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Resumo

Objetivo - Este estudo analisa o discurso publico no Reddit sobre o Acordo Unido Europeia-
Mercosul, uma parceria comercial estratégica voltada a expansdo do acesso a mercados e a
cooperagdo entre a Unido Europeia e os paises do Mercosul, que permanece contestada em
paises como Franca e Brasil e ainda aguarda ratificagao.

Metodologia - O estudo emprega analise de sentimento de discussdes no Reddit provenientes
de r/france (220 comentdrios) e t/brasil (831 comentdrios). Foram utilizados modelos de
linguagem baseados em transformadores, adaptados ao discurso de redes sociais em francés e
portugués brasileiro, com resultados agregados mensalmente para avaliar dindmicas temporais
apés o acordo politico alcangado em dezembro de 2024. Adicionalmente, aplicou-se
modelagem de topicos por meio de Latent Dirichlet Allocation para identificar os principais
temas e os sentimentos associados a eles.

Resultados - Os resultados revelam claras diferengas entre os paises. O discurso em r/france ¢
predominantemente negativo e estavel ao longo do tempo, sugerindo oposi¢do consolidada,
enquanto as discussoes em r/brasil s3o mais heterogéneas, combinando sentimentos negativos,
neutros e positivos. A analise tematica indica ainda que o sentimento varia conforme o €ixo
tematico, como agricultura ou manufatura.

Limitacdes - As principais limitagdes desta pesquisa sdo a representatividade dos dados do
Reddit e os vieses inerentes ao discurso em redes sociais. Pesquisas futuras podem incorporar
outras plataformas e metodologias para validar e expandir os achados.

Contribuicées praticas - Os resultados destacam a importancia de abordar preocupagdes
especificas de cada pais nas estratégias de comunica¢do. Também mostram que a opinido
publica pode divergir entre contextos nacionais, influenciando a legitimidade democréatica e a
aceitagdo de politicas.

Originalidade - Esta pesquisa aborda um tema ainda pouco explorado — o sentimento publico
em relagdo ao Acordo Unido Europeia—Mercosul — ao combinar analise cross-cultural com
métodos computacionais, oferecendo insights exploratdrios sobre o discurso publico em torno

do acordo.

Palavras-chave: Acordo Unido Europeia-Mercosul, percep¢ao publica, analise de sentimento,
modelagem de topicos (LDA), analise comparativa Brasil-Franca, Reddit

Categoria do artigo: Dissertacdo de mestrado



Abstract

Purpose - This study analyzes public discourse on Reddit about the EU-Mercosur Agreement,
a strategic trade partnership aimed at expanding market access and cooperation between the
European Union and Mercosur countries, which remains contested in countries such as France
and Brazil and is still pending ratification.

Methodology - The study employs sentiment analysis of Reddit discussions from r/france (220
comments) and r/brasil (831 comments). Transformer-based language models adapted to
French and Brazilian Portuguese social media discourse were used, with results aggregated
monthly to assess temporal dynamics following the political agreement reached in December
2024. Additionally, topic modeling using Latent Dirichlet Allocation was applied to identify
key themes and their associated sentiment.

Findings - The results reveal clear cross-national differences. Discourse in r/france is
predominantly negative and stable over time, suggesting consolidated opposition, whereas
discussions in r/brasil are more heterogeneous, combining negative, neutral and positive
sentiment. Topic-level analysis further indicates that sentiment varies depending on thematic
focus, such as agriculture or manufacturing.

Research limitations - The main limitations of this research are the representativeness of
Reddit data and the inherent biases of social media discourse. Future research could adopt other
platforms and methodologies to validate and expand findings.

Practical implications - The findings highlight the importance of addressing country-specific
concerns in communication strategies. They also show that public opinion may diverge across
national contexts, influencing democratic legitimacy and policy acceptance.

Originality - This research addresses an underexplored topic — public sentiment toward the
EU-Mercosur Agreement — by combining cross-cultural analysis with computational methods,

offering exploratory insights into public discourse surrounding the agreement.

Keywords: European Union-Mercosur Agreement, public perception, sentiment analysis,
topic modeling (LDA), Brazil-France comparative analysis, Reddit

Paper category: Master’s thesis
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1. Introduction
1.1. Contextualization

The EU-Mercosur Agreement is the result of over two decades of negotiation between
Mercosur and the European Union (Malamud, 2020). After several rounds of negotiations, the
parties reached an agreement in principle in 2019, and, on 6 December 2024, the European
Union and Mercosur reached a political agreement (European Commission, n.d.; Tostes &
Albuquerque, 2024).

The primary objective of the EU-Mercosur Agreement is to increase interregional trade
through liberalization while developing cooperation in non-commercial areas, such as food
security, labor regulations, intellectual property protection, and sustainable development
(Pucheta et al., 2020; Blasetti, 2020). If fully implemented, the agreement would establish one
of the largest interregional trade partnerships in the world, encompassing a combined market
of approximately 780 million people and representing around one quarter of global gross
domestic product (GDP) (Tostes & Albuquerque, 2024). At a macroeconomic level, existing
assessments consistently project positive effects for both parties, including increased trade
flows, lower trade costs, and gains in GDP (LSE Business Consulting, 2020; Timini and

Vianni, 2022; European Parliament, 2025).

1.2. Relevance of the Work

However, despite its macroeconomic rationale and long negotiation history, the EU-
Mercosur Agreement remains pending ratification and faces resistance (Malamud, 2023;
Palmieri et al., 2024), coming from France and Brazil (Kaspiarovich, 2025; Tostes &
Albuquerque, 2024), for example, whose positions may critically affect the agreement’s
implementation.

Some EU member states — most notably France — have expressed concerns regarding
the agreement’s potential effects on domestic agriculture, environmental standards, and food
safety regulations (Kaspiarovich, 2025; Mendoza & Moshammer, 2023). Since the agreement
may require ratification by all EU member states if classified as a mixed agreement (Gohin &
Matthews, 2025; Malamud, 2022), France’s opposition carries substantial institutional weight.

On the Mercosur side, concerns have also emerged from some economic sectors in
Brazil over the years, such as the steel industry! and small and medium producers, which fear

the deal will lead to unfair competition in favor of European companies (FASE, 2021). This is

TVEJA (2019).
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particularly relevant as Brazil plays a central role within the bloc in the context of the
agreement, accounting for most of the bloc’s exports to the EU (Regazzoni & Corréa da Costa,
2025) and exercising significant political influence over the agreement’s trajectory (Albertini
& Oliveira, 2024).

Taken together, these dynamics indicate that the ratification of the agreement extends
beyond macroeconomic expectations and constitutes a politically contested process shaped by
domestic pressures and institutional constraints (Del Pupo, 2025; Kaspiarovich, 2025; Albertini
& Oliveira, 2024). In this context, France and Brazil emerge as analytically relevant cases,
given their pivotal role in the agreement’s ratification process.

Furthermore, while the EU-Mercosur Agreement has been extensively explored by
scholars from macroeconomic, political, and institutional perspectives, public opinion
surrounding the agreement has received comparatively limited attention in academic literature,
particularly from a cross-national perspective encompassing member states from both the
European Union and Mercosur.

In that context, understanding how citizens from France and Brazil perceive the
agreement remains essential, as public opinion may influence political decision-making as well

as the agreement’s ratification and implementation processes.

1.3. Research Question

This study contributes to the literature surrounding the EU-Mercosur Agreement by
examining, through sentiment analysis, how the agreement is discussed and evaluated by users
from Reddit communities from Brazil and France. These two countries were selected as they
occupy central yet distinct positions within the negotiations.

Accordingly, this study aims to answer the research question: How do Brazilian and

French citizens perceive the EU-Mercosur Agreement?

1.4. Objectives

The main objective of this research is to analyze and compare public perceptions of the
EU-Mercosur Agreement in Brazil and France. By examining citizen discourse in French and
Brazilian communities on Reddit — the largest online forum in the world (Medvedev et al.,
2020) —, the study seeks to identify attitudes toward the agreement and assess how these
perceptions differ across national contexts. In addition to this primary objective, the research

pursues two ancillary objectives.
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First, it aims to examine whether sentiment toward the agreement changed in the year
following the political agreement reached between the European Union and Mercosur in
December 2024, mainly in relation to key geopolitical events associated with the negotiation
and ratification process. That temporal analysis enables a comparative assessment of how
public opinion in Brazil and France evolved, investigating whether there were discernible shifts
in positive, negative, or neutral sentiments.

Second, the research seeks to identify the main topics discussed on Reddit in relation
to the EU-Mercosur Agreement and to analyze the sentiment polarity associated with each
topic. By combining topic modeling and sentiment analysis, the study aims to uncover not only
what issues dominate public discussions but also how these issues are perceived across national
contexts. This provides a more fine-grained understanding of differences in public opinion

between the countries.

1.5. Structure of the work

This research is structured as follows. Chapter 1 introduces the study by contextualizing
the EU-Mercosur Agreement, highlighting its relevance, and outlining the research question
and ancillary objectives that guide the analysis.

Chapter 2 establishes the study’s theoretical and contextual foundations. Section 2.1
reviews the EU-Mercosur Agreement, outlining its historical development, current status, and
core features, and then examines economic and sectoral implications listed in the literature,
including specific subsections addressing France’s and Brazil’s economic, institutional, and
political perspectives on the agreement. Section 2.2 introduces sentiment analysis, covering its
theoretical background, social media applications, and models for sentiment classification.
Section 2.3 discusses topic modeling, with emphasis on Latent Dirichlet Allocation. Finally,
Section 2.4 presents Reddit, reviewing the platform’s background, schematic structure, and
applications as a data source in academic research.

Chapter 3 describes the methodological procedures adopted in the study. It details the
data extraction process, explains how the collected data was cleaned and pre-processed, and
presents an overview of how sentiment analysis models, data aggregation, and topic modeling
methods were employed.

Chapter 4 reports the results obtained from sentiment analysis, temporal analysis, and
topic modeling.

Chapter 5 discusses the findings, with separate sections dedicated to Brazil, France, and

a comparative analysis between the two countries.
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Finally, Chapter 6 concludes this study by outlining its main findings, contributions,

limitations as well as further steps for future investigation.

2. Literature Review
2.1. EU-Mercosur Agreement
2.1.1. History and Current Status of the Deal

After the establishment of the Southern Common Market (Mercosur) in 1991, created
to promote regional integration among its original members — Argentina, Brazil, Paraguay, and
Uruguay (Doctor, 2020) —, several European Union (EU) leaders dedicated efforts and attention
to developing a relationship with the new bloc (Malamud, 2020). At first, this was made by
supporting Mercosur with intellectual guidance, integration technology, and other resources,
and, since 1999, negotiations have been directed by the Interregional Framework Cooperation
Agreement between the EU and Mercosur, signed in 1995 (Fechko, 2024; Malamud, 2020).

This framework proposed a phased liberalization of trade between the blocs as a path
to creating an intercontinental free trade zone (Uryupina, 2023). Additionally, it established a
basis for political dialogue, economic cooperation, and progressive preparation for a future
interregional association (European Community, 1996). Following the implementation of this
framework, the blocs held several rounds of formal negotiations over the next two decades,
which culminated in the June 2019 Association Agreement (AA) between the EU and the
original members of Mercosur (Tostes & Albuquerque, 2024).

At first, the AA only comprised trade components, before being complemented in July
2020, when the parties concluded the negotiations of the political and cooperation pillars of the
deal (European Commission, n.d.). Since then, the AA, alongside its amendments, were based
on three pillars: political dialogue, cooperation, and trade (Pavese, 2021). In sum, the AA goal
was to increase interregional trade through liberalization while developing cooperation in non-
commercial areas, such as food security, labor regulations, intellectual property protection, and
sustainable development (Pucheta et al., 2020; Blasetti, 2020)

Despite the accomplishment, the AA left many details and implementation modalities
to be finalized through ratification and subsequent regulatory work (Nunes, 2025). Shortly after
the agreement, both parties raised blockages in the ratification process: on one side, the EU
critiqued the lack of guarantees and mechanisms to prevent deforestation, while the Mercosur
opposed the imposition of sustainability standards without satisfactory financial support

(Tostes & Albuquerque, 2024; Palmieri et al., 2024).
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In the following years, the political context shifted, and in 2023, the parties were drawn
back to additional negotiations aiming to strengthen their economic relationship and, thus, to
reduce their trading reliance on the United States and China (Gohin & Matthews, 2025).
Additionally, for the EU, a deal represents opportunities to increase their market access and
their sources of critical raw materials (Gohin & Matthews, 2025). For the Mercosur it
represents an opportunity to advance the consolidation of their common market and to attract
additional investment from the European Union (Gohin & Matthews, 2025; Baur et al., 2023).

Under this new context, On 6 December 2024, the blocs reached a new political
agreement on an updated version of the EU-Mercosur agreement (European Commission, n.d.)
by incorporating recently negotiated amendments largely focused on sustainable development
(European Commission, 2024). This version of the agreement is referred to by the European
Commission as the EU-Mercosur Partnership Agreement (EMPA) (European Commission,
n.d.).

If implemented, the deal is expected to eliminate tariffs on over 90% of traded goods,
substantially lifting protectionist barriers between the two blocs (Blomstein, 2025). Tariff
elimination will be implemented gradually through differentiated schedules, with the EU
completing liberalisation of most goods within ten years, while Mercosur benefits from longer
phase-out periods of up to fifteen years (Blomstein, 2025; Pose-Ferraro, 2025). Additionally,
other trade and non-trade aspects should also be provisioned, including non-tariff barriers,
public procurement, labor practices, environmental concerns, food-safety standards, and
geographical indications (Timini & Viani, 2022; Del Pupo, 2025).

In face of pressure from EU members, the EMPA reinforced environmental
commitments, making it possible to suspend the agreement if obligations related to the Paris
Agreement are violated, and commitments to stop deforestation by 2030 (European
Commission, 2024). Additionally, the EMPA ensures sensitive products for the EU, like beef,
pork, and soy, will be protected by safeguards, which include tariff-rate quotas (TRQs) that set
a cap on the amount of Mercosur imports that benefit from reduced tariff-rates (European
Parliament, 2025). Also, dairy products, as well as some other goods, will be traded under a
reciprocal system of tariff quotas (Timini & Viani, 2022).

