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“I can handle hunger, but save me from the curse of abundance.”

(Aphorism historically attributed to Malik-Shah I, who reigned as Sultan

of the Great Seljuk Empire from 1072 to 1092.)
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Abstract

This study investigates the recent oil boom in Guyana and its political ramifications. It

questions whether the 2015 oil discovery had any effect on the country’s short-term demo-

cratic governance, thereby addressing a gap in the natural resource literature regarding

the relationship between oil wealth and democracy, a relation that, while well-documented

in the long term, remains ambiguous in the short term. To effectively isolate the impact

of the discovery and ensure a precise estimation of the oil discovery effect, I employ the

Synthetic Control Method (SCM) to construct a counterfactual trajectory for Guyana’s

Liberal Democracy Index (LDI) ranging the period from 2006 to 2023. The analysis re-

veals that the oil discovery reduced Guyana’s LDI by 0.124 points, representing a decline

of approximately 28% relative to the counterfactual scenario. This result was validated

through placebo studies, indicating that the effect observed in Guyana is non-trivial and

cannot be attributed to mere mathematical coincidence.

Keywords: Guyana, Resource Curse, Synthetic Control Method, Oil Discovery, Democ-

racy.
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1 Introduction

Guyana has registered annual GDP growth above every other country in the world

since 2022. The country’s growth has exceeded double digits recurrently: a 63% increase

in 2022, 34% in 2023, and 43% in 20241. According to the International Monetary Fund

(IMF), this pace is expected to remain strong, with a forecast to grow at an average

annual rate of 14% over the next five years2.

The reason behind this growth: the discovery of significant oil reserves in Guyana’s

offshore territory. In 2015, ExxonMobil announced the discovery of significant quantities

of oil in the Stabroek Block, 120 miles off the coast of Guyana in the North Atlantic

Ocean3. In the following years, ExxonMobil announced several other oil discoveries in the

same Stabroek Block, with the expectation that recoverable oil will exceed eight billion

barrels4. These recent discoveries have placed Guyana among the top 20 countries with

the largest proven oil reserves5.

At the same time, Guyana’s democratic governance has shifted its course. Al-

though Guyana has never been a role model for democracy, it was showing a positive

trend according to political regime indicators in the periods preceding the discovery of

oil6. The country experienced an alternation of power and competitive elections in 2015,

which made it appear that the country was on a path toward good governance and democ-

racy consolidation. However, less than a decade after the oil discovery, Guyana’s most

reliable democracy indices look more like those of countries whose political environments

are marked by suspicions of fraud and incumbents bypassing constitutional norms (e.g.,

Honduras and Bolivia)7.

Before investigating Guyana’s democratic decay, it is necessary to delve into its re-

cent political history. Guyana’s first constitutional elections occurred in 1992, supervised

by US authorities8. The party elected in 1992, the People’s Progressive Party (PPP), re-

mained in power until 2015, when the party coalition between A Partnership for National

Unity and Alliance for Change (APNU-AFC) won the election, securing 33 of the 65 seats

1See Guyana’s recent performance in the “GDP growth (annual %)” database compiled by the World
Bank. Available at: https://data.worldbank.org/indicator/NY.GDP.MKTP.KD.ZG

2International Monetary Fund. 2025. “IMF Executive Board Concludes 2025 Article IV Consultation
with Guyana.” May 7, 2025. Accessed November 01, 2025.

3ExxonMobil. 2015. “ExxonMobil Announces Significant Oil Discovery Offshore Guyana.” May 20,
2015. Accessed November 01, 2025.

4ExxonMobil. n.d. “Guyana Project Overview.” ExxonMobil in Guyana. Accessed November 01,
2025.

5Long, Gideon. 2023. “Guyana Scrambles to Make the Most of Oil Wealth.” BBC News, September
10, 2023. Accessed November 02, 2025.

6See Guyana’s pre-2015 positive trend among V-Dem High Level Democracy Indices in V-Dem most
recent dataset. Download available at: https://v-dem.net/data/the-v-dem-dataset/

7See Guyana Liberal Democracy Index (LDI) compared to other countries in the world map. Available
at: https://ourworldindata.org/grapher/liberal-democracy-index

8Carter, Jimmy. 2020. “Remembering Guyana’s 1992 Elections.” Guyana, USA. August 12, 2020.
Accessed November 01, 2025.
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in the National Assembly9.

This signified not only an alternation of power but also an alternation in the domi-

nant ethnic group. Guyana, whose demography is divided between Indo-Guyanese (39.8%

of the total population), who are descendants of indentured laborers from India, and Afro-

Guyanese (29.3%)10, who are descendants of enslaved people brought from Africa, had

always been governed by the PPP, which is linked to the Indo-Guyanese elite. The 2015

victory by the APNU-AFC marked a new chapter in Guyana’s political history, repre-

senting the political ascent of the Afro-Guyanese.

Political clashes between the two parties gained notoriety post-2015 elections, and

topics of mutual agreement between the APNU-AFC and the PPP started to be the

exception rather than the rule11. Between late 2018 and early 2019, members of the op-

position (affiliated with the PPP) introduced a motion for a no-confidence vote which, in

practice, would force the government to hold general elections within 90 days. The reason

for the vote was the terms under which the government granted an offshore oil explo-

ration license12. During the vote on the motion, a pro-government legislator, Charrandas

Persaud, defected and voted in favor of the motion. As a result, the government lost the

vote 33 to 32, and the motion passed13. The incumbent party, APNU-AFC, even tried

to appeal to the Caribbean Court of Justice (CCJ), questioning the validity of Persaud’s

vote, but without success14. Guyana would face new and exceptional elections.

The elections did not occur until March 2020, almost a year after the no-confidence

vote. By that point, the clash between APNU-AFC and the PPP was escalating and

becoming more explicit15. The opposition (PPP) accused the ruling APNU-AFC coalition

of having signed unfavorable and unbalanced agreements with oil companies16. In turn,

the APNU-AFC accused the PPP of corruption during its long period in power17. This

9See page 50 of The Carter Center report for the 2015 election in Guyana. Avail-
able at: https://www.cartercenter.org/resources/pdfs/news/peace_publications/election_

reports/guyana-2015-final-statement-051717.pdf
10Richardson, Bonham C., and Jack K. Menke. 2025. “Guyana.” Encyclopædia Britannica. Accessed

November 01, 2025.
11Probably, the most relevant exception is consensus among the Natural Resource Fund Act of 2019.

See section 6 of the 2025 Investments Climate Statements. Available at: https://www.state.gov/

reports/2025-investment-climate-statements/guyana
12Cahill, Ben. 2020. “Guyana: Oil, Politics, and Great Expectations.” Center for Strategic and

International Studies (CSIS). August 3, 2020.
13Krauss, Clifford. 2018. “Guyana’s Government Falls in No-Confidence Vote.” The New York Times,

December 22, 2018. Accessed June 02, 2025.
14Caribbean Court of Justice. 2019. “CCJ Affirms Guyana’s No-Confidence Ruling.” Media release,

June 18, 2019. Accessed November 02, 2025.
15See section XVII of the European Union Election Observation Mission Final Report for Guyana 2020

Elections. Available at: https://www.eeas.europa.eu/sites/default/files/eu_eom_guyana_2020_

-_final_report_0.pdf
16Ryan, Holly Eva. 2020. “Guyana Elections 2020: A Crude Awakening?” LSE Latin America and

Caribbean (blog). February 27, 2020. Accessed November 01, 2025.
17Department of Public Information. 2024. “PPP GS Challenges AFC to Present Evidence of Corrup-

tion Allegations.” Accessed November 02, 2025.
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intense polarization was directly reflected at the polls: the results of the 2020 elections

were contested, leading to a new political crisis and requiring a vote recount before the

PPP was finally declared the winner and Irfaan Ali was named president18.

