors and ignore situational factors when
evaluating others’ behavior (Ross et al., 1977; Gilbert and Malone, 1995). Though existing
evidence shows the positive link between dispositional attribution style and punitiveness,
studies narrowly focus on the impact of attributions on criminal sanctioning issues, rather
than on anti-crime policy preferences, and exclusively rely on cross-sectional designs (Sims,
2003; Cullen et al., 1985). In brief, I intend to assess whether fearful individuals favor puni-
tive approach when they see criminals as the architects of their own fate, and whether they
support a social welfare approach when they attribute criminal behavior to external social

forces.

5.3 Implications for Understanding Criminal Violence in Latin

America

Although this dissertation does not provide unambiguous findings, it highlights the impor-
tance of incorporating citizens’ reaction to crime as a powerful political motive, specially
in societies plagued by criminal violence. Scholars dedicated to the examination of Latin
American political and social issues should not neglect crime as a powerful contextual force

capable of shaping public opinion and, more broadly, state-society relations.
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The study of policy preferences in societies severely affected by criminal violence can offer
relevant insights to illuminate our understanding of governments’ response to crime in the
midst of public security crisis. Assuming that widespread crime increase aggregate levels of
insecurity perceptions, and that fearful individuals tend to prefer punitive policies, politicians
in crime-ridden areas might be induced to deploy tough-on-crime measures to please their
voters’ punitive sentiment, as policy choices in competitive political environments are influ-
enced by the public’s demands. Those strategies often fail to achieve the outcome desired by
citizens, and may actually increase violence (Novaes, 2018). As suggested by Carreras and
Visconti (2019), politicians who endorse those policies are not punished for their poor per-
formance when they are perceived to be more prepared to combat crime than the opposition,
which might be regarded as being too lenient with criminals. Therefore, they might double
down on their repressive approach against criminals, particularly if fearful individuals are
more vulnerable to be persuaded (see Lupia and Menning (2009)). In brief, the continuing
appeal of punitiveness in a context of pervasive violence might create a reinforcing equilib-
rium, in which governments adopt suboptimal policies at the expense of more innovative

public policies, yielding a vicious cycle of criminal violence.

If my work central contribution is to show that fear of crime matters for individuals’ policy
attitudes, future investigations should engage in the development of full-fledged theories
of the political economy of criminal violence. I have focused here on the “demand” side
of public security policies. More work needs to be done to address the “supply” side, by
assessing what factors shape governments’ policy choices. In addition, future studies should
investigate the causal relationship of public opinion and policy choice, testing the direction of
the causality, and theorizing on the role of criminal violence as a contextual force influencing

this relationship.
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A Appendix

Table Al. Descriptive Statistics

Listwise Multiple Imputation
Mean  SD Mean SD
Income [1,000 USD] 0.82 0.91 0.86 0.89
Age 39.59 16.13 39.59 16.13
Education 9.36  4.50 0.52 0.25
Regional gini 0.42  0.05 0.42 0.05
Unemployed 0.07  0.25 0.07 0.25
No religion 0.10 0.3 0.10 0.30
Catholic 0.65 0.48 0.65 0.48
Protestant 0.20  0.40 0.20 0.40
Ethinicity (non-white)  0.71  0.45 0.45 0.45
Female 0.51  0.50 0.51 0.50
Fear 2.31  0.93 2.31 0.93
Crime victimization 0.21  0.40 0.21 0.40
Size

Rural 28.4% 28.4%

Small 13.8% 13.8%

Medium 16.9% 16.9%

Big 18.2% 18.2%

Capital 22.7% 22.7%
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Table A2. Income distance, regional inequality, and demand for redistribution
(maximum likelihood estimates with bootstrapped standard errors)

Equation: Fear of Crime Estimates  SE 95% CI
Crime victim 0.426 0.008 0.408 0.443
Income distance -0.549 0.039 -0.628 -0.472
Regional inequality (Gini) 0.375 0.136  0.108 0.642
Age -0.001 0.001 -0.001 -0.000
Female 0.125 0.006 0.113 0.138
Ethnicity (non-white) 0.027 0.009  0.009 0.045
Education -0.008 0.016 -0.040 0.024
Size of the city 0.090 0.004 0.083 0.097
Unemployed 0.054 0.012  0.029 0.078
No religion -0.054 0.017 -0.087 -0.021
Catholic -0.037  0.015 -0.066 -0.008
Protestant -0.045 0.016 -0.076 -0.014
GDP per capita (country-level) 0.043 0.013 0.017 0.069
Unemployment rate (country-level) -0.016 0.003 -0.022 -0.010