To appease concerns from the Mercosur, mostly from manufacturing sectors, which
fear competition against EU products made largely with inputs from third-parties (e.g., China),
the EMPA defines protocols on rules of origin (RO). These define, for instance, high local-
content requirements for exported manufactured goods, especially severe in automotive,

electronics, and machinery sectors (Pose-Ferraro, 2025; European Commission, n.d.).
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Furthermore, these and other sensitive manufacturing sectors, like chemicals and
pharmaceuticals will have greater phase-out periods, allowing them more time to adapt
(Blomstein, 2025; Pose-Ferraro, 2025). Finally, the EMPA also encompasses rules on bilateral
safeguards that allow the blocs to temporarily suspend the phase-out schedule or reduce tariff
preference in case local sectors are heavily threatened or harmed by a large and sudden increase
in imports (Blomstein, 2025). This relieves Mercosur industries (Pose-Ferraro, 2025)

Before implementation, the EMPA must still be ratified by both the EU and Mercosur.
As the EMPA covers areas falling under both EU and Member State competences, it might be
classified as a mixed agreement (Kaspiarovich, 2025). If it does, it will require, in addition to
the approval at the EU level by the Council and the European Parliament, ratification by all 27
national parliaments, meaning a single Member State could block the entire EMPA (Gohin &
Matthews, 2025; Malamud, 2022). Conversely, Mercosur allows for bilateral ratification,
meaning that the agreement could enter into force only in the member countries that ratify it,
irrespective of approval by the other Mercosur members (Malamud, 2022).

While the EMPA gathers excitement from some stakeholders, it does face opposition
coming from some EU and Mercosur members, which could hinder the ratification of the
agreement (Tostes & Albuquerque, 2024; Mendoza & Moshammer, 2023; Malamud, 2022). In
the EU, France, like other member states with strong agricultural lobbies, is a major antagonist
of the current terms of the agreement (Kaspiarovich, 2025, Mendoza & Moshammer, 2023).
From Mercosur’s side, Brazil might be a deal-breaker due to manufacturing lobbying and
complex political dynamics, which involve extreme fragmentation and ideological polarisation
(Malamud, 2022). Despite Mercosur’s bilateral ratification, which would allow other Mercosur
members to follow through with the EMPA, Brazil accounts for 78.1% of its bloc's total exports
to the EU (Regazzoni & Corréa da Costa, 2025) and plays a strategic role in making the
agreement viable (Albertini & Oliveira, 2024).

2.1.2. Economic and Sectoral Implications of the EU-Mercosur Agreement

The EU-Mercosur deal represents one of the EU 's most ambitious trade negotiations
until now (Regazzoni & Corréa da Costa, 2025). If fully implemented, the partnership will
comprise a market of 780 million people and a joint GDP of around US$20 trillion, or around
25% of the global economy (Tostes & Albuquerque, 2024), on top of encompassing 31% of
global exports (Di Lodovico, 2024). In terms of GDP share, the agreement is comparable to
other recent EU trade deals, but significantly exceeds previous Mercosur treaties, which

collectively account for 7.4% of global GDP (Timini & Viani, 2022).
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Currently, the EU is the second-largest trading partner and largest foreign investor of
Mercosur (Tostes & Albuquerque, 2024). In 2022, the trade flow between the blocs added up
to around €120 billion and, in total, EU companies hold investments worth €380 billion in
Mercosur members (Federal Ministry for Economic Affairs and Climate Action, n.d.). Based
on tariffs alone, it is expected that the EU exporters will save €4 billion per year (Federal
Ministry for Economic Affairs and Climate Action, n.d.). In addition to that, other non-trade
related aspects should also heavily decrease the trade costs between the blocs (Timini & Viani,
2022).

EU-Mercosur trade is marked by structural differences and complementary trade flows,
with the EU exporting high value-added manufactured goods and services and Mercosur
specializing in raw materials, low processed commodities, and agricultural products
(Przybylska-Maszner, 2025). These factors promote trade affinity between the blocs,
generating positive economic impacts (Sanguinet & Alvim, 2024). Accordingly, the EMPA
economic impacts are consistently found to be positive but asymmetric across multiple studies
and simulations, with Mercosur countries benefiting proportionally more than the EU (LSE,
2020; Timini & Vianni, 2022; European Parliament, 2025), as well as across member countries
(LSE, 2020; Timini & Vianni, 2022) and economic sectors (European Parliament, 2025).

In terms of trade, Timini and Vianni (2022) show that the agreement leads to sizable
increases in Mercosur exports relative to baseline levels, with country-specific outcomes that
depend on trade elasticity assumptions. For example, under higher elasticity scenarios, Brazil’s
exports increase by around 6-7%, while Argentina records gains closer to 5%, whereas smaller
Mercosur economies experience more moderate export responses (Timini and Vianni, 2022).
More conservative estimates suggest a smaller, though still significant, increase in Mercosur
exports of 3.6%, alongside a 0.3% rise in GDP (European Parliament, 2025). At the country
level, reports indicate an export growth of 4.5% for Brazil and 1.9% for Argentina under the
conservative scenario, reflecting different gains driven by market access and sectoral
composition (LSE Business Consulting, 2020).

In contrast, trade effects for the European Union are smaller. Timini and Vianni (2022)
report positive but very limited increases in EU exports and imports, remaining below 1% and
close to zero in some scenarios. This finding aligns with the European Parliament (2025)
assessment, which shows that while bilateral EU-Mercosur trade expands, the agreement
translates into only a 0.1% increase in EU GDP and welfare. This is explained by the fact that
Mercosur accounts for a small share of total EU trade within a highly diversified global export

base (European Parliament, 2025).
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Regarding macroeconomic performance, all studies point to positive GDP effects,
though of limited magnitude for the EU. Both the European Parliament (2025) and LSE
Business Consulting (2020) estimate EU GDP gains of 0.1%, equivalent to €10.9 billion
increase. For Mercosur countries, although the bloc as a whole is projected to experience a
larger 0.3% increase in GDP (European Parliament, 2025), the gains are unevenly distributed:
Argentina is expected to increase 0.5%, Brazil and Uruguay 0.2%, and Paraguay 0.1% (LSE
Business Consulting, 2020).

Sectorally, gains in the EU are concentrated in manufacturing sectors, particularly
chemicals, machinery, and transport equipment, where output expansion is projected at around
0.4% (European Parliament, 2025) and where current tariff barriers in Mercosur are considered
very high (Blomstein, 2025). The EU manufacturing industries, with emphasis on energy
transition, green technology, and defense sectors, should also benefit from imports. It relies on
the Mercosur as a key supplier of energy, minerals, and other strategic raw materials, especially
in the context of the Russia-Ukraine war, which reduced EU’s access to local resources from
the region (Ragonnaud, 2023; Hagemejer et al., 2021). In the agricultural sector, impacts are
expected to remain limited due to protective mechanisms such as the TRQs (European
Parliament, 2025). According to the European Parliament (2025) the beef sector — one of the
great antagonists to the EMPA (Kamath, 2020) —, for instance, should face less than 1% of
production losses due to the safeguards proposed in the EMPA.

This estimate goes in line with Gohin and Matthews (2025), which argues that past
studies overstated negative agri-food impacts by relying on full liberalization scenarios, rather
than the negotiated ones. Gohin and Matthews (2025) claim that negative impacts on EU agri-
food sectors are substantially mitigated by the safeguards listed in the latest version of the
EMPA. For example, in this scenario, estimates suggest losses of around 0.3% to 0.4% in the
beef sector (Gohin & Matthews, 2025). Krzyzanowski (2025), on the other hand, argues that,
despite the existence of protective measures, the agreement poses significant risks for European
producers in agriculture sectors such as beef, cereals, poultry, sugar, and biofuels. These sectors
are where Mercosur countries hold strong cost and scale advantages (Krzyzanowski, 2025)

The latter, more pessimistic view, seems to be dominant among producers, as ten key
EU agri-food organizations, including The united voice of farmers and their cooperatives in
the European Union (COPA-COGECA), and the European Federation of Food, Agriculture,
and Tourism Trade Unions (EFFAT), publicly voiced their opposition to the EMPA (EFFAT,
n.d.). These organizations argue that the EMPA environmental, labor and deforestation clauses

lack enforceability and mechanisms to ensure compliance, and that the safeguard clauses are
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either ineffective or set at levels too high to be activated, meaning the European agri-food
industry, as well as the EU policy coherence on sustainability and labor protections, would be
undermined by the EMPA, as imports produced under weaker environmental, labor and food-
safety standards would compete against local goods (EFFAT, n.d.).

About this subject, Del Pupo (2025) argues that while European institutions, as well as
NGOs, have adopted sustainability as a normative commitment in their approach to the EMPA,
agricultural-lobbying groups have been aligned with climate, deforestation, and food-safety
narratives as a tool to validate their resistance to market liberalization. This agenda and the
sustainability requirements from the EMPA are generally perceived by Mercosur members as
protectionism, as they argue that the green standards imposed by the EU should be followed
by financial and technological support (Przybylska-Maszner, 2025).

Despite these concerns, it is expected that Mercosur agriculture will benefit from the
agreement (Sanguinet & Alvim, 2024), with greater concerns coming from the manufacturing
sector. While the complementary trade flows between the EU and the Mercosur can be
considered positive from a macroeconomic perspective (Sanguinet & Alvim, 2024), some
critics of the EMPA argue that the agreement follows a colonial logic, in which the Mercosur
would be eternal suppliers of raw materials, while the EU would be responsible for exporting
high-value added goods (APIB, 2020).

Even though the political heterogeneity within the Mercosur, with members leaning
towards liberalism or interventionism, difficults the establishment of a unified stance on the
EMPA (Przybylska-Maszner, 2025), the bloc traditionally feared the EMPA’s impact on its
industries (Pose-Ferraro, 2025). However, the manufacturing opposition towards the EMPA in
the Mercosur was reduced over time, as negotiations progressed and points of distress from the
manufacturing sector were minimized by safeguards, such as the implementation of ROs (Pose-
Ferraro, 2025). This, for example, tackled one of the main concerns of the steel industry?:
competition with EU-labeled products mostly composed of inputs from other regions (Pose-
Ferraro, 2025.

In sum, the EU-Mercosur Agreement is expected to generate positive economic
outcomes for both parties through expanded trade flows, reduced trade costs, and improved
market access in key sectors (European Parliament, 2025; Timini and Vianni, 2022; LSE
Business Consulting, 2020). These gains, however, are unevenly distributed across countries

and economic sectors, reflecting structural asymmetries in trade patterns and productive

2 VEJA (2019)
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capacities between the two blocs (European Parliament, 2025; Przybylska-Maszner, 2025).
While some suggest trade liberalization is expected to exert significant competitive pressure
on EU agricultural producers and Mercosur manufacturing sectors, recent studies suggest that
the negative impacts of the EMPA will be limited due to protective mechanisms, such as the
safeguard and transitional clauses embedded in the EMPA (Gohin and Matthews, 2025;
European Parliament, 2025; Sanguinet & Alvim, 2024; Pose-Ferraro, 2025). These provisions
have contributed to easing opposition from Mercosur’s manufacturing sector, whereas
resistance among EU agricultural producers has remained strong, as they attempt to legitimize

its protectionist stance through sustainability claims (Pose-Ferraro, 2025; Del Pupo, 2025).

2.1.3. EU-Mercosur Agreement: Economic, Institutional, and Political Perspectives in
France

France is one of the main antagonists in the ratification process of the EMPA, alongside
other EU member states with strong and politically influential agricultural sectors, such as
Poland (Kaspiarovich, 2025; Mendoza & Moshammer, 2023). The causes of French opposition
lie primarily in concerns over the potential negative impact on domestic agricultural
production, but they also extend to broader issues related to environmental sustainability and
food-safety standards (Nolte & Ribeiro, 2021; Mendoza & Moshammer, 2023).

From the perspective of farmers and agricultural unions, the EMPA would expose them
to unfair competition from Mercosur producers, who are perceived as benefiting from
significant unfair cost differentials (EFFAT, n.d.). These differentials include less stringent
environmental and labor regulations, use of pesticides and agrochemicals banned in the EU,
and lower compliance costs related to land preservation, animal welfare, and carbon emissions
(EFFAT, n.d.). Producers argue that, due to these factors, competition with Mercosur products
already economically strains them, and that the EMPA would further exacerbate the
inequalities, especially in sensitive sectors such as beef, poultry, and sugar (EFFAT, n.d.).

Some authors, however, downplay these fears, arguing that the agreement contains
economic and regulatory safeguards designed precisely to mitigate such risks (European
Parliament, 2025; Gohin and Matthews, 2025). These include tariff-rate quotas (TRQs) for
sensitive agricultural products (European Parliament, 2025), as well as chapters on labor
practices, food-safety standards, and environmental protection (Timini & Viani, 2022; Del
Pupo, 2025). Additionally, with specific regard to France, Gohin and Matthews (2025) argue
that domestic producers may be less exposed than anticipated, as French consumers tend to

prefer locally produced goods, potentially protecting local farmers from Mercosur competition.
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Nevertheless, this more optimistic interpretation is strongly contested by both French
authors and farmers’ organizations (Dupré & Kpenou, 2025; EFFAT, n.d.). Critics argue that
the TRQs are insufficient because the thresholds required to activate safeguard mechanisms
are too high, allowing significant volumes of imports before any corrective measures can be
applied (EFFAT, n.d.). Moreover, they defend that the environmental and food-safety clauses
included in the EMPA lack robust enforcement mechanisms, rendering them ineffective in
practice (Dupré & Kpenou, 2025; EFFAT, n.d.).

Despite France’s predominantly negative stance, studies suggest that the EMPA could
generate overall positive macroeconomic effects for France, including gains in GDP and
welfare derived from increased trade flows (European Parliament, 2025; Timini & Viani,
2022). Some of these benefits might be associated with sectors expected to expand exports to
Mercosur markets (Timini & Viani, 2022), particularly the manufacturing sector and specific
agricultural subsectors in which France holds strong comparative advantages, such as wine,
spirits, and cheese (Vie Publique, 2025).

Ahead of this debate, the French government has consistently maintained a critical
position towards the EMPA. Under President Emmanuel Macron, who has been in office since
2017, France has historically opposed the agreement, arguing that it would harm French
agriculture while simultaneously undermining environmental and public health standards
(Nolte & Ribeiro, 2021). This position has been maintained even in the face of pressure from
the EU Commission and from Brazil, whose leadership has actively promoted ratification’.
Also, the French National Assembly’s resolution against the EU-Mercosur agreement in late
2025 aligns closely with the executive’s stance (Vie Publique, 2025), indicating that opposition

to the EMPA reflects a unified political consensus within France.