At first sight, Guyana’s fragile political landscape had become a clash between two

groups, where the allocation of resources and the destination of oil rents were the main

topics — an emblematic symptom of the “resource curse”.

Scholars have examined the negative effects of natural resource endowments and

how it reshapes the political incentives in a country since the 18th century. These con-

tributions, collectively known as the ’natural resource curse literature,’ encompass a wide

range of phenomena, from the role of taxation in state-building (Brautigam, Fjeldstad and

Moore 2008) to female unemployment and domestic violence (Krauser et al. 2019). Ross

(2016) condenses these debates and divides the resource curse literature into three major

themes: democracy, institutions, and civil war. While this paper recognizes the breadth

of this debate and the importance of academic research related to other effects of mineral

resources, it aims to contribute specifically to the sub-field examining the relationship

between oil and democracy.

In this branch of the literature, the causal mechanisms are well-mapped (Robin-

son, Torvik, and Verdier 2006) and have been investigated through numerous case studies

(Clark 1997; Crystal 1990). Also, the negative association of oil and its long-term effects

on democracy is well-quantified (Tsui 2011) and has been empirically tested within spe-

cific geographic contexts (Anyanwu and Erhijakpor 2013). However, it remains unclear

whether the effects of oil on democracy and the magnitude of such impacts identified in

long-term analyses are observed in the short term, or indeed if oil exerts any influence on

democratic governance within shorter time horizons.

This study is designed to bridge this gap in the literature. The 2015 oil discovery in

Guyana, alongside the country’s subsequent political developments, presents a compelling

case for examining the relation between oil and democracy, particularly in the immediate

aftermath of the discovery. The central question guiding this study is: did Guyana’s 2015

oil discovery affect its short-term democratic governance?

The objective of this analysis is to quantify the exclusive impact of oil on Guyana’s

democratic trajectory and to visualize what this path would have been in the absence of

the discovery. To this end, this analysis will apply the Synthetic Control Method (SCM).

The intervention is defined as the 2015 oil discovery, and the outcome variable is the

Liberal Democracy Index (LDI), extracted from the most recent Varieties of Democracy

(V-Dem) dataset19. By selecting a series of predictors (economic, geographical, and insti-

tutional variables), the method will construct a synthetic Guyana. This synthetic control

18UOL. 2020. “Confirmada vitória de opositor cinco meses após eleições na Guiana.” UOL Not́ıcias,
August 02, 2020. Accessed November 01, 2025.

19Download available at: https://v-dem.net/data/the-v-dem-dataset/
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is a weighted combination of other units (countries) designed to replicate Guyana’s LDI

trajectory before the oil discovery. Subsequent divergence between the LDI trajectory of

the actual Guyana and that of the synthetic control in the post-2015 period represents

the quantifiable effect attributed exclusively to the oil discovery.

The analysis compiles a panel dataset for 35 countries across 9 variables, ranging

the period from 2006 to 2023. All 3420 countries are considered potential “donors” for

the construction of the synthetic Guyana, as will be detailed in the methodology. The

time range was constrained by data availability, meaning the inclusion of key predictor

variables was prioritized over a longer time series. The “short-term” period, as referenced

in the research question, is defined as the 8-year post-intervention window from 2015 (the

year of the oil discovery) to 2023 (the final year of the dataset). This 8-year period is

significant as it encompasses two different governments, one no-confidence vote, and one

general election within Guyana, allowing the outcome variable to incorporate a broader

range of political dynamics.

Although the method is designed to encompass specifications for the construction of

the Synthetic Guyana (e.g., adding a predictor to account for Guyana’s forest geography),

the core model and rationale can be replicated for other cases and further refined. In this

work, I hypothesize that the discovery of oil had a negative impact on Guyana’s LDI

eight years after the discovery. Connecting this to the methodology, I estimate that

Guyana’s actual LDI will be lower than the Synthetic Guyana’s LDI in 2023, the final

year encompassed by the analysis.

This paper does not intend to consider other aspects that are relevant in other aca-

demic works, such as the quantity of barrels (Tsui 2011). It focuses on the methodological

approach to estimate the exclusive effect of oil rather than mapping the specifics of that

effect. This research scope is grounded in the rationale that before incorporating further

specificities into the outcome variable or delving into Guyana’s institutional environment

to assess causal mechanisms, it is first necessary to empirically establish the existence and

relevance of the oil discovery’s impact on short-term democratic governance.

After constructing synthetic Guyana as a weighted combination of the 34 poten-

tial donor units optimized to maximize the fit with the predictor variables of the ob-

served Guyana, I compared the trajectory of the synthetic Liberal Democracy Index

(LDI) against the actual LDI in the post-discovery period. The analysis reveals that the

oil discovery led to a reduction of 0.124 in Guyana’s LDI by the year 2023, representing a

decline of approximately 28% relative to the counterfactual index, validating the hypoth-

esis that the oil discovery exerted a negative impact on Guyana’s LDI by the end of the

analyzed period. This result proved robust following the application of a placebo study,

a validation strategy established in other studies utilizing the SCM to generate causal

20Guyana is excluded from the donor pool, as it constitutes the treated unit.

7



inference21.

This paper is organized into three sections. The first section provides a compre-

hensive review of the existing literature on the natural resource curse, encompassing the

foundational terms and mechanisms of the debate, as well as the quantitative scholarship

oriented toward measuring the political and economic effects of resource wealth. The

second section details the empirical strategy employed, describing the data utilized, the

implementation of the SCM, the estimation results, and the placebo study. Finally, the

third section synthesizes the discussion, acknowledges study limitations, and outlines a

potential suggestion of future research.

2 Literature Review

The capacity of natural resource wealth to shape the economic and political trajec-

tory of States has always intrigued scholars. More recently, with the emergence of many

new States after World War II, and the discrepancies between the good economic and po-

litical performance of states that were poor in natural resources (e.g., South Korea) and

the poor performance of those with a vast amount of natural resources (e.g., Venezuela),

authors have devoted even more attention to explaining the role of natural resources in

the path to economic and political prosperity, as well as modeling and theorizing this

effect, both qualitatively and quantitatively.

The following literature review focuses primarily on quantitative models, prior-

itizing scholarship that addresses the political and economic effects of oil. While ac-

knowledging the equal significance of qualitative contributions (e.g. Wenar 2017) and

the extensive scholarship addressing other natural resources, such as alluvial diamonds,

the specific characteristics of the Guyanese case induces an analysis of the quantitative

literature linking oil wealth to democracy.