Equation: Redistribution
Income distance -0.168 0.107 -0.379 0.044
Fear of crime 0.208 0.024 0.162 0.255
Income distance x Fear of crime 0.053 0.043 -0.033 0.139
Regional inequality (Gini) 0.236 0.154 -0.069 0.541
Age 0.001 0.000  0.000 0.001
Female -0.030 0.006 -0.042 -0.018
Ethnicity (non-white) 0.027 0.009  0.008 0.046
Education 0.050 0.017 0.017 0.083
Size of the city -0.020 0.004 -0.029 -0.011
Unemployed -0.001 0.013 -0.027 0.024
No religion 0.130 0.018 0.094 0.166
Catholic 0.046 0.016 0.014 0.079
Protestant 0.071 0.017 0.038 0.104
GDP per capita (country-level) 0.076 0.017 0.043 0.109
Unemployment rate (country-level) 0.052 0.003 0.046 0.059
N = 127,351
Error correlation = -0.242 p < 0.001
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Table A3. Robustness Test. Maximum likelihood estimates with

bootstrapped standard errors.

Equation: Fear of Crime Estimates  SE 95% CI
Crime victim 0.441 0.125  0.416 0.465
Income distance -0.635 0.062 -0.758  -0.513
Regional inequality (Gini) -0.647 0.188 -1.016 -0.278
Age -0.001 0.001  -0.001  0.001
Female 0.112 0.006  0.113 0.138
Ethnicity (non-white) 0.032 0.009  0.009 0.045
Education 0.025 0.023 -0.019  0.069
Size of the city 0.133 0.004 0.124 0.142
Unemployed 0.047 0.018 0.010 0.082
No religion 0.001 0.024 -0.046  0.047
Catholic -0.023 0.021 -0.064  0.018
Protestant -0.041 0.022 -0.085  0.002
GDP per capita (country-level) -0.027 0.022 -0.071  0.015
Unemployment rate (country-level) -0.021 0.004 -0.028 -0.013
Equation: Support for Welfare Provision
Income distance -0.325 0.127  -0.574  -0.075
Fear of crime 0.255 0.031  0.195 0.317
Income distance x Fear of crime 0.127 0.050  0.028 0.226
Regional inequality (Gini) 0.240 0.230 -0.214  0.695
Age 0.003 0.001  0.002 0.003
Female -0.050 0.008 -0.066  -0.035
Ethnicity (non-white) 0.027 0.013 -0.050 -0.001
Education 0.015 0.024 -0.031 0.062
Size of the city -0.049 0.006 -0.063 -0.036
Unemployed -0.007 0.018 -0.043  0.029
No religion 0.151 0.027  0.097 0.204
Catholic 0.057 0.023  0.012 0.103
Protestant 0.109 0.026  0.057 0.161
GDP per capita (country-level) 0.060 0.028  0.006 0.114
Unemployment rate (country-level) 0.040 0.005  0.031 0.050
N = 78,160
Error correlation = 0.242 p 0.001
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Table A4. Robustness Test. Alternative Measure of Fear of Crime.
Maximum likelihood estimates with bootstrapped standard errors.

Equation: Fear of Crime Estimates  SE 95% CI
Crime victim 0.672 0.021 0.630 0.714
Income distance -0.010 0.165 -0.343 0.323
Regional inequality (Gini) 1.783 0.375 1.047 2.519
Age 0.002 0.001  0.001 0.003
Female 0.088 0.016 0.056 0.121
Ethnicity (non-white) 0.129 0.022 0.084 0.174
Education 0.330 0.043 0.245 0.415
Size of the city 0.095 0.009 0.077 0.114
Unemployed 0.039 0.035 -0.029 0.109
No religion 0.081 0.046 -0.010 0.172
Catholic 0.038 0.040 -0.040 0.118
Protestant 0.051 0.042 -0.030 0.132
GDP per capita (country-level) -0.324 0.044 -0.409 -0.237
Unemployment rate (country-level) 0.002 0.009 -0.017 0.021
Equation: Redistribution
Income distance -0.299 0.177 -0.647 0.049
Fear of crime 0.237 0.077 0.085 0.388
Income distance x Fear of crime 0.359 0.212 -0.057 0.776
Regional inequality (Gini) 1.209 0.310 0.599 1.819
Age 0.001 0.001 -0.001 0.002
Female -0.019 0.014 -0.047 0.008
Ethnicity (non-white) -0.003 0.021 -0.045 0.039
Education -0.081 0.044 -0.169 0.005
Size of the city -0.036 0.010 -0.055 -0.016
Unemployed 0.054 0.033 -0.012 0.119
No religion 0.187 0.046 0.097 0.277
Catholic 0.094 0.038 0.019 0.169
Protestant 0.151 0.039 0.074 0.228
GDP per capita (country-level) 0.256 0.045 0.167 0.346
Unemployment rate (country-level) 0.016 0.009 -0.003 0.035
N = 26,297
Error correlation = -0.106 p = 0.021
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Table A5. Income distance, regional inequality, and support for increasing punishment
of criminals (maximum likelihood estimates with bootstrapped standard errors)