2.1.4. The EU-Mercosur Agreement: Economic, Institutional, and Political Perspectives
in Brazil

LSE Business Consulting (2020) suggests Brazil will emerge as one of the biggest
winners of the EU-Mercosur Agreement, with positive macroeconomic gains. This is consistent
with a later study published by Brazil’s Institute for Applied Economic Research (IPEA),
Ribeiro et al. (2023), which estimates that the agreement could lead to a 0.46% cumulative
increase in Brazil’s GDP between 2024 and 2040 compared to a scenario without the treaty.

This reflects gains in economic output resulting from expanded trade and market access

3 France24 (2025); Malingre & Ricard (2025).
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(Ribeiro et al., 2023). Furthermore, the study projects investment levels in Brazil would rise by
about 1.49% in the same period, indicating enhanced capital flows stimulated by deeper
economic integration with the European Union (Ribeiro et al., 2023).

Finally, Ribeiro et al. (2023) argues agribusiness sectors would experience gains across
the board, while a few manufacturing sectors would concentrate the losses, notably vehicles
and auto parts, ferrous metals (e.g., steel), apparel and accessories, products derived from
metal, textiles, pharmaceuticals, machinery and equipment, and electronic equipment, due to
competition with imports from the EU. Despite these negative forecasted impacts on industries,
Pose-Ferraro (2025) argues that two of the most relevant Brazilian manufacturing
organizations, the National Confederation of Industry (CNI) and the Federation of Industries
of the State of Sdo Paulo (FIESP), have been long-time supporters of the agreement, as they
suggest Brazil's poor manufacturing performance partially derives from a lack of external
competitiveness. Additionally, the author indicates that the Brazilian manufacturing industry
as a whole developed a positive stance towards the deal due to Mercosur’s success in
negotiating favorable terms for the sector, such as the inclusion of ROs (Pose-Ferraro, 2025).

However, this general stance isn’t unanimous, as some claim the EMPA will reinforce
Brazil’s role as an exporter of primary commodities in exchange for European manufactured
goods, potentially leading to deindustrialization and job losses in the automotive and machinery
industries, for example (Bieler, 2025). A similar claim, made by a civil society coalition
composed of over a hundred groups, including NGOs, social movements, and unions, suggests
the EMPA has a colonial character, heavily criticizing the deal, as they believe it will have a
great impact on the environment and on the domestic manufacturing industry (Ribeiro et al.,
2023)

Brazil’s president Lula, in fact, was historically a former critic of the agreement with
the EU, as he feared it would impact the national manufacturing industry (Tostes &
Albuquerque, 2024), before declaring he would seek the ratification of the agreement during
his presidential campaign before his third term (Tostes & Albuquerque, 2024; Mendoza &
Moshammer, 2023). Lula’s positive stance was particularly strong in 2025, as he urged EU
leaders to ratify the EMPA*, however, he also made conflicting claims throughout his ruling,

criticizing the sustainability standards requested by the EU° and terms inherited from the AAS,

4 Malingre & Ricard (2025); Euronews (2025a).
5 CNN Brasil (2023).
6 CNN Brasil (2024).
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and even suggesting he would not ratify the deal during his presidential term if the EU didn’t
make swift advancements in their ratification process’.

In sum, the literature recommends that Brazil is expected to experience macroeconomic
gains from the EMPA, with particularly strong benefits concentrated in the agricultural sector
(LSE Business Consulting, 2020; Ribeiro et al., 2023). At the same time, the projected impacts
are uneven across the economy, as losses are expected to be concentrated in specific
manufacturing sectors exposed to European competition (Ribeiro et al., 2023). While part of
the Brazilian manufacturing sector views the agreement positively (Pose-Ferraro, 2025), other
actors express concerns about potential negative effects on domestic industries, including risks
of deindustrialization, job losses, and environmental degradation (APIB, 2020; Bieler, 2025).
Finally, Brazil’s political leadership has increasingly aligned with a pro-agreement position,

despite having opposed the deal in the past (Tostes & Albuquerque, 2024; Mendoza &
Moshammer, 2023).

2.2. Sentiment Analysis
2.2.1. Theoretical Background

Sentiment analysis is a growing field that lies in the intersection between linguistics
and computer science (Taboada, 2016). In computer science, sentiment analysis, also called
opinion mining, constitutes a subfield of natural language processing (NLP) concerned with
the understanding of text produced by humans (Samant et al., 2022). In particular, sentiment
analysis seeks to identify and categorize individuals’ opinions, attitudes, and emotions
(Medhat, Hassan, & Korashy, 2014) toward, for example, issues, topics, services, and
organizations (Liu, 2012). According to Taboada (2016), this is primarily done by determining
whether an item (tweet, sentence, headline, excerpt, or whole text) is subjective and, if so,
classifying its sentiment polarity as positive or negative.

There are two primary approaches to sentiment classification: lexicon-based methods
and machine/deep learning-based methods (Catelli et al., 2022). The lexicon-based approach
determines the polarity of a text (e.g., positive, neutral, or negative) by relying on a predefined
sentiment lexicon (Sadia et al., 2018). This lexicon consists of lexical items assigned positive
or negative labels according to their semantic orientation scores (Bonta et al., 2019). The
aggregation of these scores, commonly referred to as the compound score, is used to establish

the overall polarity of a given text (Bonta et al., 2019). This approach further assumes that the

7 CNN Brasil (2025).
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individual polarity of words and phrases directly contributes to the semantic orientation of the
entire text (Catelli et al., 2022). Consequently, lexicon-based methods can encompass a broader
vocabulary than traditional machine/deep learning approaches but are constrained by the
assumption that words consistently carry a fixed sentiment orientation (D’ Andrea et al., 2015).

Machine/deep learning-based sentiment classification algorithms are trained using
labeled datasets, through which they learn patterns among variables, and are subsequently
evaluated on separate datasets to assess their classification performance (e.g., positive, neutral,
or negative) (Russell & Norvig, 2021). Traditional algorithms employed in sentiment analysis
include Bayesian networks, support vector machines, and recurrent neural networks (D’ Andrea
et al., 2015). More recently, pre-trained language models (PTM), like GPT and BERT, have
demonstrated substantial improvements in sentiment classification tasks (Catelli et al., 2022).
Contemporary versions of these language models adopt a transformer-based architecture (e.g.,
BERT), meaning they improve contextual understanding by modeling a word’s meaning with
information from both preceding and following context and can be adapted to a wide range of

tasks, including sentiment analysis (Devlin et al., 2019).

2.2.2. Sentiment Analysis and Social Media

Since the term sentiment analysis was first introduced in 2003 (Nasukawa & Y1, 2003),
the technique attracted growing attention from scholars as opinion-rich content grew both in
popularity and availability on the internet, ultimately becoming a central tool in social media
research (Pang & Lee, 2008; Liu, 2012). Over the years, sentiment analysis has been widely
used to examine users’ opinions, attitudes, and emotions using social media platforms such as
Twitter (X) and Facebook (Feldman, 2013), and, more recently, Reddit and other online forums
also became prominent data sources for sentiment analysis (Alamoodi et al., 2021). In this
regard, sentiment analysis is particularly useful to analyze social phenomena, as it helps
determine “the general mood of the blogosphere®” (D’Andrea et al., 2015).

Sentiment analysis of social media data faces persistent challenges due to the informal
nature of online text, which often includes spelling errors (e.g., "y", instead of "why"), ever
evolving web slang (e.g., "LOL"), incorrect grammar, ambiguous expressions, and elongation

of words (e.g., "soo0", instead of "so") (Nandwani & Verma, 2021). Additionally, sarcasm,

irony, comparative statements, and the expression of multiple emotions within a single text unit

8 According to the Cambridge Dictionary, blogosphere means “all the blogs (= records of personal thoughts and
opinions) on the internet, and the people who write or read them”.
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make accurate classification difficult, as sentiment-bearing words do not always reflect the
intended meaning (Nandwani & Verma, 2021). Because of the nature of online text, researchers
regularly adapt social media texts before conducting sentiment analysis with lexicon-based
methods by, for example, correcting spelling mistakes and making the text more formal
(Taboada, 2016). In contrast, when adopting machine/deep learning sentiment analysis
methods, the informal nature of online text is leveraged, as elements such as extra punctuation
and capitalization, for instance, can be interpreted as signs of intensity (Taboada, 2016).

Despite these challenges, applications of sentiment analysis on social media are diverse
and encompass multiple contexts, including business, politics, health, and public action, where
they support decision-making processes (Drus & Khalid, 2019). They have attracted significant
interest from industry and academia, as more than 8,000 patents and 2,300 articles are situated
at this intersection (Rodriguez-Ibanez et al, 2023). In business, sentiment analysis may
produce, for example, insights that allow marketeers to optimize campaigns, user engagement,
and sales performance (Jose & Narayanan, 2024). More broadly, sentiment analysis
applications in social media have helped researchers understand individuals’ perception of
various matters, such as energy prices (Katrati et al., 2023), geopolitical conflicts (Corso et al.,
2024), political elections (Joyce & Deng, 2017), stock markets (Pagolu et al., 2016), and
national and international policies (Biswas et al., 2021; Shukla & Unger, 2022).

2.2.3. Sentiment Analysis Models and APIs

Sentiment analysis methods have evolved alongside advances in NLP, a field that has
experienced substantial development and widespread adoption over the past two decades (Cui
et al., 2023; Locke et al., 2021), driven by improvements in computational power, the
availability of large-scale linguistic data, advances in machine learning techniques, and deeper
understanding of human language (Hirschberg & Manning, 2015).

Initial sentiment analysis research primarily relied on sentiment lexicons, rule-based
techniques, and traditional machine learning models, which were well suited to the
computational constraints and data availability of the time; nevertheless, as research matured
and larger datasets and greater computational resources became accessible, the focus gradually
shifted toward deep learning methods, culminating in the eventual adoption of transformer-
based methods (Cui et al., 2023). These models enable contextualized language representations
and more robust modeling of semantic relationships (Devlin et al., 2019; Vaswani et al., 2017),

reflecting a broader transition in research focus from surface-level lexical analysis to
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approaches in which models learn semantic and contextual representations of language directly
from text (Cui et al., 2023).

Although some authors suggest that machine/deep learning models tend to perform
better than the lexicon-based methods when well-trained (Sadia et al., 2018), they have been
historically constrained by high costs, often prohibitive, of obtaining large datasets of labeled
data (D’Andrea et al., 2015). However, recent advances in PTMs have helped mitigate this
limitation by enhancing transfer learning — that is, the reuse of models pre-trained on large-
scale corpora for related tasks or domains (Nandwani & Verma, 2021). This allows models to
be fine-tuned for sentiment analysis with limited labeled data (Azunre, 2021).

Those advances — enabled by the adoption of transformer architectures, particularly in
terms of computational efficiency and model scalability (Vaswani et al., 2017) — have
significantly improved the capacity of pre-trained language models to understand and generate
human language (Salem et al., 2025). They also support effective knowledge transfer to
specialized tasks (e.g., sentiment analysis) and mitigate limitations associated with training
models from scratch (Salem et al., 2025).

That architectural shift has been widely adopted in influential PTMs such as BERT
(Devlin et al., 2019). Additionally, it was also used by large language models (LLM) — such as
GPT (Radford et al., 2018) — being them a subset of PTMs, distinguished primarily by increased
scale in terms of model parameters and training data rather than by fundamental architectural
differences (Zhao et al., 2023). While increased scale does not guarantee superior performance
across all tasks, LLMs demonstrate enhanced versatility and can often be applied to a range of
tasks without task-specific fine-tuning (Brown et al., 2020; Rothman & Gulli, 2022).

In the context of sentiment analysis, transformer-based PTMs comprise a wide range
of variants that differ in scope and specialization. These include general-purpose models — such
as BERT and RoBERTa, as well as LLMs like GPT — that can be applied to sentiment analysis
either directly or through further adaptation (Bashiri & Naderi, 2024). In addition, many
models have been explicitly fine-tuned for sentiment analysis or related classification tasks,
resulting in task-specialized variants that generally achieve more stable performance than
general-purpose ones (Wu et al., 2025). Transformer-based models also differ in their linguistic
scope: multilingual models, such as multilingual BERT or XLM-R, are designed to support
sentiment analysis across multiple languages (Long et al., 2019; Conneau et al., 2019), whereas
language-specific models, such as CamemBERT for French, are optimized to capture the
semantical and cultural particularities of the language they were trained to address (Martin et

al., 2019).
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Developing transformer-based pre-trained language models from scratch or just fine-
tuning them for specific tasks such as sentiment analysis is a computationally expensive and
technically demanding procedure (Bashiri & Naderi, 2024). However, open-source and
commercial applications have significantly lowered the barriers to use these models (Wolf et
al., 2019; Ivan et al., 2024). Platforms such as Hugging Face provide free access to a wide
variety of state-of-the-art NLP models, allowing researchers and students to experiment with
advanced architecture without requiring extensive computational resources or deep expertise
in model training (Wolf et al., 2019).

Those models are made available through application programming interfaces (APIs),
which, in practical terms, function as standardized access points that enable users to send data
to a model and receive predictions or representations in return, without needing to manage the
underlying models (Amazon Web Services, n.d.; Wolf et al., 2019). By minimizing much of
the technical complexity, such APIs can facilitate the practical adoption of pre-trained and fine-
tuned language models for sentiment analysis and other tasks, thereby democratizing

participation in contemporary NLP research (Wolf et al., 2019).

2.3. Topic modeling

Topic modeling is a widely used statistical approach for discovering latent thematic
structures within large collections of documents (Vayansky & Kumar, 2020; Mifrah &
Benlahmar, 2020). These collections may be composed of text, biochemical sequences, images,
or video, for example (Vayansky & Kumar, 2020). When approaching text specifically, topic
modeling generally consists of identifying patterns of co-occurring words that may represent
categories (topics) of interest in a corpus (Jackson et al., 2021; Abdelrazek et al., 2023) and
quantifying the extent to which a given category is present within a specific text (Weston et al.,
2023). In practical terms, topic modeling represents each text as a combination of multiple
topics in varying proportions, where each topic corresponds to a probabilistic distribution of
words (Hankar et al., 2025).

Among topic modeling approaches proposed in the literature, which include algebraic,
probabilistic, neural, and fuzzy approaches (Abdelrazek et al., 2023), Latent Dirichlet
Allocation (LDA) is the most used and influential among scholars (Blei, 2012; Jelodar et al.,
2018). Proposed by Blei, Ng, and Jordan (2003), LDA is an unsupervised generative
probabilistic model designed for modeling a collection of documents, such as a corpus (Blei et

al., 2003; Jelodar et al., 2018). Its objective is to generate compact representations of
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documents that enable efficient processing of large collections while still enabling analytical
tasks such as classification and summarization (Blei et al., 2003).