To organize this literature, the following section is divided into three subsections,

encompassing the most relevant scholarly contributions for this paper. The first subsection

will address the evolution of natural resource curse debate. The following subsection will

delve into the institutional approach and the role of rent-seeking as a mechanism. The

third and final subsection will examine the relationship between democracy and oil, as

well as make the gaps in this debate explicit and identify the importance of studying

Guyana for future academic research.

2.1 An ambiguous curse and its determinants

Adam Smith was one of the pioneers in analyzing the role of natural resource

wealth in economic development in his seminal work, The Wealth of Nations. In Book

21see (Abadie, Diamond, and Hainmueller 2010)
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IV, Chapter VII (“Of Colonies”), when discussing the process of colonization and wealth

generation in the colonies, the author stresses:

“Of all those expensive and uncertain projects, however, which bring bankruptcy

upon the greater part of people who engage in them, there is none perhaps

more ruinous than the search after new silver and gold mines. [...] Projects of

mining, instead of replacing the capital employed in them, together with the

ordinary profits of stock, commonly absorb both capital and profit.”22

The negative view sustained by Smith regarding the exploitation of mineral re-

sources was not shared by other authors, particularly when shifted from a colonial per-

spective to different economic contexts, such as the Industrial Revolution. Wrigley (1988),

as an economic historian, argues that the central feature of the mineral-based energy

economy that emerged in England during the Industrial Revolution was its ability to free

production from dependence on the productivity of the land, therefore benefiting the na-

tion’s economic activity. Although their objects of study differ, both authors demonstrate

that the effects of mineral resource extraction are not a matter of simple consensus, giving

rise to diverse interpretations.

In this sense, Dube and Vargas (2013) argue that different natural resources pro-

duce different outcomes. Conducting an empirical study in Colombia, the authors found

that for labor-intensive natural resources, such as coffee, a price increase (and therefore

a revenue increase) raises rural wages and disincentivizes individuals from using violence

in the dispute for coffee revenues. For non-labor-intensive natural resources, such as oil,

a price increase elevates the revenue available for capture, without significantly raising

local wages, thereby increasing violence23.

Robinson, Torvik, and Verdier (2006) declare that before defining the effects of

natural resource wealth on the political-economic trajectory of States, it is necessary

to note that the political incentives generated by resource endowments are essential to

understanding whether or not they are a curse. Since those political incentives translate

into policy outcomes according to the state’s prevailing institutions, the latter end up

becoming the key question. As concluded by the authors:

“Countries with good institutions tend to benefit from resource booms since

these institutions mitigate the perverse political incentives that such booms

create. Countries with bad institutions suffer a resource curse.”24

22Passage from the original version of “An Inquiry into the Nature and Causes of the Wealth of
Nations”, extracted from chapter VII, page 435. Available at: https://www.ibiblio.org/ml/libri/

s/SmithA_WealthNations_p.pdf
23Dube, O., and J. F. Vargas. 2013. “Commodity Price Shocks and Civil Conflict: Evidence from

Colombia.” The Review of Economic Studies 80 (4): 1384-421.
24Passage extracted from the abstract of the paper. Available at: https://papers.ssrn.com/sol3/

Delivery.cfm?abstractid=322585
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Dube and Vargas (2013) and Robinson, Torvik, and Verdier (2006) have shown,

respectively, that it is more important to understand the specific characteristics of the

resource and the role of institutions in shaping political incentives for policymakers, rather

than just diagnosing the effect of the natural resource on a State’s political and economic

development, as exemplified by both Smith and Wrigley. Since this paper is more con-

cerned with estimating the effect of the oil discovery on Guyana’s short-term democratic

trajectory, and not with investigating its prevailing political and economic institutions in

depth, I will incorporate the insights from Dube and Vargas (2013) and Robinson, Torvik,

and Verdier (2006) into the model as predictor variables. This approach will be revisited

in the section dedicated to methodology and research design.

2.2 Institutional design and the prevalence of rent-seeking

Auty (1993) used the term “resource curse” to describe how countries rich in nat-

ural resources seemed unable to use that wealth to boost their economies, and how these

countries had lower economic growth than countries without natural resources25. Two

types of resources have been consistently correlated with lamentable outcomes: petroleum,

which is the key variable in the vast majority of the studies that identify some type of

curse, and alluvial diamonds, which in several careful studies have been associated with

civil conflict26.

The adverse outcomes associated with natural resource endowments are driven by

‘grabber-friendly’ institutions — a term employed by Mehlum, Moene, and Torvik (2006)

to characterize low-quality institutional environments. Grabber-friendly institutions cre-

ate perverse incentives, making it economically rational for entrepreneurs to specialize in

rent appropriation rather than engaging in productive activities27. Consequently, while

institutions determine the prevalence of the resource curse, as demonstrated by Robinson,

Torvik, and Verdier (2006), rent-seeking serves as the mechanism that dictates welfare

outcomes. Rent-seeking as a mechanism was modelled by Torvik (2002), who showed that

a greater amount of natural resources increases the number of entrepreneurs engaged in

rent-seeking and reduces the number of entrepreneurs running productive firms.

In short, when low-quality institutions allow it, rent-seeking connects resource

wealth with adverse outcomes. Dysfunctional democracies invite political rent appropria-

tion; low transparency invites bureaucratic corruption; weak protection of property rights

invite shady dealings, unfair takeovers, and expropriation; weak protection of citizens’

25Badeeb, Ramez Abubakr, Hooi Hooi Lean, and Jeremy Clark. 2017. “The Evolution of the Natural
Resource Curse Thesis: A Critical Literature Survey.” Resources Policy 51 (March): 123-34

26Ross, Michael L. 2016. “The Politics of the Resource Curse: A Review.” In The Oxford Handbook
of the Politics of Development, 1st ed., edited by Carol Lancaster and Nicolas Van De Walle. Oxford
University Press.

27Mehlum, Halvor, Karl Moene, and Ragnar Torvik. 2006. “Institutions and the Resource Curse.”
The Economic Journal 116 (508): 1-20.
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rights invite fraud and venal practices; weak rule of law invites crime, extortions, and

mafia activities; a weak state invites warlordism28.

Earlier contributions of the natural resources curse have theorized about the State

as a rent-seeker. Mahdavy (1970) and Beblawi (1987) argued that governments that rely

heavily on external revenues, derived from natural resources, are relieved of the necessity

of domestic taxation. This fiscal independence reduces governmental accountability to its

citizens and diminishes the incentives to allocate resource revenues toward broad-based

economic development. The state, therefore, receives income without raising domestic

productivity and becomes a rentier state. The rentier state exhibits the following four

characteristics: 1) the economy is dominated by ‘rents’, specifically the leasing of access

to natural resources or territory, rather than by productive sectors such as agriculture

and manufacturing; 2) the origin of this revenue is external; 3) the rents are generated by

a small elite; and 4) the state serves as the principal recipient of these rents29.