Equation: Fear of Crime Estimates  SE 95% CI
Crime victim 0.491 0.019  0.453 0.530
Income distance -0.620 0.098 -0.815 -0.427
Regional inequality (Gini) 0.422 0.275 -0.117 0.962
Age 0.001 0.001  0.001 0.002
Female 0.170 0.016  0.139 0.201
Ethnicity (non-white) 0.095 0.023  0.050 0.141
Education -0.055 0.041 -0.134 0.024
Size of the city 0.073 0.008  0.058 0.090
Unemployed 0.074 0.025  0.025 0.124
No religion -0.010 0.039 -0.086 0.065
Catholic -0.001 0.026 -0.051 0.049
Protestant -0.047 0.029 -0.104 0.009
GDP per capita (country-level) 0.039 0.031  0.001 0.028
Unemployment rate (country-level) 0.015 0.007  0.453 0.530

Equation: Support for Increasing Punishment
Income distance -0.250 0.229 -0.379 0.044
Fear of crime 0.285 0.045 0.162 0.255
Income distance x Fear of crime 0.096 0.095 -0.033 0.139
Regional inequality (Gini) -0.289  0.236 -0.754~ 0.175
Age -0.005 0.000  -0.006 -0.004
Female -0.007 0.017 -0.042 0.027
Ethnicity (non-white) -0.035  0.023 -0.079 0.011
Education -0.149 0.043 -0.235 -0.064
Size of the city -0.027 0.007 -0.041 -0.013
Unemployed -0.005 0.025 -0.056 0.045
No religion -0.018 0.044 -0.105 0.069
Catholic 0.147 0.032  0.083 0.212
Protestant 0.112 0.033  0.047 0.178
GDP per capita (country-level) 0.045 0.026 -0.007 0.096
Unemployment rate (country-level) — -0.005  0.006 -0.018 0.007
N = 20,051
Error correlation = -0.260 p 0.001

49



Table A6. Income distance, regional inequality, and Policy Preferences
(maximum likelihood estimates with bootstrapped standard errors)

Equation: Fear of Crime Estimates  SE 95% CI
Crime victim 0.491 0.039 0.413  0.569
Income distance -0.633 0.292 -1.205 -0.059
Regional inequality (Gini) -0.227 0432 -1.074 0.619
Age 0.004 0.001 0.001  0.006
Female 0.134 0.035 0.065 0.203
Ethnicity (non-white) 0.044 0.049 -0.052 0.140
Education -0.477  0.099 -0.671 -0.283
Size of the city 0.068 0.016  0.037  0.099
Unemployed 0.134 0.050 0.036  0.233
No religion 0.089 0.092 -0.090 0.269
Catholic -0.019 0.061 -0.139 0.102
Protestant 0.006 0.060 -0.113 -0.124
GDP per capita (country-level) -0.441  0.072 -0.584 -0.298
Unemployment rate (country-level) 0.147 0.017 0.113  0.181

Equation: Support for Non-Repressive Policies
Income distance 0.719 0.258 0.213  1.225
Fear of crime 0.051 0.223 -0.386  0.489
Regional inequality (Gini) -0.449 0.439 -1.311 0.412
Age 0.010 0.001 0.007 0.012
Female -0.010 0.033 -0.007  0.055
Ethnicity (non-white) 0.124 0.043 0.038 0.210
Education 1.047 0.077 0.895 1.198
Size of the city -0.028 0.014 -0.057 0.001
Unemployed 0.001 0.047 -0.092 0.093
No religion -0.006 0.072 -0.147 0.135
Catholic -0.021 0.054 -0.127 0.084
Protestant 0.018 0.058 -0.095 0.132
GDP per capita (country-level) -0.059 0.064 -0.184 0.067
Unemployment rate (country-level)  -0.016 ~ 0.017 -0.049 0.019

N = 6,703
Error correlation = -0.169 p = 0.212
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