Due to its adaptability in integrating with other models and its applicability to a wide
range of data types (Blei, 2012), LDA is often paired with other techniques to conduct, for
instance, source code analysis, sentiment analysis, event detection, and emotion classification
(Jelodar et al., 2018); and has been widely used in studies on social media and web patterns,
semantics, behavior, linguistics, document assessment, network structures, predictive
modeling, as well as image and video processing (Blei, 2012). For example, by integrating
topic modeling with sentiment analysis methods, sentiment polarity can be associated with
specific topics to enable fine-grained analysis (Hankar et al., 2025).

Given the unsupervised nature of topic modeling and, by extension, LDA, evaluating
model outputs remains a significant challenge (Mifrah & Benlahmar, 2020; Weston et al.,
2023). Unlike supervised learning approaches, topic modeling does not rely on labelled
ground-truth data against which results can be directly compared, making it difficult to assess
if the inferred topics are appropriate (Mifrah & Benlahmar, 2020). This challenge is intensified
by the need to define parameters before employing most topic models, notably the number of
topics, for which no objectively correct solution exists (Mifrah & Benlahmar, 2020). Therefore,
it relies on a combination of computational evaluation and subjective decision making based
on the available data and research objectives (Mifrah & Benlahmar, 2020; Weston et al., 2023).
For instance, solutions with more topics require more time and computational resources to
evaluate and are difficult to label (Weston et al., 2023), leading researchers to compromise
between evaluating metrics and model readability (Arko et al., 2025).

To support that process, several quantitative evaluation measures have been proposed,
including perplexity, exclusivity, variational lower bound, and semantic coherence (Vayansky
& Kumar, 2020; Weston et al., 2023). While authors suggest some of these metrics should be
evaluated conjointly (Weston et al., 2023), scholars often use semantic coherence as their main
or sole evaluating metric (Mifrah & Benlahmar, 2020; Rijcken et al., 2021; Syed & Spruit,
2017; Naing & Udomwong, 2024). Semantic coherence assesses how frequently the most
probable words of a topic co-occur; although, a known limitation is that coherence scores tend
to be higher for models with fewer topics (Weston et al., 2023). Among semantic coherence

metrics, the ¢ v measure’ has been shown to have the highest correlation with human rankings

9 The ¢_v coherence metric evaluates how consistently the most representative words of a topic appear together
in the corpus, combining word co-occurrence patterns with a sliding window and cosine similarity. See Roder et
al. (2015) and Syed and Spruit (2017) for further details.
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of topic interpretability and understandability (Roder et al., 2015), being widely used in
academia (Mifrah & Benlahmar, 2020; Rijcken et al., 2021; Syed & Spruit, 2017).

2.4. Reddit
2.4.1. Background

Reddit was established in July 2005 and has grown into one of the most widely used
platforms on the internet, often described as the largest online forum worldwide (Lundblade,
2023; Medvedev et al., 2020). It was created in response to the rapid expansion of user-
generated content on the web in the early 21st century, when internet users increasingly faced
difficulty identifying information they found relevant or engaging in a timely manner (Panek,
2020). Unlike search engines (e.g., Google), which are most useful when users have a clear
informational goal, Reddit was designed to support interest-driven browsing, allowing users to
encounter content through communities rather than specific queries (Panek, 2020).

To achieve this end, Reddit is organized into topic-based communities known as
subreddits, each devoted to particular interests, themes, or issues, allowing users to curate the
information they are exposed to by selectively following communities they deem relevant
(Panek, 2020). This is a defining characteristic of the platform, as users follow communities
rather than individual users, distinguishing Reddit from social networking platforms such as
Facebook or Twitter, where content exposure is primarily shaped by interpersonal connections
(Medvedev et al., 2020).

Within these communities, which are created and managed by users (Lundblade, 2023),
users actively participate by creating posts, commenting, and voting, discussing and collective
sense-making around shared topics (Medvedev et al., 2020; Reddit, n.d.). Posts receiving
greater engagement (e.g., through positive voting) gain more visibility, as they are considered
appealing at a given moment, while less valued or older posts gradually decline in prominence,
resulting in a collectively driven mechanism for filtering and prioritizing information within
each subreddit (Panek, 2020; Medvedeyv et al., 2020).

In practice, users perceive and engage with Reddit in multiple ways. Most users
characterize the platform primarily as a forum that serves entertainment, informational, and
content-sharing purposes (Singer et al., 2014). By a large share of its users, Reddit is considered
the main website for entertainment and distraction (Singer et al., 2014). Also, approximately
half of the user base uses it as their primary online source for education, advice, learning, news,
and social interaction and discussion (Singer et al., 2014). Although the platform doesn’t

disclose an official demographic breakdown of its users, estimates suggest a skewed user
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distribution in favor of young adults and men both in Brazil and France (Reddit, 2025; Flesch
& Burnett, 2025).

2.4.2. Schematic Structure

Reddit’s structure is organized around the aggregation and ranking of posts across
different sections of the platform. Users typically enter Reddit through a top page that displays
posts drawn either from all subreddits (for anonymous users) or from the subreddits a registered
user follows, with posts ordered according to voting activity and time of submission
(Medvedev et al., 2020; Panek, 2020). Beyond this general feed, users can access subreddits
with their own dedicated top page, only displaying posts pertaining to that community and
ranked according to the same criteria (Medvedev et al., 2020). Each post also includes an
attached comment section, where discussions are structured as a reply-based tree, allowing
users to respond directly to the post or to other comments in a nested manner (Medvedev et al.,

2020). Reddit’s structure can be seen in Figure 1.

Figure 1

Schematic Structure of the Reddit Platform
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Note. Figure extracted from Medvedev et al. (2020).

2.4.3. Reddit Applications in Academic Research
Reddit has become a prominent source of data for academic research, particularly in
studies of online discourse, largely because of its scale and its organization into topic-based

communities (Medvedev et al., 2020; Panek, 2020), which provides researchers with access to
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inexpensive, high-quality data (Jamnik & Lane, 2019). As documented by Proferes et al.
(2021), the platform’s subreddit structure enables scholars to examine discussions that are both
thematically focused and socially contextualized, making Reddit a valuable site for the study
of discourse, interaction, and community dynamics. Accordingly, Reddit has been used as a
data source in research on political debate, collective sense-making, sentiment, and polarization
(Sander, 2025; Corso et al., 2024; Cunha & Silva, 2024; Yang et al., 2022), with studies
commonly analyzing posts, comments, metadata, voting behavior, and subreddit-level
characteristics (Proferes et al., 2021).

Building on these platform characteristics, Reddit’s subreddit-based structure is often
leveraged as a methodological mechanism for data collection by constraining analyses to
country-focused communities (Sander, 2025; Corso et al., 2024; Yang et al., 2022). For
example, Corso et al. (2024) analyzed the subreddits r/france and r/italy and compared how the
Russian invasion of Ukraine shaped online interactions within the most representative French
and Italian Reddit communities. This strategy allows researchers to delimit datasets both
linguistically and topically and has been similarly applied in studies collecting data from
Brazilian, Canadian, and United Kingdom national subreddits (r/brasil, r/canada,
r/unitedkingdom) (Sander, 2025; Yang et al., 2022). Although such communities are not
representative of national populations, they are explicitly country-oriented and constitute
highly active national or political spaces within Reddit’s ecosystem, making them useful
objects of study (Corso et al., 2024; Cunha & Silva, 2024; Yang et al., 2022).

Another characteristic that contributes to Reddit’s frequent use in academic research is
its support for programmatic data access, which makes data free and accessible (Jamnik &
Lane, 2019; Reddit, n.d.). Reddit offers free access to its APIs, which enable researchers and
developers to retrieve data directly from its communities (Reddit, n.d.). Through Reddit’s APIs,
third parties can systematically collect large volumes of data without relying on manual
scraping, facilitating reproducible and scalable research practices (Holoveichuk et al., 2024).
A common approach among researchers is to interact with Reddit’s API through PRAW
(Python Reddit API Wrapper), a Python library specifically designed to simplify data collection
from Reddit by providing structured access to posts, comments, users, and subreddit

information via Python code (Holoveichuk et al., 2024; Dash et al., 2024).
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3. Methodological Procedures
3.1. Research Design

This study follows an exploratory research design, as it seeks to investigate patterns and
trends in online discourse surrounding the EU-Mercosur Agreement. To this end, a
quantitative-computational approach, relying on automated text processing and classification
techniques, is applied to identify the perceptions of French and Brazilian Reddit users regarding
the agreement. More specifically, sentiment analysis is employed to quantify how users
participating in Brazilian and French subreddits (r/brasil and r/france) perceive the EMPA
through their comments on EMPA-related posts. This design (Figure 2) enables a systematic
assessment and comparison of perceptions among French and Brazilian users, thereby
addressing the research question: How do Brazilian and French citizens perceive the EU-

Mercosur Agreement?

Figure 2

Research Design

EU-Mercosur Agreement

}

Digital public debate
(Reddit)

}

Discursive content
(comments)

l

Sentiment Analysis

|

Citizen perceptions of the
agreement

Note. Figure elaborated by the author.

To meet the research’s ancillary objectives, two complementary analytical steps were
conducted. First, a monthly temporal aggregation of sentiment analysis results was conducted,
as done by Corso et al. (2024), to examine whether public sentiment toward the EU-Mercosur

Agreement shifted in the year following the political agreement reached in December 2024
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across French and Brazilian national contexts. Second, topic modeling, more specifically LDA,
was applied to Reddit comments to identify the dominant themes structuring online discussions
about the agreement, due to its compatibility with sentiment analysis (Jelodar et al., 2018;
Hankar et al., 2025). These topics were then combined with the sentiment analysis results to
enable a fine-grained analysis of topic-specific attitudes in the two countries.

Based on the research design and on these additional analytical steps, Figure 3 provides
a schematic overview of the methodological structure adopted in the study, adapted from the
one proposed by D’Andrea et al. (2015) for sentiment analysis. It outlines how data extraction
is operationalized through successive steps of data collection and cleaning, then data pre-
processing, before being analyzed through sentiment analysis, temporal aggregation, and topic
modeling. This structure clarifies the analytical flow of the study and situates the specific
procedures detailed in the following sections: Data Extraction and Data Analysis (which

comprises data pre-processing steps).

Figure 3

Methodological Structure

Data Pre-Processing

Lowercasing

Data Extraction

Data Analysis

Subreddit selection

Stopwords removal . .
1 Sentiment analysis

Data colection Tokenization
— e Temporal aggregation

Data cleaning (e.g., removal
of unrelated posts)

Lemmatization/Stemming

Topic modeling

Removal of non-

alphanumerical characters

Note. Figure elaborated by the author!®.

10 Although shown in Figure 3 as a standalone stage of the methodological structure for clarity, data pre-
processing is detailed in the Data Analysis section, as each employed analytical method required specific pre-
processing procedures.



32

3.2. Data Extraction
3.2.1. Data Source

Reddit was chosen as the data source due to three main reasons: i) its community-based
structure; ii) its free-to-use APIs, which facilitate data collection; iii) its frequent adoption in
prior research as a platform for analyzing public discourse. More specifically, the use of
sentiment analysis on Reddit data is also well established in literature, notably in studies
examining public perceptions and attitudes toward social, technological, geopolitical, and
economic issues. For instance, previous research has applied sentiment analysis to Reddit
discussions to assess individuals’ perspectives on vaccination (Alamoodi et al., 2021),
emerging robotic and automated technologies (Savela et al., 2021), geopolitical conflicts
(Corso et al., 2024) and publicly traded companies (Wang & Luo, 2021).

As seen in Figure 1, Reddit is organized in communities called subreddits, a feature that
was used in past research to collect data from country-focused communities (Sander, 2025;
Corso et al., 2024; Yang et al., 2022). Leveraging this structure, data was collected from
r/france and r/brasil, as these are the two largest country-focused subreddits dedicated to France
and Brazil, respectively; and display comparable levels of activity, including similar numbers
of followers, weekly visitors, and weekly contributions (posts and comments)!!. These

comparative metrics are presented in Table 1.

Table 1

Activity Metrics of r/france and r/brasil

Weekly contributions

Subreddit Number of followers Weekly visitors
(posts and comments)
r/brasil 3.3 million 488,000 21,000
r/france 2.5 million 487,000 29,000

3.2.2. Data Collection

Data collection from r/france and r/brasil was conducted using the Python Reddit API
Wrapper (PRAW), which provides programmatic access to Reddit’s official API (Holoveichuk
et al., 2024). A custom Python script was developed to retrieve posts matching the study’s

query parameters.

" This information was collected from https://www.reddit.com/r/france/ and https://www.reddit.com/r/brasil/
on 20 December 2025.



https://www.reddit.com/r/france/
https://www.reddit.com/r/france/
https://www.reddit.com/r/brasil/
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The query parameters included a timeframe ranging from 1 December 2024 to 20
December 2025. This timeframe was selected to capture discourse preceding EMPA’s political
agreement on 6 December 2024 and extending through the period following the farmers’
protests against the EMPA in Brussels'?,, home to the European Parliament, and the
introduction of additional safeguards aimed at protecting EU farmers on 17 December 2025
(Council of the European Union, 2025).

Additionally, to ensure results referred to the EMPA, the query used keywords and
logical operators to identify posts associated with the deal. Keywords included multiple
linguistic and orthographic variations of key terms of the deal (e.g., EU, Mercosur, and EU-
Mercosur) to ensure coverage across languages and writing conventions. These included
linguistic variants (e.g., Mercosur and Mercosul), abbreviations (e.g., Mercosur and Mercado
Comum do Sul), as well as formatting variations (e.g., EU-Mercosur and EU-Mercosur), both
in French and Portuguese. In sum, queries looked for explicit EU-Mercosur, or related terms,
mentions, or a combination of EU-related terms and Mercosur-related terms.

For each collected post, the script stored post-level metadata (e.g., title, body text,
timestamp, score, and URL) and then extracted all available comments and their metadata (e.g.,
comment body, comment score, and timestamp) from the corresponding comment tree. To
support analysis at the comment level, comments were saved as individual observations, as
they constitute the primary unit of analysis, with a direct link to their originating post.

Through this approach, a total of 11 posts and 233 comments were collected from
r/france, while the collection from r/brasil yielded a total of 36 posts and 1252 comments. This

procedure generated two standardized and comparable datasets across both subreddits.

3.2.3. Data Cleaning and Final Dataset

Upon manually inspecting the posts contained in both datasets, it became evident that
some of them, despite including relevant keywords, were not at all related to the EU-Mercosur
Agreement. Such posts and the comments associated with them were therefore excluded from
the final datasets.