Many authors leveraged the rapid expansion of natural resource-dependent indus-

tries in various newly independent countries with fragile political structures during the

second half of the 20th century to conduct case studies testing this concept of the rentier

state and its particularities worldwide. Prominent case studies thrive in the literature,

including Gabon (Yates 1996), Tunisia (Bellin 1994), and Libya (Vandewalle 1998). How-

ever, Clark (1997) offers a particularly significant application of the rentier state frame-

work to post-independence Congo (Brazzaville), arguing that while oil revenues sustained

authoritarianism, typified by Sassou-Nguesso’s patronage system, they paradoxically fos-

tered an educated urban middle class by absorbing graduates into lucrative public sector

roles. This emerging class proved instrumental in cultivating a vibrant civil society30,

leading Clark to conclude that rentierism is not an inevitable destiny, but a management

challenge determined by the specific utilization of resources. Clark’s work was an effort

to demonstrate that natural resource wealth does not inherently produce rentierism and

lamentable outcomes, an idea that would be further refined in the formal models of Robin-

son, Torvik, and Verdier (2006) and Torvik (2002). Additionally, the author indicated

that resource abundance could yield counter-intuitive positive welfare outcomes, such as

the engagement of civil society.

In summary, the institutional approach defines rent-seeking as the mechanism con-

necting natural resource wealth to adverse outcomes, observing that it tends to become

the dominant strategy for both entrepreneurs and governments in environments with weak

institutions. This setup is rooted in the concept of the ‘rentier state,’ which was incorpo-

28Mehlum, Halvor, Karl Moene, and Ragnar Torvik. 2006. “Institutions and the Resource Curse.”
The Economic Journal 116 (508): 1-20.

29Beblawi, Hazem. 1987. “The Rentier State in the Arab World.” Arab Studies Quarterly 9 (4):
383-98.

30The author highlights the emergence of women’s associations, labor unions, and human rights orga-
nizations.
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rated in the natural resources curse literature in the 1970s and was subsequently refined

through prominent case studies during the latter half of the 20th century. The insights

and core findings of these case studies were later transformed into formal models in the

early 21st century, which currently provide the literature’s most solid explanations for the

natural resource curse.

2.3 Oil wealth and democracy

As the interpretation of mechanisms and the institutional approach were trans-

lated into formal models, the specification and measurement of the outcomes associated

with natural resource wealth lagged behind. The initiative to map these political and eco-

nomic effects more rigorously was triggered by Sachs and Warner (1995), who reported a

negative correlation between a country’s dependence on natural resource exports in 1970

and its subsequent economic growth between 1971 and 1989. Equally seminal was the

work of Ross (2001). Ross identified a negative statistical association between a country’s

dependence on oil exports and its level of democracy. His analysis employed a feasible

generalized least squares method on a pooled time-series cross-sectional dataset that in-

cluded all sovereign states with populations exceeding 100,000 individuals between 1971

and 1997. Using the Polity98 index as the dependent variable, Ross incorporated inde-

pendent variables recognized in prior studies as robust predictors of democratic outcomes.

This marked the emergence of a distinct branch in the literature dedicated exclusively to

quantitatively assessing the political effects of oil wealth.

Scholars have employed different methodological approaches, such as instrumental

variable analysis (Ramsay 2011), and incorporated new theoretical possibilities, such as

the role of oil in the consolidation of authoritarian regimes (Ulfelder 2007), to test Ross’s

(2001) findings. Tsui (2011) followed this trend, introducing a new dimension to the

debate: the evaluation of the political effects of oil wealth over time. Tsui applied fixed

effects models to assess the impact of oil wealth on democracy, exploiting variations in

the timing and magnitude of oil discoveries. The author found that the discovery of 100

billion barrels of oil reduces a country’s level of democracy by nearly 20 percentage points

below the trend over a three-decade period.

Tsui (2011) focuses on the long term, building upon an established hypothesis

in the qualitative oriented nature resources curse literature, which suggest that while

the short-term effects of oil resources may prove favorable, particularly for incumbents,

the long-term political consequences are negative and frequently precipitate conflict31.

Additionally, Tsui emphasizes the idea from Acemoglu and Robinson (2005) that a long-

term perspective is the most appropriate when examining political effects, given that

political institutions are often durable and inherently difficult to change.

31Karl, Terry Lynn. 1999. “The Perils of the Petro-State: Reflections on the Paradox of Plenty.”
Journal of International Affairs 53 (1,): 31-48.

12



The analysis of the long-term effects of oil on democracy has remained a preva-

lent theme in the resource curse literature. Anyanwu and Erhijakpor (2013) identified a

nontrivial negative association between oil wealth and democracy in Africa based on a lon-

gitudinal analysis. By employing both ordinary least squares and fixed effects models on

a cross-country panel dataset covering 52 African nations from 1955 to 2008, the authors

found that a reserve of 10 billion barrels of oil will make a country 5 percentage points

less democratic than one with no oil. While a primary contribution of this study lies in

the incorporation of innovative covariates, such as ethnic and linguistic fractionalization,

it also reinforces Tsui’s (2011) framework regarding the analysis of the long-term political

effects of resource wealth.

Despite advancements in the measurement and quantitative analysis of the political

effects of oil wealth, it remains uncertain whether the impacts identified in the long-term

studies of Tsui (2011) and Anyanwu and Erhijakpor (2013) also manifest in a state’s

short-term democratic trajectory. This is precisely the gap this paper seeks to fill. It

would be inaccurate to assert that Tsui (2011) and Anyanwu and Erhijakpor (2013)

entirely overlook these short-term dynamics; rather, they deliberately employ a long-term

analytical framework to capture the enduring nature of institutional change and isolate

structural impacts.

The objective of closing this gap in the natural resources curse literature finds

support in broader scholarship examining democratic institutions and their role in short-

term trajectories. In their analysis of growth episodes, Sen et al. (2016) argue that the

distinct institutional advantage of democracy lies not necessarily in accelerating growth

during boom periods, but rather in its asymmetric capacity to prevent large growth

collapses. They propose that democratic institutions act as a safety net, buffering against

negative short and medium-term shocks more effectively than autocracies32.

Regarding regime change and democratization, Teorell (2010) analyzed variations

in democracy across 165 countries from 1972 to 2006, examining both short-run and

long-run perspectives. Teorell posits that while structural theories are effective in de-

termining a country’s long-term political equilibrium, analyzing the short term remains

indispensable, as this timeframe captures the specific ‘triggers’ (E.g economic crises, pop-

ular mobilization) where regime changes effectively occur.

The innovation of this study is not to delve into the conceptual classification of

democracy as strictly institutional, as prevails in the natural resource curse literature,

or dynamic, as examined in other fields; rather, it is to investigate whether the negative

relationship between oil and democracy, already validated in long-term analyses, persists

in the short term. Also, this analysis does not account for the specific role of Guyanese

32Sen, Kunal, Lant Pritchett, Sabyasachi Kar, and Selim Raihan. 2018. “Democracy versus Dictator-
ship? The Political Determinants of Growth Episodes.” Journal of Development Perspectives 2 (1-2):
3-28.
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institutions in incentivizing rent-seeking, nor does it aim to definitively diagnose the

country as a victim of the ‘resource curse’. Such a discussion is secondary to the main

objective: determining whether the 2015 oil discovery was, in fact, capable of altering

Guyana’s democratic performance in the subsequent years.

Another complementing innovation for this paper, in relation to the existing liter-

ature, is to introduce cases from outside the Middle East and Africa, which traditionally

form the core of case studies in the resource curse literature33, with notable exceptions

such as Iran and Venezuela. The increasing availability of data and the evolution of

statistical models (e.g., Synthetic Control) encourage authors not only to expand the re-

source curse literature beyond the frontiers of Africa and the Middle East but also to

apply new methodologies when studying and determining the political effects of natural

resource wealth. This study is positioned to contribute to this emerging research agenda,

leveraging both the case of Guyana and the application of advanced quantitative methods.

3 Methodology and Research Design

The synthetic control approach developed by Abadie, Diamond, and Hainmueller

(2010, 2015) and Abadie and Gardeazabal (2003) is arguably the most important innova-

tion in the policy evaluation literature in the last 15 years34. In the natural resource curse

literature, to the best of my knowledge, two papers have applied the Synthetic Control

Method (SCM) to estimate the effect of natural resource wealth on specific outcomes.

Gilchrist et al. (2023), applied the SCM to estimate the impact of oil discovery in the

1920s on Venezuela’s long term economic growth. Similarly, Pellegrini, Tasciotti, and

Spartaco (2021) employed the SCM to estimate the development indicators of Basilicata,

a region of Southern Italy, after the expansion of oil operations in the 1990s.

Aiming to expand the application of this method in the natural resource literature,

specifically the branch dedicated to oil and democracy, this study applies the SCM to

estimate the impact of oil discovery on Guyana’s liberal democracy route. Drawing upon

Guyana’s recent political turbulence, marked by the 2019 no-confidence vote and the

polemic 2020 elections, and the already validated literature findings that oil has a negative

association with democracy (E.g Ross 2001), I hypothesize that the Liberal Democracy

Index (LDI) of the synthetic Guyana will exceed that of the observed Guyana by 2023,

the final year of the analysis.

The hypothesis is formalized as it follows:

H1: The LDI of the synthetic counterfactual will exceed that of the observed

33Ross, Michael L. 2016. “The Politics of the Resource Curse: A Review.” In The Oxford Handbook
of the Politics of Development, 1st ed., edited by Carol Lancaster and Nicolas Van De Walle. Oxford
University Press.

34Athey, Susan, and Guido W. Imbens. 2017. “The State of Applied Econometrics: Causality and
Policy Evaluation.” Journal of Economic Perspectives 31 (2): 3-32.

14



Guyana in the post-discovery period, providing evidence that the oil discovery

had a negative effect on the country’s short-term democratic performance.

The primary objective of this section is not to argue for the validity of the hypoth-

esis, but rather to ensure the SCM is applied with sufficient rigor to isolate, or closely

approximate, the exclusive causal effect of oil on Guyana’s LDI. However, it is not possible

to ignore the recent political tensions in Guiana and the weight of quantitative evidence in

the resource curse literature proving the negative association of oil and democracy, which

makes it reasonable to posit that if a discernible effect exists, it is likely to be negative.

To detail the process of estimating the oil discovery effect on Guyana’s LDI, the

methodology and research design section is divided into three subsections. The first

subsection is dedicated to the data, detailing the construction of the panel dataset and the

selection of variables. The second subsection focuses on the synthetic control approach,

outlining its core underlying assumptions and the advantages of applying SCM to the

case of Guyana. Finally, the third subsection presents the empirical results and tests the

robustness of these findings.

3.1 Data

3.1.1 Data processing and panel construction

The panel dataset constructed for the application of the SCM comprises 35 coun-

tries and ranges the period from 2006 to 2023. The panel includes data on nine variables

for each of the 35 countries in the analyzed timeframe. The outcome variable, the Lib-

eral Democracy Index (LDI), was extracted from the Varieties of Democracy (V-Dem)

Dataset (Version 15). Predictor variables were sourced from both the V-Dem Dataset

and the World Bank database. The V-Dem dataset and the data sourced from the World

Bank were merged in R, using the country names as the key identifier.

Following the merging of the datasets, it was necessary to exclude all countries that

lacked observations for any variable across the analyzed period. This step ensured the

creation of a balanced panel, capable of reliably constructing a synthetic unit that fully

utilizes all available predictors, reducing the sample from 179 countries to 90 countries.

From this remaining pool of 90 countries, all OECD countries were removed, leaving a

sample of 52 countries. This was a research choice, aiming to prevent the donor pool

from being contaminated with potential donors that, in their vast majority, possess an

economic history completely different from Guyana.

From this final pool of countries were selected only the countries that had never

been exposed to “oil booms”. One of the core assumptions of the Synthetic Control

Method (SCM) is that the donor pool must consist exclusively of untreated units, which,

in the context of this study, means never having been exposed to a significant oil discovery.
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This final selection was made by filtering the World Bank’s “Oil Rents as % of GDP”

database35. I selected only the group of countries that never experienced a 1% positive

variation in this measure throughout the full period of data availability (1970-2023). This

selection process yielded a final panel dataset of 35 countries, considering Guyana as

the treated unit and a donor pool of 34 potential control units utilized to construct the

synthetic counterfactual.

3.1.2 Variable selection

The dependent variable for this study is the Liberal Democracy Index (LDI), mea-

sured by the V-Dem Project. This index covers more than 200 countries and features data

ranging from 1789 to 2024, undergoing annual updates. The LDI compile both other ag-

gregate indices (e.g., the Electoral Democracy Index) and less aggregated indices from the

V-Dem dataset (e.g., the Liberal Component Index) to measure the quality of a state’s

democracy through the limits imposed on government power.

The theoretical rationale behind the index is that the liberal principle of democ-

racy emphasizes the importance of protecting individual and minority rights against the

tyranny of the state and the tyranny of the majority. Such protection is achieved through

constitutionally protected civil liberties, a strong rule of law, an independent judiciary, and

effective checks and balances that collectively restrain the exercise of executive power36.

The selection of the LDI, over other high-level V-Dem indices, is justified because

its conceptual construction and granularity best capture the democratic trajectory of a

State37. The LDI ranges from 0 to 1, allowing for inference regarding the oscillation of

a State’s democratic quality — either toward a closed autocracy (0.0–0.2) or a liberal

democracy (0.8–1.0). The decision to utilize V-Dem has two reasons. First, the indices

produced by V-Dem possess significant academic validation. Coppedge et al. (2020), for

instance, argue that the V-Dem project constitutes the most comprehensive and reliable

dataset currently available for measuring democracy across time and space. Second,

V-Dem offers a multidimensional and disaggregated approach to regime measurement,

allowing its indices to capture relevant phenomena (e.g., Civil Society Participation) that

are often neglected in more aggregate regime measurement projects (e.g., Polity).

35The filtered dataset is provided as supplementary material to this paper. The list of countries
contained in the filtered datasheet was integrated into the R script for data processing.

36The theoretical rationale behind the LDI was extracted from the V-Dem Codebook, page 47. Avail-
able at: https://www.v-dem.net/documents/55/codebook.pdf

37I deliberately assume that the democratic trajectory of a state is primarily a function of the limits
that are imposed on state executive power.
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Figure 1: Trends in Liberal Democracy: Guyana vs. Average of Others

Source: Elaborated by the author using data from V-Dem (2025).