At the comment level, several cleaning procedures were applied to ensure the quality

(132

and relevance of the datasets. Comments containing empty text (e.g., “ ), as well as comments
marked as deleted (“[deleted]”) or removed (“[removed]”), were excluded. Additional

comments consisting solely of URLs were also removed, as they did not contain substantive

2 Euronews (2025b).
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textual content. Moreover, comments containing automated identifiers (e.g., “RemindMeBot”)
were deleted, as these identifiers suggested non-user-generated content. Finally, five comments
from r/brasil exceeded the maximum token length (512 embeddings) supported by the
sentiment analysis model and were also excluded from the dataset. These comments were
automatically removed from the datasets using a Python script.

After excluding these observations, 10 posts and 220 comments were left in r/france’s
dataset, and 27 posts and 831 comments were left in r/brasil’s dataset. This information was

summarized in Table 2.

Table 2

Number of Posts and Comments Before and After Data Cleaning

Dataset Posts (raw) Comments (raw) Posts (clean) Comments (clean)
r/brasil 36 1,252 27 831
r/france 11 233 10 220
3.3. Data Analysis

3.3.1. Sentiment Analysis

This study employed unsupervised sentiment analysis models selected based on
language suitability, prior validation on Reddit data, and benchmarked performance on social
media text. For comments from r/france, the model distilbert-base-multilingual-cased-
sentiments-student (Yuan, 2023) was employed. This choice was made due to its prior use in
sentiment analysis research conducted on French Reddit data from the same subreddit (Corso
et al., 2024). For comments from r/brasil, the caramelo-smile-2 model (Dantas, 2024), a
language model specialized in Brazilian Portuguese, was selected, as it has been shown to
outperform large language models (e.g., GPT-4) and other multilingual approaches in
sentiment analysis of social media texts in Portuguese (Henz et al., 2025). Both models are
fine-tuned for sentiment classification tasks and are able to capture linguistic patterns
characteristic of social media discourse (Corso et al., 2024; Henz et al., 2025). The models are

publicly available on Hugging Face'® and were accessed via Hugging Face’s APIs.

13 distilbert-base-multilingual-cased-sentiments-student is available on https://huggingface.co/Ixyuan/distilbert-
base-multilingual-cased-sentiments-student; caramelo-smile-2 can be found on
https://huggingface.co/Adilmar/caramelo-smile-2.



https://huggingface.co/lxyuan/distilbert-base-multilingual-cased-sentiments-student
https://huggingface.co/lxyuan/distilbert-base-multilingual-cased-sentiments-student
https://huggingface.co/Adilmar/caramelo-smile-2
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The sentiment analyses were conducted using a Python script that relied on the
transformers library to access the selected models. Comments from each dataset were
processed according to their subreddit of origin and passed through the corresponding model.
Each comment was assigned a categorical sentiment label (negative, neutral, or positive)
reflecting the sentiment conveyed by the text. To enable quantitative aggregation and
comparison, sentiment labels were subsequently mapped to a numeric scale (negative = —1,
neutral = 0, positive = +1).

In addition to categorical sentiment classification, word clouds were produced as an
exploratory visualization to illustrate the most frequent terms associated with each sentiment
category. Word clouds were generated following a language-specific pre-processing pipeline
applied separately to comments from r/france and r/brasil. Text processing was conducted
using the NLTK Python library and included lowercasing, removal of punctuation and non-
alphanumeric characters, language-specific stopword removal, tokenization, and stemming.
Based on the processed corpora, six word clouds were created, one for each sentiment category
across the two subreddits, each displaying the 25 most frequent terms, with word size
proportional to frequency. These visualizations are presented in Section 4.1, together with the
distribution of each sentiment category and an example comment corresponding to each

classification.

3.3.2. Temporal Sentiment Aggregation

Temporal analysis was conducted through monthly aggregation of comments and their
associated sentiment classifications, an approach adopted by Corso et al. (2024). This level of
temporal granularity was selected to balance interpretability with the uneven distribution of
comments across shorter time intervals. For each month, the relative proportions of positive,
neutral, and negative comments were calculated.

To visualize temporal trends, two stacked bar charts, one for each subreddit, were
generated using Python’s matplotlib library. In these figures, each bar represents a single
month, with months containing no comments excluded to enhance visual clarity. Sentiment
proportions are displayed as stacked segments within each bar, while the total number of
comments per month is indicated above the bars to provide contextual information on data
volume. These visualizations, found in Section 4.2, enable analyses of sentiment dynamics over

time and comparisons between the two subreddits.
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3.3.3. Topic modeling

Topic modeling was employed to identify recurring discursive patterns in Reddit
comments related to the European Union-Mercosur trade agreement. Specifically, LDA was
selected due to its widespread use in topic modeling research (Blei, 2012; Jelodar et al., 2018)
and, more importantly, its compatibility with sentiment analysis techniques (Jelodar et al.,
2018; Hankar et al., 2025). The corpora consisted of comments collected from the r/france and
r/brasil subreddits. Each comment was treated as an individual document, and the analyses
were conducted separately for each national corpus.

Before applying LDA, the datasets underwent a series of preprocessing steps to ensure
suitability for topic modeling. These included lowercasing and the removal of URLs, user
mentions, hashtags, numbers, and non-alphabetic characters. Additionally, texts were then
lemmatized using Python’s spaCy library in order to reduce morphological variation and
improve semantic consistency across documents. At first, only language-specific stopwords
were removed from each dataset, and additional discourse-level terms that did not contribute
to thematic differentiation were iteratively excluded. Lastly, bigrams and trigrams were
generated using the gensim Python library to capture relevant multi-word expressions.

Next, LDA models were estimated using gensim with 15 training passes and 1000
iterations, while o and n were automatically set by the model. The number of topics (k) for
each corpus was selected independently based on a combination of coherence analysis using
the ¢_v metric and topic interpretability. For each dataset, models were estimated for values of
k ranging from 2 to 14, and coherence scores were calculated for each setting. Figures 4 and 5

display the resulting coherence values.
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Figure 4
Coherence (c_v) values for LDA models with 2-14 topics in the French corpus
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Figure 5

Coherence (c_v) values for LDA models with 2-14 topics in the Brazilian corpus
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Based on coherence values alone, the optimal k would be three for the French corpus
(c_v=0.439) and two for the Brazilian corpus (c_v = 0.494). However, qualitative inspection
of the optimal models revealed that the resulting topics of the Brazilian two-topic solution were

overly broad and difficult to interpret. Consequently, a three-topic model for the Brazilian
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corpus (c_v=0.470) was also examined and ultimately retained, as it provided clearer thematic
differentiation and interpretability with a marginal coherence reduction. Models with four and
five topics were also explored, despite the swift drop in ¢_v score observed in Figure 5, but
didn’t provide better interpretability when compared with the three-topic model.

At first glance, a three-topic solution seemed like an overly compact thematic structure.
However, prior research suggests that the optimal number of topics in LDA is influenced by
corpus size and the length of individual documents. Weston et al. (2023) argue that larger
corpora composed of longer responses provide greater opportunities for thematic
differentiation, while smaller datasets naturally support fewer topics.

In this study, in addition to both corpora being relatively limited in size — with the
French dataset being particularly small, as shown in Table 2 —, they are also constrained to a
single subject, the EU-Mercosur Agreement. Furthermore, they were extracted from country-
specific sources, which further restricts their thematic granularity. Given these considerations,
three-topic models were adopted for both corpora. The resulting topics and their most
representative terms are presented in Section 4.3.

These topics were then labeled according to a qualitative inspection of their respective
representative terms, with particular attention to words that were distinctive to individual topics
rather than shared across multiple topics, as such words are considered more likely to capture
topic-relevant content (Airoldi & Bischof, 2016). This process was conducted in conjunction
with domain knowledge of the EU-Mercosur Agreement, found in the Literature Review, and
manual inspection of comments associated with each topic. The labeled topics for French and
Brazilian corpora are displayed in Section 4.3.

Finally, to be able to evaluate how sentiment varied across the three topics in French
and Brazilian discourse, each comment was assigned a topic label based on its dominant topic
— the topic with the highest proportion within the document — via an argmax function, a
common approach in academia (Lossio-Ventura et al., 2021; Lin et al., 2012). Based on this,
graphical representations were generated to illustrate both the number of comments per topic
and the distribution of sentiment within each topic. Separate figures were produced for the

French and Brazilian corpora. These are presented and discussed in Section 4.3.

4. Results
4.1. Sentiments of Comments in r/france and r/brasil
Table 3 presents the distribution of sentiments attributed to comments collected from

r/france and r/brasil, alongside word clouds and illustrative comments for each of the three
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sentiment categories. For each subreddit, the table reports the absolute number of comments
classified as neutral, positive, and negative, as well as their relative proportion within the
dataset, allowing for a direct comparison of sentiment prevalence across national contexts.

In r/france, negative sentiment is the dominant category, accounting for 167 comments
(75.9%), followed by positive sentiment with 42 comments (19.1%), while neutral sentiment
is comparatively marginal, comprising only 11 comments (5%). The word clouds associated
with negative sentiment highlight recurrent terms related to geopolitical issues, particularly the
Russia-Ukraine war, whereas the positive sentiment word cloud references, for example,
agricultural products, cow and meat, and automobiles. Neutral comments are limited in number
and, based on the word cloud and the illustrative comment, seem to focus on procedural or
descriptive aspects of the agreement.

On the other hand, in r/brasil, sentiment distribution is more balanced, although skewed
towards negative and neutral sentiments, and comments are substantially more numerous.
Negative sentiment remains the largest category with 366 comments (44%), but neutral
sentiment represents a substantial share with 310 comments (37.3%). Positive sentiment
accounts for 155 comments (18.7%). All three word clouds mention manufacture, though the
term appears more frequently in positive comments, followed by neutral ones. The only word
cloud to contain an agriculture-related word was the positive one, meaning the term only
featured in the 25 most frequent words of this sentiment.

In sum, Table 3 provides a descriptive overview of how sentiment is distributed across
the two subreddits and visually summarizes the most frequent words present in comments from
each sentiment category, serving as a basis for the comparative and interpretative analysis of

the results.
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Sentiment Distribution, Example Comments, and Word Clouds from r/france and r/brasil

Sentiment Count Example of Comments Word Cloud
r/france
Negative 167 “This is less about wealth gained than about protecting franceci€'¢ 3", g Wellm;
(75.9%) national food production. u r"» ' n 52
A country that imports its food creates a very dangerous Wwar do €urope ne
source of leverage. Many imports can be foregone if gone europe
they are blocked, but not food. The same applies to CC
energy (electric and otherwise).”
Neutral 11 “It is not the only group with absent members, but it is D =
(5.0%) the only group with so many members present who 'E'_ _
refused to vote either for or against.” 8 g
a]_onea b S e n trewlly
Positive 42 “Yet Uruguayan meat is far better than French meat, good d on e 2yrpbonds
(19.1%) and farming conditions are as well. I think meat is the £ e f
least problematic product in this case.” g sButh
%lr,l can
v.-antsn eWe Tisca pe
r/brasil
Negative 366 “It will literally create jobs for Europeans, while be?—s az l l ﬁ(éu try
(44.0%) agribusiness here barely employs anyone and will be the manu facture ector

only one benefiting, [ want to see your opinion on that.
What strategic sector? None will be left, if any remain,
they will be sold or put out to tender for others. The
only ‘strategic sector’ that will remain is soybean
agribusiness and the speculators who profit from it.
But the agreement does not say it will kill any sector, it
talks about reducing import and export tariffs, it is not
as if we were removing taxes only for one specific
sector. We never stop getting screwed.”

USd *brazilisn

Ch namarket

a g can a

)
—
products

griculture
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Neutral 310 “Look, the agreement has very good potential. It allows dogurope manufacture
(37.3%) us to strengthen a market that moves away from the g r e emen

China/USA axis. China tends to offer very attractive cpeo le.;
proposals to Brazil and treats us with a great deal of "" agriculture,Wgrld
respect, but we need to diversify our sources of b ra Z l ];afess
investment, imports, exports... There is no point in
clinging to someone else’s neck. The problem is that
this agreement can also seriously harm our industry.
Brazil is the ‘heavyweight’ country of the Mercosur
bloc, just as Germany and France sustain the EU. But
opening the floodgates of our local market can also
severely undermine the competitiveness of national
industry when it comes to dominance within our own
bloc. In short, gains and losses, Brazil needs to
industrialize as of yesterday.”

—

products

Positive 155 “Very good indeed and before anyone says it will screw m a n u f a C t ure
(18.7%) over national manufacturing industry, it is worth part g0razil
remembering that they themselves are in favor of the : er,f“ g O O d
agreement. vel
Damn, if European chocolate becomes cheaper here it . ';G :
will be great.
Yes, people have a very outdated view of
manufacturing, focused on autarky, from a time when it
was possible for a country to have its entire production
chain within itself and when tariffs protected the weak
parts of the production chain. Today manufactured
products require parts made all over the world, chemical
products, etc. So free trade is no longer necessarily bad
for national industry.
The only industry that could really have some problems,
honestly, is the automotive one”

still

Note. Word clouds and illustrative comments were translated from French and Portuguese
into English for comparability. A table presenting the original content in French and

Portuguese is provided in Appendix A.

4.2. Temporal Distribution of Sentiments

This section examines the temporal distribution of sentiment in comments related to the
EMPA, based on monthly aggregations of sentiment classifications. The stacked bar charts
exhibited in Figures 6 and 7 illustrate the evolution of positive, neutral, and negative sentiment
over time, from December 2024 to 20 December 2025, in r/france and r/brasil, respectively.

In r/france, overall commenting activity is concentrated in December 2024 and in the
last four months of 2025. The chart indicates limited variation in sentiment composition across
months, except for April 2025, when there was only one comment, and December 2025, when
negative comments comprised 84% of total comments. Negative sentiment consistently

represents the largest proportion of comments, usually at around 70%, neutral comments were
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marginal in all months besides November 2025, after which the proportion of positive

comments shrank from 24-30% to around 13.3-13.9%.

Figure 6
Distribution of Sentiments (%) and Number of Comments from r/france per Month
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Note. Only months with comments were displayed in the graph. The bold figures on top of

the stacked columns represent the number of comments per month.

In r/brasil, the volume of comments varies substantially across months, with most of
the commenting activity observed in December 2024 and December 2025. Across the observed
period, negative sentiment constitutes the largest share in most months, although its relative
proportion fluctuates over time. Neutral sentiment represents a substantial component of the
discourse in several months, particularly during periods of low commenting activity, while
positive sentiment consistently accounts for a smaller share of comments. Despite the
fluctuation in terms of activity, the stacked bar chart shows that the relative composition of
sentiment remains broadly stable, with comments classified as negative and neutral together

accounting for the majority of comments in most months.
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Figure 7

Distribution of Sentiments (%) and Number of Comments from r/brasil per Month
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Note. Only months with comments were displayed in the graph. The bold figures on top of

the stacked columns represent the number of comments per month.