The panel dataset also incorporates observations for eight predictor variables across

all 35 countries in the sample. These variables include: Accountability Index, Current

account balance (% of GDP), Forest area (% of land area), GDP per capita (current US$),
Inflation - consumer prices (annual % growth), Political Corruption Index, Population

density (people per sq. km of land area) and Population growth (annual %). These

predictors will help to build the weighted average of units in the donor pool, a process

that will be explained in the next subsection.

The rationale for incorporating economic variables (Current Account Balance, In-

flation, and GDP per Capita) as predictors derives from Abadie, Diamond, and Hain-

mueller (2015), who utilized economic variables as predictors for the construction of the

synthetic unit. It is true that the authors’ dependent variable was GDP, which is dis-

tinct from the LDI. However, the prior validation of economic indicators in the SCM

literature, coupled with the understanding that politics and economics are fundamentally

intertwined, justifies the inclusion of these variables, aiming for a better representation of

Guyana’s political trajectory.

The decision to incorporate demographics and geographical features (Forest area,

Population growth, and Population density) as predictors derives from Gilchrist et al.

(2023), which is, arguably, the most relevant application of SCM in the natural resource

curse literature. The inclusion of institutional variables (Accountability Index and Polit-

ical Corruption Index) represents an effort to incorporate the institutional approach to
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the natural resource curse literature, as proposed by Robinson et al. (2006). Although

this study does not analyze Guyana’s institutional environment in depth, including these

variables as predictors helps to account for institutional aspects in the construction of

the synthetic unit. These institutional variables were both sourced from the most recent

V-Dem dataset, distinguishing them from the remaining predictors which were extracted

from the World Development Indicators compiled by the World Bank38,39.

Table 1: Pre-Treatment Covariate Means

Variable Guyana (Actual) Donor Pool Average Difference

Liberal Democracy Index 0.38 0.46 -0.08
Current Account (% GDP) -8.68 -4.83 -3.85
Accountability Index 0.78 0.91 -0.13
Corruption Index 0.56 0.54 0.02
Forest Area (% land) 94.04 30.99 63.05
GDP per Capita (US$) 4551.66 7222.14 -2670.48
Inflation (% annual) 4.87 6.42 -1.55
Pop. Growth (% annual) -0.10 1.01 -1.11
Pop. Density (p/km2) 3.82 400.48 -396.66

3.2 The Synthetic Control Method (SCM): Assumptions and

causal effect

The central objective of this analysis is to isolate and estimate the exclusive impact

of oil discovery on Guyana’s LDI. The SCM is ideal for this purpose, as it allows for the

construction of a synthetic unit that replicates the pre-intervention political trajectory of

the observed Guyana, thereby serving as the best estimate of what would have happened

to the LDI in the absence of treatment — the oil discovery.

The causal effect of the treatment is defined by the difference between the LDI

of the observed Guyana (exposed to the intervention), here represented by Y1t and the

LDI of Synthetic Guyana (the unexposed counterfactual), here represented by Ŷ N
1t , as

formalized in the equation below40:

τ̂1t = Y1t − Ŷ N
1t (1)

The SCM was originally proposed by Abadie and Gardeazabal (2003) to estimate

the effects of aggregate interventions affecting a small number of large units (e.g., cities,

regions, or countries). The core underlying assumption of the method is the idea that

38All the utilized datasets are provided as supplementary material to this paper.
39The download of the World Development Indicators datasets are available at: https://data.

worldbank.org/
40See Abadie (2021) for better description of the SCM essential equations presented in this paper.
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when the treated unit is one of a small number of aggregate entities, a linear combination

of untreated units (the ‘donor pool’) provides a more appropriate counterfactual compar-

ison than any single untreated unit alone41. This means that the Ŷ N
1t offers a superior

counterfactual to any single unit in the donor pool42. This is because the synthetic control

incorporates multiple characteristics of Guyana that would otherwise be unaccounted for

if a single comparison unit were chosen.

The synthetic outcome Ŷ N
1t is constructed as a sum of the control unit values, where

Wj represents the weight assigned to each unit in the donors pool and Yjt is the observed

outcome of the donors for the variable of interest (LDI) as shown below:

Ŷ N
1t =

J+1∑
j=2

WjYjt (2)

Subject to the following constraints:

J+1∑
j=2

Wj = 1 and Wj ≥ 0

These restrictions ensure that the weights are non-negative and sum to one. Such

constraints preclude extrapolation, guaranteeing that the synthetic unit represents a re-

alistic combination of the units within the donor pool. Unlike synthetic control weights,

regression weights may fall outside the [0,1] interval, allowing extrapolation outside of the

support of the data43.

Another aspect of the synthetic control method is the determination of the weight

vector W . This vector is constructed to minimize the distance between the treated unit

and the synthetic unit based on the set of predictor variables. The objective is to generate

a synthetic Guyana that closely approximates the pre-intervention characteristics of the

actual treated Guyana. In this structure, X1m represents the value of the m-th predictor

variable for the treated unit (e.g. Guyana’s GDP per capita), while
∑J+1

j=2 WjXjm denotes

the value of the same predictor for the synthetic unit, derived from the weighted average

of the donors. Additionally, Vm represents the weight assigned to each predictor variable

m, reflecting its relative importance, a parameter that will be addressed in the results

subsection. The formal optimization problem is given by:

41Abadie, Alberto, Alexis Diamond, and Jens Hainmueller. 2010. “Synthetic Control Methods for
Comparative Case Studies: Estimating the Effect of California’s Tobacco Control Program.” Journal of
the American Statistical Association 105 (490): 493-505.

42Abadie, Alberto. 2021. “Using Synthetic Controls: Feasibility, Data Requirements, and Methodolog-
ical Aspects.” Journal of Economic Literature 59 (2): 391-425.

43Abadie, Alberto. 2021. “Using Synthetic Controls: Feasibility, Data Requirements, and Methodolog-
ical Aspects.” Journal of Economic Literature 59 (2): 391-425.
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W ∗ = argmin
W

k∑
m=1

Vm

(
X1m −

J+1∑
j=2

WjXjm

)2

(3)

In addition to the constraints requiring non-negative weights that sum to one, two

other core underlying assumptions must be satisfied to ensure a credible estimation of

the treatment effect. First, the intervention of interest at the time of its implementation

is independent of the outcome of interest in the pre-intervention period44. This ‘no an-

ticipation’ assumption implies that the intervention, specifically the 2015 oil discovery in

Guyana, must not have exerted any prior impact on the outcome of interest, the Guyana

LDI. To the best of my knowledge, there is no evidence that political actors in Guyana

anticipated the 2015 discovery or its magnitude, a fact that upholds this assumption and

safeguards the estimation against anticipation effects. Defining the shock as the beginning

of offshore extraction in 2019, for instance, would likely bias the estimation. In that sce-

nario, the pre-treatment period would be contaminated, as democratic institutions could

have been affected by politicians and corporations anticipating future oil revenues.

Second, the units exposed to the intervention should not interfere in the interven-

tion itself, suggesting that potentially interfering units should be excluded from the donor

pool in order to isolate the impact of the intervention on the treated unit45. To align the

research design with this assumption, the panel dataset was filtered to include only coun-

tries where the oil rents as % of GDP never exhibited a positive variation exceeding 1%

throughout the entire period of data availability (1970-2023) compiled by the World Bank.

The selection of the 1% threshold represents an arbitrary research decision, grounded in

the underlying rationale that in nations where oil revenues remain negligible (below 1%

of GDP), natural resource wealth is insufficient to trigger rent-seeking among private and

public actors. Consequently, these countries serve as valid and uncontaminated potential

donors for the Guyana synthetic unit.

Abadie (2021) cautions that with a limited number of pre-intervention periods, a

close or even perfect fit for the treated unit may be attained spuriously. In such cases, the

resulting synthetic control may fail to accurately reproduce the counterfactual outcome

trajectory in the absence of the intervention46. Although the pre-intervention window in

this study comprises eight years of data, I mitigated the risk of spurious fit by incorporat-

ing powerful predictors previously validated in the literature, as recommended by Abadie

(2021). This approach ensures that the similarities between the synthetic and actual

Guyana is driven by structural similarities rather than mere mathematical coincidence.

44Xu, Yiqing. 2017. “Generalized Synthetic Control Method: Causal Inference with Interactive Fixed
Effects Models.” Political Analysis 25 (1): 57-76.

45Cao, Jianfei, and Connor Dowd. 2019. “Estimation and Inference for Synthetic Control Methods
with Spillover Effects.” Version 2. Preprint, arXiv.

46Abadie, Alberto. 2021. “Using Synthetic Controls: Feasibility, Data Requirements, and Methodolog-
ical Aspects.” Journal of Economic Literature 59 (2): 391-425.
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The SCM is well-suited for assessing the impact of the 2015 oil discovery in Guyana

due to its capacity to facilitate causal inference regarding aggregate interventions affecting

a small number of large units - in this instance, there is only one single treated country.

This method connects the methodological division between qualitative case studies, which

have granted reliable insights to the most robust models explaining the natural resource

curse, and quantitative approaches that have enhanced the association between natural

resources and political phenomena. Finally, adherence to the method’s core assumptions,

combined with a careful selection of predictors, ensures that the resulting estimates are

both data-driven and reliable.

3.3 Results

The application of the SCM to the panel dataset followed the procedures made by

Abadie, Diamond, and Hainmueller (2010) to validate the estimation of the causal effect

of the treatment. Different from the author’s optimization approach and to simplify the

model, I assumed Vm, the weight assigned to each predictor variable, as a constant value,

which means that every predictor variable has the same importance when constructing

the counterfactual unit. All statistical estimations, tables, and charts presented were

generated using Python and a Jupyter Notebook environment (Google Colab)47.

Following the importation of the panel dataset, the next step in constructing the

synthetic Guyana involved determining the weight vector subject to convexity constraints,

specifically, ensuring that the weights assigned to potential donors were non-negative and

summed to one. Then, I employed the optimization function described in Equation 3 to

minimize the difference between the treated unit (Guyana) and its untreated synthetic

counterpart, based on the predictor variables outlined in subsection 3.1. The specific

weights assigned to each potential donor within the panel are presented in the following

table48:

47The computational framework employed draws upon the implementation developed by Matheus
Facure in the open-source resource “Causal Inference for the Brave and True”, which serves to illus-
trate the rationale and replication procedures of Abadie, Diamond, and Hainmueller (2010). The original
code underwent significant modifications to adequate it to the specific context of the Guyana case. How-
ever, the fundamental rationale and estimation were preserved, holding to the methodological exposition
provided in Abadie’s seminal work

48Although Table 2 displays only the seven countries with the most significant contribution to the
weighted donor pool, the optimization algorithm assigned weights to all potential donors. The weights
for the remaining countries are negligible (effectively zero) and are therefore omitted from the analysis.
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Table 2: Weights of Countries in the Synthetic Control

Donor Country Weight

Honduras 0.3805
Bolivia 0.2054
Namibia 0.1922
Panama 0.1124
Uruguay 0.0482
Ukraine 0.0383
Cyprus 0.0231

An analysis of the weighted donors pool reveals that the pre-2015 Synthetic Guyana

is predominantly composed of nations from the Americas (Honduras, Bolivia and Panama),

which collectively account for nearly 70% of the counterfactual unit. Notably, Honduras

received the highest individual weight (0.3805). Namibia was also assigned a significant

share in the construction of the synthetic unit (0.1922), while this finding may appear

counterintuitive initially, it is empirically plausible given the structural similarities be-

tween the two nations, particularly regarding GDP per capita and institutional charac-

teristics such as corruption and accountability. Finally, residual weights were allocated to

a diverse set of countries, including Cyprus, Uruguay, and Ukraine, though their cumula-

tive contribution remains close to 10%.

Figure 2 contrasts the observed LDI trajectory of Guyana with that of the synthetic

control, illustrating the evolution of the outcome variable in the absence of the intervention

and the evolution of the gap between them.
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Figure 2: Trends in Liberal Democracy: Guyana vs. Synthetic Control

Source: Elaborated by the author using data from V-Dem (2025) and World Bank.

In the SCM, the credibility of the results relies on the synthetic unit’s capacity

to accurately reproduce the behavior of the outcome variable for the treated unit during

the pre-intervention period, thereby ensuring an unbiased estimator of the treatment

effects49. Figure 2 demonstrates that synthetic Guyana successfully tracked the trajectory

of Guyana’s LDI prior to the oil discovery. This close fit not only validates the convex

combination of donors as a credible counterfactual representation of Guyana’s liberal

democracy trajectory, but also, the selection of the chosen predictors, demonstrating

their efficacy in constructing a valid synthetic control.

At first glance, the divergence between the observed LDI for Guyana and its syn-

thetic counterpart suggests that the 2015 oil discovery has produced a negative influence

on the country’s liberal democracy.Figure 3 illustrates exclusively the temporal evolution

of this treatment effect, indicating that despite a marginal improvement immediately fol-

lowing the discovery, the oil discovery precipitated a decline, reducing Guyana’s LDI by

0.124 by the year 2023.

49Abadie, Alberto. 2021. “Using Synthetic Controls: Feasibility, Data Requirements, and Methodolog-
ical Aspects.” Journal of Economic Literature 59 (2): 391-425.
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Figure 3: Estimated Treatment Effect: Guyana vs. Synthetic Control

Source: Elaborated by the author using data from V-Dem (2025) and World Bank.

Visual analysis of the charts alone is insufficient to determine whether the measured

effect is statistically significant. Replicating the inferential strategy proposed by Abadie,

Diamond, and Hainmueller (2010), I conduct a placebo study to generate quantitative

inference. Fundamentally, this procedure consists of applying the SCM iteratively to

every potential control unit in the donor pool. This allows for an assessment of whether

the effect estimated for the region affected by the intervention is large relative to the

distribution of effects estimated for a unit chosen at random50.