This temporal analysis shows that sentiment distributions in both subreddits exhibit
recurring patterns over time rather than sharp differences between the months. While total
comment volume fluctuates considerably, particularly in r/brasil, both subreddits concentrate

a relevant share of their comments in the end of 2024 and 2025, mainly in December.

4.3. Thematic Structure of Reddit Discourse and Sentiment Orientation

This section presents the results of the topic modeling analysis and examines how
sentiment is distributed across the identified topics in the French and Brazilian Reddit corpora.
Topic modeling was applied separately to comments from r/france and r/brasil, resulting in
three-topic solutions for both datasets. For the French corpora, the topics and their
representative terms are reported in Table 4, while the corresponding topic labels are presented
in Tables 5. For Brazilian corpora those are displayed respectively in Tables 6 and 7. Figures
8 and 9 display the distribution of sentiment and the number of comments associated with each
topic identified in r/france and r/brasil, respectively.

In the French corpus, Topic 1 groups comments are primarily associated with
agriculture, meat, imports, and farming-related terms. This topic contains 58 comments and is

characterized by a predominance of negative sentiment (69.0%), alongside a smaller proportion
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of positive sentiment (25.9%) and a limited share of neutral comments (5.2%), as shown in
Figure 8.

Topic 2, which includes terms related to voting, European decision-making processes,
and procedural aspects of the agreement, comprises 90 comments. Within this topic, negative
sentiment represents the largest share (78.9%), while positive and neutral sentiments account
for 14.4% and 6.7% of comments, respectively.

Topic 3, centered on geopolitical references such as the Russia-Ukraine war and
broader international tensions, includes 60 comments and exhibits the highest proportion of
negative sentiment among the three topics (81.7%), while positive sentiment accounts for

15.0% of comments, and neutral sentiment remains marginal.

Table 4

Topics Identified in r/france Corpora and their Representative Words

Topic Representative words

1 agreement, meat, country, power, France, farmer, do, French, really, pass, large, import,
nothing, part, state, ltaly, United Kingdom, never, time, state

2 agreement, Europe, do, European, Mercosur, France, Ukraine, well, vote, case, country, good,
need, group, farmer, customs duty, Russian, sum, subject, absent

3 Ukraine, Russia, Taiwan, country, do, European, well, China, need, see, war, want, Europe, help,
thing, know, nothing, hig, agreement, conflict

Note. The representative words were translated from French to English. A table presenting

the original content in French is provided in Appendix B.

Table 5

Labeled Topics Identified in r/france Corpora

Topic Label
1 Agriculture, meat, imports, and farming-related trade concerns
2 Voting, European decision-making process, and procedural debate

3 Ukraine-Russia war and broader geopolitical tensions
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Figure 8

Distribution of Sentiments (%) and Number of Comments across Topics from r/france
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In the Brazilian corpus, Topic 1 is composed of comments referencing agribusiness,
exports, and international markets. This topic includes 249 comments and displays a mixed
sentiment distribution, with negative sentiment accounting for 49.8% of comments, neutral
sentiment for 36.5%, and positive sentiment for 13.7%, as illustrated in Figure 9.

Topic 2 encompasses discussions of trade policy, tariffs, and political or economic
governance, and contains 221 comments. Sentiment within this topic is more evenly
distributed, with negative comments representing 45.2%, neutral comments 36.7%, and
positive comments 18.1% of the total.

Topic 3, focused on manufacturing, imports, and multinational firms, is the largest topic
in the Brazilian dataset with 361 comments. This topic presents the lowest share of negative
sentiment among the three Brazilian topics (39.3%) and the highest proportion of positive

sentiment (22.4%), alongside 38.2% neutral comments.
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Table 6

Topics Identified in v/brasil Corpora and their Representative Words

Topic Representative words

1 agreement, country, Brazil, European, agribusiness, product, market, China, Europe, Brazilian,
manufacturing industry, sell, gain, export, meat, France, buy, global, expect

2 agreement, Brazil, product, company, no, capital, sector, economic, some, government,
Brazilian, tariff, Trump, China, article, Brasilia, economy, NAFTA, ltalian, country

3 Brazil, agreement, manufacturing industry, Brazilian, company, European, ltaly, country,
Europe, import, China, world, France, national, agribusiness, market, Enel, ltalian, chocolate,
neoliberalism

Note. The representative words were translated from Portuguese to English. A table

presenting the original content in Portuguese is provided in Appendix C.

Table 7

Labeled Topics Identified in r/brasil Corpora

Topic Label
1 Agribusiness, exports, and international markets
2 Trade policy, tariffs, and politics

3 Manufacturing, imports, and multinational firms
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Figure 9

Distribution of Sentiments (%) and Number of Comments across Topics from r/brasil
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Overall, the results indicate that sentiment varies across topics within each national
corpus. In r/france, negative sentiment is dominant across all three topics, although its intensity
differs by thematic focus. In r/brasil, sentiment distributions are more balanced across topics,
with substantial shares of both neutral and positive comments alongside negative ones. These
patterns are visually summarized in Figures 8 and 9 and provide a descriptive overview of how
thematic focus and sentiment orientation intersect in French and Brazilian Reddit discussions

surrounding the EMPA.

5. Discussion

This chapter discusses the results presented in Chapter 4 with the aim of interpreting
how Brazilian and French Reddit users perceive the EMPA. In doing so, it addresses the study’s
main research question: how Brazilian and French citizens perceive the agreement, while also
engaging with the two ancillary objectives: the examination of sentiment variation over time
and the analysis of sentiment orientation across dominant discussion topics.

The discussion is structured in three parts. Sections 5.1 and 5.2 examine the French and
Brazilian cases separately, interpreting overall sentiment orientation, temporal dynamics, and
thematic structure in r/france and r/brasil, respectively, and situating these findings within the

political and economic contexts outlined in Chapter 2. Section 5.3 then brings the two cases
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together in a comparative analysis, synthesizing similarities and differences in evaluative
orientation, uncertainty, engagement, and thematic framing to assess how public perceptions

of the EMPA diverge across national contexts.

5.1. France’s Sentiment Analysis on the Mercosur-EU Economic Agreement
5.1.1. Overall Sentiment Orientation in French Discourse

The results presented in Section 4.1 indicate that sentiment expressed in r/france toward
the EMPA is overwhelmingly negative. Negative comments account for over 75% of all
observations, while positive sentiment represents less than 20% of the dataset, and neutral
sentiment remains marginal. This distribution suggests a highly evaluative discourse, in which
users tend to adopt explicit negative positions rather than descriptive or comparative stances.

This pattern is consistent with France’s role as one of the principal opponents of the
agreement within the European Union (Kaspiarovich, 2025; Mendoza & Moshammer, 2023),
as French resistance has been repeatedly linked to concerns over domestic agriculture, food
safety, and environmental standards (Nolte & Ribeiro, 2021; Mendoza & Moshammer, 2023).
The predominance of negative sentiment observed in r/france aligns with these documented
political, institutional and sectoral positions, suggesting that public discourse on Reddit broadly
mirrors the critical stance articulated by political authorities and agricultural stakeholders.

At the same time, the limited presence of neutral sentiment indicates that discussions
rarely focus on technical or procedural aspects of the agreement in isolation, nor do they engage
extensively with the distributive trade-offs associated with the EMPA. Rather than weighing
potential gains and losses across sectors or considering how safeguards might mediate impacts,
comments tend to adopt clear evaluative positions. Instead, even comments engaging with
institutional dimensions tend to be framed evaluatively, reinforcing the polarized nature of the
debate observed in the French dataset.

This finding contrasts with part of the literature, which not only emphasizes the
existence of safeguards embedded in the EMPA (e.g., TRQs, provisions related to
environmental standards) (European Parliament, 2025) but also discusses the agreement in
terms of distributional trade-offs and sector-specific impacts (Timini & Viani, 2022; Pose-
Ferraro, 2025). The negligible proportion of neutral comments in the French dataset suggests
that neither safeguard mechanisms nor arguments concerning distributional gains are
sufficiently relevant in French Reddit discourse to offset negative evaluations of the agreement,
in line with Krzyzanowski (2025) and with agricultural stakeholders (EFFAT, n.d.; Dupré &
Kpenou, 2025). Thus, rather than engaging with the EMPA through a balanced perspective of
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institutional mitigation or distributive analysis, users appear to frame their assessments

primarily in terms of perceived risks and vulnerabilities.

5.1.2. Temporal Analysis of Sentiment Orientation of French Discourse

With respect to the first ancillary objective, the temporal analysis presented in Section
4.2 shows that sentiment orientation in r/france remains relatively stable over the observed
period. Although the volume of comments fluctuates, particularly around December 2024 and
the final months of 2025, the relative proportions of negative, positive, and neutral sentiment
exhibit limited variation across months.

While this temporal stability is consistent with France’s political positioning toward the
EMPA, which has remained consistently critical over the years (Nolte & Ribeiro, 2021) and
following the political agreement reached in December 2024 (Vie Publique, 2025), the absence
of observable sentiment shifts remains noteworthy. In particular, no clear change in sentiment
is detected ahead of the trade uncertainty associated with tariff proposals announced by the
United States during the first half of 20254, nor in connection with reported escalations in the
Russia-Ukraine war during the observed period'’.

This lack of variation is notable given that the EMPA can be framed as a strategic
instrument for the European Union to reduce its dependency on the United States (Gohin &
Matthews, 2025) and to mitigate supply-chain vulnerabilities arising from the Russia-Ukraine
conflict (Hagemejer et al., 2021). Within the timeframe and time intervals adopted in this study,
French discourse appears largely unaffected by these external geopolitical developments,

indicating opposition as stable rather than event driven.

5.1.3. Thematic Structure and Sentiment Orientation of French Discourse

The second ancillary objective intends to identify the main topics structuring discussion
of the EMPA and examine how sentiment varies across them. Three dominant topics were
identified in the French corpus: agriculture-related concerns; European decision-making and
procedural debate; and geopolitics and international conflict.

Across all three topics, negative sentiment remains dominant, although its intensity
varies by thematic focus. Notably, agriculture-related discourse (Topic 1) exhibits the highest

proportion of positive sentiment among the three topics, even though negative evaluations still

4 Renshaw et al. (2025).
15 Kassam (2025); O’Grady & Morgunov (2025); AFP (2025).
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account for the majority of comments. While this pattern does not imply overall support for the
agreement within agricultural discourse, it suggests that agriculture-related discussions
encompass a wider range of evaluations.

As highlighted in Chapter 2, the expected economic impacts of the EMPA vary
substantially across agricultural subsectors (European Parliament, 2025; Vie Publique, 2025).
While sectors such as beef, poultry, and sugar are commonly framed as vulnerable to increased
competition (Krzyzanowski, 2025; EFFAT, n.d), other products — including wine, spirits, and
certain dairy products such as cheese — are identified as holding stronger comparative
advantages compared to Mercosur markets (Vie Publique, 2025; Timini & Viani, 2022). This
sectoral heterogeneity could help interpret the relatively higher share of positive sentiment
observed within Topic 1.

This interpretation is further supported by the qualitative characteristics of positive
comments reported in Chapter 4. Positive agriculture-related comments reference concrete,
consumer-facing considerations rather than abstract policy effects, such as evaluations of
product quality, comparisons between French and Mercosur meat, or references to farming and
production conditions. Some users explicitly frame imported products as “less problematic”
than commonly assumed or as superior in specific respects (e.g., “Uruguayan meat is far better
than French meat, and farming conditions are as well”).

In contrast, discussions centered on institutional processes or geopolitical conflict are
framed in more abstract and strategic terms and exhibit overwhelmingly negative sentiment.
As a result, agriculture-related discourse appears to constitute the primary space within which
differentiated sentiment expression can emerge, even within an overall critical stance on the
EMPA.

Finally, the thematic structure of discourse also contrasts with the overall emphasis
placed on sustainability-related contestation. While environmental protection, deforestation,
and food-safety standards are frequently presented in the literature as central justifications for
French and, more broadly, EU resistance (Nolte & Ribeiro, 2021; Mendoza & Moshammer,
2023; Del Pupo, 2025; Dupré & Kpenou, 2025), the topic modeling results do not yield a
standalone sustainability-focused topic. Instead, environmental considerations appear to be
embedded within broader themes related to agriculture, procedural debate, or geopolitics. This
suggests that sustainability framing is less predominant as an organizing principle than

distributional risks and geopolitical context, for example.
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5.1.4. General Implications of the Analyses of French Discourse

Taken together, the findings indicate that French Reddit discourse on the EMPA is
characterized by sustained and widespread negativity, across the three thematic domains and
stable over time. In response to the main research question, analysis of the discourse
surrounding the EMPA suggests that French citizens participating in r/france predominantly
perceive the agreement unfavorably, in line with France’s long-standing institutional and
political opposition.

At the same time, the combined use of topic modeling and sentiment analysis reveals
that opposition is not entirely uniform. While negative sentiment permeates discussions of
agriculture, institutional processes, and geopolitics alike, agriculture-related discourse
accommodates a broader range of evaluations, possibly reflecting the heterogeneous sectoral
impacts emphasized in the literature. Overall, these findings suggest that French citizens’
opposition to the EMPA on Reddit is shaped by broad sectoral, regulatory, and geopolitical

considerations, rather than by isolated events or short-term developments.

5.2. Brazil’s Sentiment Analysis on the Mercosur-EU Economic Agreement

5.2.1. Overall Sentiment Orientation in Brazilian Discourse

Sentiment expressed in r/brasil toward the EMPA is mixed. While negative sentiment
represents the largest single category (approximately 44% of comments), it does not constitute
a majority. Instead, this negative share is closely followed by a substantial proportion of neutral
sentiment (around 37%), while positive sentiment remains comparatively small (approximately
18%). This distribution suggests that Brazilian discourse on r/brasil surrounding the EMPA is
marked by uncertainty and evaluative hesitation, rather than by consolidated rejection or
endorsement.