Figure 4 plots the estimated gaps, defined as the difference between the observed

and synthetic LDI, for all countries in the dataset. For Guyana, this trajectory represents

the estimated treatment effect. For the remaining countries, the lines represent ‘placebo

effects’, that is, estimates of a fictitious intervention in units that, as previously verified,

remained immune to the treatment. In constructing this visualization, a fit criteria was

imposed to exclude control units that failed to achieve a satisfactory pre-intervention

match. Figure 4 restricts the sample to countries exhibiting a pre-treatment Mean Squared

Prediction Error (MSPE) of less than 0.01, as a value exceeding this threshold implies that

no convex combination of the available donors could serve as a valid counterfactual for that

specific unit. This constraint is similar to the one incorporated by Abadie, Diamond, and

50Abadie, Alberto, Alexis Diamond, and Jens Hainmueller. 2010. “Synthetic Control Methods for
Comparative Case Studies: Estimating the Effect of California’s Tobacco Control Program.” Journal of
the American Statistical Association 105 (490): 493-505.
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Hainmueller (2010) and is grounded in the rationale that including units with poor pre-

treatment fits would artificially inflate the variance of the placebo distribution, rendering

the estimated effect for the treated unit less distinguishable from statistical noise.
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Figure 4: Placebo Tests: Distribution of Effects (Valid Control Units: 14)

Source: Elaborated by the author using data from V-Dem (2025) and World Bank.

Visually, Figure 4 demonstrates that the divergence in Guyana’s LDI stands out

when compared against the placebo measured effects. This visualization constitutes a form

of inference and it conveys the intuition that had the oil discovery been hypothetically

assigned to any other country in the donor pool, it is unlikely that a treatment effect of

similar magnitude would have been observed.

To provide formal quantitative material for the statistical rarity of the effect found

for Guyana, I calculated a p-value derived directly from the distribution of placebo effects

presented in Figure 4, as defined by the equation below:

PV =
1

N

∑
I{τ̂Guyana > τ̂j} (4)

The estimated p-value for Guyana is 0.066, implying that under the null hypothesis

of random assignment, there would be only a 6.6% probability of observing an effect of the

same magnitude as the -0.124 decline in the LDI recorded for Guyana for 2023. Figure

5 illustrates the distribution of these placebo effects in a histogram, highlighting the

“Guyana effect”, which contributes to this idea of rarity of the estimated effect associated

with the p-value calculated.
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Figure 5: Histogram of Placebo Effects vs. Guyana’s Effect (2023)

Source: Elaborated by the author using data from V-Dem (2025) and World Bank.

The findings validate the previously formulated H1. The effect of the oil discovery

indeed reduced Guyana’s LDI in the analyzed period. Although this was not a constant

trend after the discovery, marked by the positive effect immediately noted after 2015,

the final effect, this means the effect of the oil discovery in Guyana’s LDI in 2023, was

negative and proved it to be robust. Figure 6 illustrates the temporal evolution of the

treatment effect on Guyana’s LDI, highlighting the years to better capture the behavior

of the impact.
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Figure 6: Estimated Treatment Effect: Guyana vs. Synthetic Control

Source: Elaborated by the author using data from V-Dem (2025) and World Bank.

As demonstrated in Figure 6, the effect of the oil discovery on Guyana’s LDI

assumes a distinct negative trajectory after 2019. By 2021, the estimated treatment

effect had turned negative, reaching its peak in 2023. The slight positive trend observed

immediately following 2015 is empirically plausible, likely attributable to the legislative

efforts by the Guyanese National Assembly to establish a sovereign wealth fund aimed at

managing future oil revenues for long-term development.51

This initiative marked a rare moment of consensus between the country’s dominant

parties, prior to the political clashes that erupted during the 2020 elections, which would

have inflated Guyana’s actual LDI, reducing the estimated negative effect. However, this

interpretation remains hypothetical and could only be ensured through a more detailed

case study, which lies beyond the scope of this paper.

4 Conclusion

This study analyzed the recent oil boom in Guyana to assess the impact of the 2015

oil discovery on the country’s democratic trajectory. By applying the SCM to effectively

isolate the impact of oil, the results indicate that its discovery had a negative impact,

reducing Guyana’s (LDI) by 28% in 2023. This finding provides empirical evidence that

51See section 6 of the 2025 Investments Climate Statements. Available at: https://www.state.gov/
reports/2025-investment-climate-statements/guyana
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complements the existing resource curse literature, demonstrating that oil wealth can

have a negative impact in democracy already in the short term, and not only in the long

term, as it has been previously validated in this literature.

Another core innovation of the method is applying SCM to study oil wealth and

democracy. There are other works that previously applied SCM in the natural resources

curse literature, but none of them are dedicated to studying democracy.

This paper’s unicity is also its most relevant limitation. The lack of similar studies

make it difficult to contrast the magnitude of its findings, limiting this study to posit that

oil wealth can have a negative impact in short term democratic performance. It would

be unproductive to compare this paper with Tsui (2011) and Anyanwu and Erhijakpor

(2013), who also studied oil wealth association with democracy along the time, due to

fundamental methodological divergences. Neither of these authors operationalizes democ-

racy using the LDI. Furthermore, they incorporate distinct independent variables, which,

in the context of the SCM, can be approximated to the predictor variables. Anyanwu and

Erhijakpor (2013), for instance, include ethnic fractionalization in their model, a covariate

that is not incorporated into the present analysis and can have a direct impact on the

final result.

The developed research design would benefit from a longer series of pre-treatment

data to further refine the fit between Guyana and its counterfactual. Although synthetic

Guyana was capable of approximately replicating the actual Guyana LDI trajectory, I

must recognize that the estimation would be more precise and credible with more periods

before the treatment. This limitation, however, arises from a necessary trade-off common

in comparative research: the dichotomy between the quality of predictor variables and

the temporal range of the analysis. The “Natural resource rents as % of GDP”, for

instance, which is a relevant variable regarding the economic structure of a country, was

excluded from the model because it would imply a limitation of the analysed period. The

incorporation of this variate would allow estimation to end in 2021 and would force the

removal of numerous countries from the sample of potential donors.

The specificity of the applied SCM constitutes a limitation regarding the gener-

alizability of the findings, thereby constraining the direct and easy replicability of the

research design. Defining the eight-year window as ‘short-term,’ the specific selection of

predictor variables, and the arbitrary threshold established to filter the donor pool were

research choices tailored to construct a precise synthetic counterfactual for Guyana and

credibly estimate the effect of oil discovery on the country’s short-term democratic per-

formance. Consequently, replicating this model requires adapting multiple components to

the specificities of the selected case, a requirement that complicates direct comparisons

between the findings presented here and those of future analogous research.

To better understand the Guyanese case and to develop policy oriented material it

requires further investigation. This study succeeded in its central objective of testing if the
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oil discovery had any impact on Guyana’s LDI, however, it remains unclear what dynamics

exactly triggered this rapid decay. Addressing this question requires a deeper engagement

with the institutional approach of the resource curse condensed by Robinson, Torvik, and

Verdier (2006) combined with an empirical investigation of Guyana’s institutions. This

constitutes the main avenue for future research derived from this paper. Having estab-

lished that the association between oil discovery and democratic performance in Guyana

is both negative and robust, the imperative now shifts to explaining why. Specifically,

which institutional arrangements facilitated this decay.

Note: The citation on the second page of the paper was extracted from page 510 of the

book “The World: A Family History of Humanity” written by historian Simon Montefiore.
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