This configuration is theoretically meaningful when contrasted with expectations
derived from literature. Macroeconomic assessments frame the EMPA as advantageous for
Brazil in aggregate terms, particularly through export expansion in agribusiness and improved
access to European markets (LSE Business Consulting, 2020; Ribeiro et al., 2023). Although,
at the same time, several authors emphasize uneven distributional effects and sector-specific
trade-offs, including potential pressures on manufacturing and employment (Ribeiro et al.,
2023; Bieler, 2025). The prominence of neutral sentiment in the Brazilian dataset reflects this
tension: rather than aligning decisively with optimistic projections or critical narratives, a large

share of users appears to perceive the agreement as complex and uncertain.
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The limited share of positive sentiment is particularly noteworthy given the degree of
political and organizational support highlighted in the literature. Brazilian political leadership
and influential business organizations, such as CNI and FIESP, have portrayed the EMPA as
strategically beneficial and have positioned Brazil as a proactive advocate of the agreement
within Mercosur (Pose-Ferraro, 2025; Tostes & Albuquerque, 2024; Mendoza & Moshammer,
2023). However, this political and organizational framing does not seem to translate into
widespread endorsement in public discourse and, instead, positive evaluations remain
relatively small.

Qualitative patterns observed in illustrative comments and word clouds further support
this interpretation. Positive comments tend to reference concrete and conditional benefits, such
as consumer gains or strategic diversification, whereas negative comments more frequently
articulate concerns about economic vulnerability and the concentration of benefits. Neutral
comments, by contrast, often adopt a deliberative tone, reflecting uncertainty. Collectively,
these patterns indicate that Brazilian Reddit users approach the EMPA cautiously, evaluating
it through competing expectations rather than through a dominant negative or positive frame.

Ultimately, the aggregate sentiment orientation observed in r/brasil reflects a public

perception of the EMPA as a contested issue, rather than converging on a unified stance.

5.2.2. Temporal Analysis of Sentiment Orientation of Brazilian Discourse

An examination of sentiment over time suggests stability in Brazilian Reddit discourse
on the EMPA. Although levels of engagement fluctuate markedly across months, with notable
peaks in December 2024 and December 2025, the relative distribution of negative, neutral, and
positive sentiment remains largely consistent throughout the observed period.

This temporal stability is particularly noteworthy considering the political and strategic
significance attributed to the EMPA in the Brazilian context. President Lula emphasized the
agreement’s economic and geopolitical relevance and urged European leaders to advance its
ratification during 2025'® (Tostes & Albuquerque, 2024). From this perspective, one might
expect increased public enthusiasm or, at least, a discernible shift in sentiment as the agreement
gained political visibility and support. However, historically, Lula’s executive discourse has
not been uniformly supportive. Throughout his third term, for instance, he has also criticized

the environmental and sustainability standards demanded by the European Union!’, expressed

'8 Euronews (2025a); Malingre & Ricard (2025).
7 CNN Brasil (2023).
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dissatisfaction with terms inherited from the previous administration'®, and publicly suggested
that Brazil might not ratify the agreement within his presidential mandate if the EU failed to
make progress in its ratification process'®. This combination of advocacy and criticism may
help explain why sustained executive attention did not translate into a clear shift in public
sentiment.

Instead, the persistence of stable sentiment patterns over time points to the role of more
durable evaluative frames in shaping Brazilian perceptions of the EMPA. As emphasized by
Ribeiro et al. (2023) and Bieler (2025), debates surrounding the agreement are embedded in
longer-standing concerns about distributional impacts, deindustrialization, and Brazil’s
positioning within global trade. These structural considerations appear to outweigh short-term
political developments, contributing to a discourse that remains cautious and evaluative rather
than reactive to recent events.

Overall, the temporal analysis indicates that Brazilian Reddit users’ perceptions of the
EMPA are characterized by continuity rather than volatility, instead of responding to political

and organizational advocacy over the observed period.

5.2.3. Thematic Structure and Sentiment Orientation of Brazilian Discourse

The topic modeling results indicate that Brazilian discourse on the EMPA is organized
around three broad thematic domains: agribusiness and exports, economic policy and trade
governance, and manufacturing and imports. The distribution of sentiment across these
domains indicates that evaluative orientation in Brazilian discourse is strongly conditioned by
thematic framing, rather than expressed uniformly across issues.

A first notable pattern concerns agribusiness-related discourse. In the literature,
agribusiness is consistently identified as the sector most likely to benefit from the EMPA, due
to Brazil’s comparative advantages and projected export gains (LSE Business Consulting,
2020; Ribeiro et al., 2023). In contrast, agribusiness-related discussions in r/brasil are
associated with comparatively higher levels of negative sentiment than other thematic domains.
Rather than being positively perceived, agribusiness frequently appears in critical narratives
that emphasize the unequal distribution of gains, the concentration of benefits among large

producers, and concerns about broader economic dependency, such as claims that “only

8 CNN Brasil (2024).
9 CNN Brasil (2025).
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soybean agribusiness and speculators benefit”. These framings resonate with critical accounts
that portray the EMPA as reinforcing asymmetrical trade relations (Bieler, 2025; APIB, 2020).

By contrast, manufacturing-related discourse shows the lowest proportion of negative
sentiment and the highest share of positive sentiment among the thematic domains, with an
approximate ten percentage point reduction in negative evaluations compared to agribusiness,
largely absorbed by an increase in positive sentiment rather than neutrality. While the
persistence of negative evaluations may reflect pessimistic expectations regarding
manufacturing vulnerability to external competition and risks of deindustrialization, both
extensively discussed in the literature (Ribeiro et al., 2023; Bieler, 2025), the relatively higher
share of positive sentiment suggests the presence of counterbalancing factors. Neutral
comments frequently adopt a deliberative tone, weighing potential advantages and
disadvantages of the agreement, whereas positive comments tend to emphasize concrete and
consumer-oriented benefits. Illustrative examples include references to higher-quality or
cheaper imported goods, such as European chocolate, which frame the EMPA as potentially
advantageous at the consumer level. This stronger presence of deliberation and optimism
distinguishes manufacturing-related discourse from other thematic domains and helps explain
its comparatively more positive sentiment profile.

Taken together, these topic-specific sentiment patterns suggest that Brazilian
perceptions of the EMPA are not determined by distributional gains or losses listed in the
literature, but may also involve personal interpretations of collective and individual impacts,

resulting in a fragmented evaluative landscape.

5.2.4. General Implications of Brazilian Discourse Analysis

The analyses indicate that Brazilian Reddit discourse on the EMPA is characterized by
ambivalence, thematic differentiation, and limited convergence toward a unified evaluative
stance. At the aggregate level, the coexistence of negative, neutral, and positive sentiment
reflects uncertainty rather than polarized opposition or endorsement. This pattern persists over
time, despite fluctuations in engagement and sustained executive attention to the agreement,
suggesting that public perceptions are shaped by relatively stable evaluative frames rather than
by short-term political developments.

The thematic analysis further clarifies the sources of this ambivalence. Sentiment varies
systematically across issue domains, with agribusiness-related discussions concentrating more
critical evaluations, manufacturing-related discourse displaying comparatively higher positive

sentiment, and policy-oriented discussions occupying an intermediate position. These patterns
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suggest that public perceptions are not simply derived from sectoral “winner-loser”
expectations emphasized in the literature, but are also informed by individual interpretations
of distributive effects, consumer-level implications, and broader concerns about economic
dependency and adjustment. In sum, these findings illustrate how Brazilian evaluation remains
fragmented and conditional, even in a context where political leadership and organizations

express strong support for the policy.

5.3. Comparative Analysis: Brazil and France

A comparison of Brazilian and French Reddit discourse reveals markedly different
structures of public perception surrounding the EMPA. In the French case, public discourse is
characterized by a consolidated and predominantly negative orientation, with limited neutrality
and little evidence of sustained deliberation over trade-offs or distributional gains. Negative
sentiment remains dominant over time and cuts across thematic domains, suggesting a high
degree of evaluative convergence. This pattern aligns closely with the literature describing
strong local opposition to the agreement in France and reflects a public framing of the EMPA
primarily as a source of risk rather than as a negotiable policy instrument.

By contrast, discourse on r/brasil exhibits a more fragmented and ambivalent structure.
Sentiment is distributed across negative, neutral, and positive categories, with neutrality
playing a substantial role and positive evaluations remaining limited but present. This
configuration persists over time despite sustained executive advocacy for the agreement,
indicating weaker alignment between governmental positioning and public sentiment. Rather
than converging on a single evaluative frame, Brazilian discourse differentiates the EMPA
according to thematic lenses, with agribusiness-related discussions tending toward criticism,
manufacturing-related discourse displaying comparatively higher conditional optimism, and
policy-oriented discussions occupying an intermediate, deliberative position.

This divergence between French and Brazilian discourse on Reddit can be further
interpreted in relation to how political authorities and key economic stakeholders position
themselves toward the agreement, particularly with regard to expected distributional impacts.
In France, opposition to the EMPA is shared across executive and legislative institutions and
is strongly reinforced by agricultural stakeholders, who consistently frame the agreement as
harmful to domestic production and local economic interests. In Brazil, by contrast, the
executive has acted as a vocal advocate of the agreement, and debates among organized

economic actors have been more heterogeneous. While Brazilian agribusiness actors are
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frequently identified in the literature as potential beneficiaries, manufacturing stakeholders and
representative organizations have articulated more conditional or even supportive positions,
emphasizing competitiveness, modernization, and consumer gains.

These differences in political and stakeholder positioning are reflected in public
discourse on Reddit. In the communities of both countries, public perceptions engage with
distributional concerns; however, they do so in structurally distinct ways. French discourse
appears more convergent, with distributional arguments reinforcing a broadly negative
evaluation of the agreement across issue domains. Brazilian discourse, by contrast, is more
contested and thematically differentiated, with public discussion organizing itself around both
the theoretical “winners” and “losers” of the deal — agriculture and manufacturing — rather than
collapsing into a single dominant evaluative frame. This contrast suggests that while
distributional considerations are salient in both contexts, they contribute to consolidation of
opposition in r/france and to sustained ambivalence and debate in r/brasil.

Differences between the two countries are also evident in levels of engagement with
the EMPA. As shown in Table 1, r/france and r/brasil communities are comparable in size and
overall activity metrics. However, the volume of posts and comments related to the agreement
is substantially lower in r/france than in r/brasil, as summarized in Table 2. This disparity
suggests that, despite similar levels of community engagement, the EMPA generates less
discussion within the French subreddit. This lower engagement is consistent with the more
consolidated nature of the observed French discourse: where negative evaluative positions are
relatively settled and widely shared, meaning discussions may generate fewer deliberations. In
contrast, higher engagement in r/brasil accompanies a more contested evaluative landscape, in
which uncertainty and divergent sectoral expectations could be promoting more deliberation.

In sum, these contrasts summarized in Table 8 indicate that public perceptions of the
EMPA differ not only in intensity but also in structure and engagement across r/france and
r/brasil. In France, opposition appears consolidated, stable, and resistant to reframing,
producing both polarized sentiment and limited engagement. In Brazil, by contrast, public
perceptions remain unresolved and evaluative, characterized by ambivalence, thematic
differentiation, and relatively higher engagement. The comparative analysis thus explores how
national political context, alignment between political positioning and public sentiment, and
the distribution of perceived gains and losses seem to interact to shape distinct modes of public

engagement with the same international trade agreement.
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Comparative Overview of French and Brazilian Public Discourse on the EMPA on Reddit

Dimension

France

Brazil

Overall sentiment distribution

Sentiment distribution over time

Thematic structure of discourse

Sentiment across thematic
domains

Public-Political Alignment

EMPA-related Activity on
Reddit

Mostly negative (=76% negative);
suggesting high evaluative
convergence

Stable over time

1.  Agriculture, meat, imports, and
farming-related trade concerns

2. Voting, European decision-
making process, and procedural
debate

3. Ukraine-Russia war and broader
geopolitical tensions

Negative sentiment dominant across
all topics; although Topic 1 is slightly
more positive (=25%) than the other
topics (=15%)

Strong alignment: predominantly
negative public discourse mirrors
sustained institutional and political
opposition to the agreement

Comparatively low volume of
posts/comments related to the
agreement; reflects consolidated and
less deliberative discourse

Mixed distribution between negative
(=44%), neutral (=37%), and positive
(=18%); reflects ambivalence and
uncertainty

Stable over time

1. Agribusiness, exports, and
international markets

2. Trade policy, tariffs, and politics

3. Manufacturing, imports, and
multinational firms

Ambivalence across all topics,
however Topic 3 is comparatively
more positive (*22%) and less
negative (=<39%) than Topic 1 (=14%
positive; ~50% negative) and Topic 2
(=18% positive; ~45% negative).

Weaker alignment: while executive
leadership and business organizations
broadly support the agreement, public
discourse remains ambivalent

Higher volume of activity related to the
agreement; reflects contested and more
deliberative evaluative environment

6 Conclusions

6.1. Main Findings

This study examined how Brazilian and French citizens, in particular Reddit users,
perceive the EU-Mercosur Agreement by analyzing sentiment, temporal dynamics, and
thematic structure in Reddit discourse from r/brasil and r/france. By combining sentiment
analysis with temporal aggregation and topic modeling, the research addressed both the main
research question and its ancillary objectives, providing a comparative account of how public

evaluations of the same trade agreement diverge across national contexts. It is worth noting
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that, given the limited representativeness of Reddit users — a known limitation discussed in
Section 6.3 —, the findings should be interpreted as exploratory rather than generalizable to the
broader French and Brazilian populations.

The findings reveal clear differences between r/france and r/brasil in both the
orientation and the structure of the discourse surrounding the EMPA. French discourse is
characterized by a consolidated and predominantly negative sentiment orientation, with limited
neutrality and little evidence of sustained deliberation over trade-offs or potential gains. This
negative stance remains stable over time and cuts across thematic domains, indicating a high
degree of evaluative convergence. Brazilian discourse, by contrast, exhibits a more
heterogeneous configuration: while negative sentiment represents the largest category, neutral
and positive evaluations together account for a substantial share, pointing to ambivalence rather
than outright rejection or endorsement.

Temporal analysis shows that sentiment in subreddits from both countries remains
largely stable over the observed period, despite fluctuations in engagement and significant
political developments related to the agreement. In France, this stability reinforces the
interpretation of opposition as entrenched and resistant to reframing. In Brazil, the persistence
of ambivalent sentiment, despite sustained executive advocacy, suggests that public
perceptions are shaped more by enduring concerns about distributional impacts and economic
uncertainty than by short-term political signaling.

Thematic analysis further highlights important differences in how public perceptions
are organized on Reddit discourse. In France, negative sentiment dominates across themes,
with only limited relative variation in agriculture-related discussions. In Brazil, sentiment is
strongly conditioned by thematic framing: agribusiness-related discourse concentrates more
critical evaluations, manufacturing-related discussions display comparatively higher positive
sentiment, and policy-oriented discussions occupy an intermediate position. These patterns
indicate that Brazilian discourse engages with the EMPA through differentiated sectoral lenses
rather than a single dominant narrative.

Together, these findings show that public perceptions of the EMPA differ not only in
intensity but also in structure across national contexts. While French discourse on Reddit
reflects consolidated opposition aligned with institutional and stakeholder resistance, Brazilian
Reddit discourse remains fragmented, thematically differentiated, and cautious. The analysis
underscores the importance of national political context, distributional expectations, and issue

framing in shaping how some citizens engage with international trade agreements.
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6.2. Research Contributions
6.2.1 Academic Contributions

To date, there appears to be limited academic research investigating public opinion
surrounding the EU-Mercosur Agreement. This study thereby addresses, through an
exploratory analysis of Reddit discourse, an overlooked yet crucial dimension of the debate:
the perceptions of citizens in the countries directly involved in the agreement. Existing research
has predominantly focused on institutional negotiations, sectoral impacts, and political or other
stakeholders’ positions, while studies on public attitudes appear to be limited to opinion polls
produced by survey firms. Despite the limited representativeness of Reddit’s userbase (Reddit,
2025; Flesch & Burnett, 2025), by centering public discourse, this study contributes to the
literature by explicitly incorporating citizens as analytical subjects in the evaluation of a major
international trade agreement. More specifically, it shows how public perception from French
and Brazilian Reddit users regarding the EU-Mercosur Agreement compares and organizes
around distinct thematic and time frames.

This study also contributes methodologically by expanding existing literature on the
use of online platforms such as Reddit as sources of discursive data (Sander, 2025; Corso et
al., 2024; Cunha & Silva, 2024; Yang et al., 2022) and on the use of computational text analysis
techniques to examine public discourse (Mifrah & Benlahmar, 2020; Rijcken et al., 2021; Syed
& Spruit, 2017; Naing & Udomwong, 2024; Katrati et al., 2023; Corso et al., 2024; Joyce &
Deng, 2017; Pagolu et al., 2016; Biswas et al., 2021; Shukla & Unger, 2022). Furthermore, by
integrating sentiment analysis, topic modeling, and temporal aggregation, the research provides
a structured framework for analyzing large volumes of unstructured social media data. Overall,
the methodological approach adopted in this study enables extraction, pre-processing, and
simultaneous examination of sentiment orientation, thematic framing, and sentiment over time,

offering a replicable design for other studies of public discourse on policy issues.

6.2.2. Practical Implications

The findings hold implications for both organizational actors and policymakers
involved in the EU-Mercosur Agreement. By identifying patterns in public attitudes and
thematic structures in public debate across French and Brazilian Reddit communities, the study
shows that public opinion may not always align with, or be limited to, expectations derived
from academic research or dominant narratives.

For public administrations, firms, and industry associations, these findings may inform

assessments of how their stance resonates within broader public debate. Where gaps emerge
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between institutional positioning and the perspectives presented by this research, actors may
reconsider either the substance of their position or the way it is communicated. For instance,
the analysis of the Brazilian landscape suggests a limited alignment between the country’s
strongly supportive official position and the more cautious and contested perceptions observed
among Brazilian Reddit users. In this context, Brazilian public administration may adapt their
communication strategies to better address sector-specific concerns, clarify distributive
implications, and articulate the consumer-level effects of the agreement. Such efforts may
contribute to narrowing the gap between official positioning and public sentiment, thereby
enhancing the perceived legitimacy of the agreement.

In addition, the findings may assist policymakers in developing a more nuanced
understanding of how some citizens’ perspectives are shaped, as public attitudes and thematic
patterns may be more heterogeneous and complex than dominant narratives suggest.
Recognizing this heterogeneity may enable policymakers to incorporate public opinion
dynamics into negotiation, ratification and implementation processes, thereby contributing to

strengthening the agreement’s democratic anchoring in contested environments.

6.3. Research Limitations

The main limitations of this study are related to the use of Reddit data, the
representativeness of online participants, the application of sentiment analysis and topic
modeling to social media content, and the adopted time intervals.

In fact, despite r/brasil and r/france being the largest country-focused communities on
Reddit, the comments collected from these communities may not accurately represent the
broader public opinion in Brazil and France. This is due to the fact that social media comments
may not be representative of public opinion due to the non-representative nature of online
participants (Kim et al., 2021) — a pattern that is observable on Reddit, where demographic
estimates suggest a skewed distribution of users toward young adults and men in both Brazil
and France (Reddit, 2025; Flesch & Burnett, 2025). Furthermore, participation in political
discussions on social media is shaped by self-selection, favoring users with prior knowledge
and strong views about the subject in question (Kim et al., 2021). Given these considerations,
the non-representative nature of Reddit’s user base and self-selection bias may have limited the
understanding of broader Brazilian and French perspectives of the EMPA. Therefore, the
findings herein presented should be interpreted as exploratory rather than generalized to the

French and Brazilian populations.
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Another limitation inherent to social media and, by extension, to Reddit, is that users
may comment on a wide range of topics, sometimes drifting away from the original subject of
the discussion. In this sense, participants within a discussion thread may introduce comments
that only marginally relate to, or entirely diverge from, the original topic of the post. As a result,
a post selected for addressing the EMPA may contain comment threads that are only loosely
connected to the agreement itself. An illustrative example was observed when a discussion
initially focused on farmers’ protests in the European Union evolved into a subthread
comparing protest practices in the EU and Brazil, without direct reference to the EU-Mercosur
Agreement. This limitation may have introduced additional noise into the dataset and,
therefore, into the results.

Methodological constraints associated with sentiment analysis of social media content
also represent a limitation of this study. Despite the use of sophisticated language models with
demonstrated performance on social media data (Corso et al., 2024; Henz et al., 2025),
sentiment classification of social media content is challenging, since sentiment-bearing words
do not always reflect the intended meaning, particularly due to sarcasm, irony, comparative
statements, and the expression of multiple emotions within a single text unit (Nandwani &
Verma, 2021). Moreover, sentiments were classified using three broad categories: positive,
neutral, and negative, which naturally simplifies the range of nuances present in political
discourse. Thus, automated sentiment analysis of social media data may have eventually
resulted in inaccurate or oversimplified classification.

Further methodological limitations arise from the use of topic modeling, specifically
LDA, to identify dominant themes in Reddit discourse. As an unsupervised probabilistic
method, LDA does not rely on labeled ground-truth data, which makes the evaluation of topic
quality and the interpretation of results inherently challenging (Mifrah & Benlahmar, 2020;
Weston et al., 2023). Topic labeling therefore involves a degree of subjectivity, interpretation
and labeling of topics necessarily involve a degree of subjectivity, even when guided by
coherence metrics, inspection of representative terms, and domain knowledge. In addition, the
choice of the number of topics, which also involves subjectivity, influences the resulting
thematic structure. Finally, although each comment is represented as a mixture of multiple
topics (Hankar et al., 2025), comments were assigned to a single dominant topic for analytical
purposes, a simplification that may obscure secondary thematic associations, despite being a
common practice in literature (Lossio-Ventura et al., 2021; Lin et al., 2012). Consequently, the

topic-sentiment relationships identified in this study should be interpreted as indicative patterns
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that capture dominant tendencies in the data, rather than as exhaustive representations of all
thematic nuances.

A final limitation of this study concerns the temporal analysis of sentiments. Although
the results indicate no overall meaningful shifts in sentiments orientation in either France or
Brazil during the observed period, this finding should be interpreted in light of the temporal
resolution adopted. Due to limited data availability and long intervals between posts and
comments, sentiments were aggregated at the monthly level. This level of aggregation may
have masked shorter-term fluctuations in public sentiments associated with specific political
announcements or external events. As a result, the temporal analysis may have captured broad

trends rather than short-term variations in perception.

6.4. Further Steps

This section outlines steps for future research that build on the aforementioned
limitations and methodological choices of the present study. Thus, the recommendations focus
on improving the representativeness of online data, reducing noise introduced by topic drift in
discussion threads, and refining computational approaches to sentiment analysis and topic
modeling. One may also propose alternatives to the temporal design of the analysis and suggest
post-implementation research to assess whether public perceptions of the EMPA shift once the
agreement’s effects become observable. Finally, this section offers recommendations for
moving beyond the study’s exploratory scope.

First, future research could address limitations related to representativeness by
combining Reddit-based analyses with data from additional sources that capture a broader
range of social groups. Integrating survey data or content from social media platforms with
different user demographics could help assess whether the patterns observed in r/brasil and
r/france extend beyond Reddit’s user base. Alternatively, future studies could adopt a
segmented approach by focusing on specific populations whose perspectives may be
underrepresented in national-level online discourse. For example, examining perceptions of the
EMPA among residents of French Guiana — an overseas department of France located in South
America and bordering Brazil — could reveal distinct evaluations shaped by geographic
proximity with the Mercosur.

Moreover, to mitigate the effects of topic drift in social media discussions, further
research could adopt more granular filtering strategies at the comment level, rather than relying
exclusively on post-level selection. For example, analyses could restrict the dataset to

comments that explicitly reference key terms related to the agreement, or prioritize top-level
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comments as primary discourse, given their closer connection to the original post topic. In
addition, future studies could incorporate manual validation of selected branches of the
comment tree to assess whether discussions remain focused on the EMPA or diverge into
tangential topics. Such validation would help distinguish core policy-related discourse from
tangential discourse, thereby reducing noise in the dataset and enabling a more precise analysis
of how users engage with specific policy issues.

Besides, sentiment analysis in political discourse could also be refined by moving
beyond three-category sentiment classification and incorporating methods that better capture
emotional complexity. This could include multi-label emotion classification (Yadollahi et al.,
2017), the detection of sarcasm and irony (Potamias et al., 2020), or approaches that combine
automated sentiment analysis with human annotation — such as semiautomatic classification
(Alahmary & Al-Dossari, 2021) or sentiment analysis with Human-in-the-Loop (Yeruva et. al.,
2020). Additionally, conducting comparative evaluation of multiple sentiment models on a
subset of the dataset prior to selecting one could generate more robust results. Such
developments would allow for a more detailed and robust understanding of how emotions,
figurative discourse, and evaluative complexity shape online debates about the EMPA and,
more broadly, international trade agreements.

In regard to topic modeling, future studies could assess the robustness of thematic
structures by comparing multiple topic solutions or validating topic assignments through
human coding on a subset of the data, as suggested by Jackson et al. (2021). Rather than
assigning each comment to a single dominant topic, future work could also retain the full topic
probability distributions to examine how sentiment relates to overlapping themes within
individual texts. Finally, combining topic modeling with an in-depth qualitative content
analysis could provide a more fine-grained understanding of how users frame and discuss
complex issues related to international trade agreements.

Further research could also extend the temporal analysis conducted in this study by
adopting shorter observation windows (e.g., weekly aggregation) enabled by a larger dataset
collected from multiple online sources. That new approach might enable the detection of
sentiment fluctuations that are not captured through monthly aggregation — in particular, future
research analyzing discourse in the days or weeks surrounding political announcements,
negotiation milestones, or geopolitical escalations could reveal short-term shifts toward more
negative or positive sentiment. Such an approach could complement the findings herein
presented by providing a more detailed understanding of how public perceptions of the EMPA

shift in the short-term in response to specific events.
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If the EMPA is implemented, future research could investigate whether public
perceptions of the deal change following its entry into force. A post-implementation analysis
would allow researchers to assess whether attitudes expressed in online discourse evolve once
the agreement’s concrete effects become observable, such as changes in trade flows, supply,
and prices. Comparing pre-implementation and post-implementation sentiment could provide
valuable insight into how public opinion responds to the transition from anticipated to realized
policy outcomes.

Finally, future research could aim to move beyond the exploratory nature of the present
study by engaging more directly with established theoretical frameworks. Particularly,
subsequent studies could build on this study’s findings by further analyzing them through the
lenses of theories on, for instance, social media, political discourse, democratic participation,
and legitimacy to better explain attitudes towards the EU-Mercosur Agreement across different
national contexts. Such approaches would allow researchers not only to validate the patterns
identified in this research, but also to develop theory-driven hypotheses and provide more
robust explanations regarding the sentiment distribution and the thematic structures displayed

on r/france and r/brasil, as well as cross-national differences.
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Example Comments and Word Clouds from Table 3 in the Original Languages

Sentiment Count Example of Comments Word Cloud
r/france
Negative 167 “C'est moins une question de richesse gagnée que de Peateuropéen faut
(75.9%) protéger notre production alimentaire nationale. SUETTe) europeenne . @~ france
Un pays qui importe sa nourriture crée un levier de fairé Hiard p 5] y S
1 A d O d b taiwan. ue dire
pression tres dangereux. On peut se passer de beaucoup o gire -
d'importations si elles sont bloquées mais pas de
nourriture. Méme chose avec 1'énergie (électrique et
autres).”
Neutral 11 “Ce n'est pas le seul groupe avec des personnes o o
(5.0%) absentes, mais c'est le seul groupe avec autant de 4 p ersEnnasho: -
personnes présentes qui ont refusés de voter pour ou a b gucune t\,r 3 'ﬁ;,ﬁ
contre.” Llelrerriparas ]_ V d":Ewé
Positive 42 “Pourtant la viande uruguayenne est bien meilleure que f l GU”’DEU e
. . .. , favorable
(19.1%) la viande francaise, et les conditions d'élevages le sont V a h “©
aussi. Je pense que la viande est le produit le moins . a ccord
’ . trés “nouvellez**lalors
problématique pour le coup.” ) -
su g
voiture  bonne ©P"ffrance +
r/brasil
- pys : less v country
Negative 3660 theralmepte vai gerar emprego pra europeu enquanto b Fazl l Kere
(44.0%) 0 agro aqui qué nem emprega vai ser o Uinico ganhando, or

quero ver sua opinido sobre isso.

Que setor estratégico? Nao vai sobrar, se sobrar vao
vender ou licitar pra outros. Unico “setor estratégico”
que vai sobrar € agro de soja e especulador que lucra
com isso.

Mas o acordo ndo fala em matar setor nenhum, fala em
reduzir as tarifas de importago e exportagao, néo ¢
como se tivessemos retirando as taxas apenas para um
setor especifico. A gente ndo para de tomar no cu.”

manufacture st

products

agreement
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Neutral 310 “Olha, o acordo tem um potencial muito bom. Faz com doturope manufactire
(37.3%) que a gente intensifique um mercado que foge do eixo a

China/EUA. A China tende a oferecer propostas muito C p eo ]_ e.l
bacanas ao Brasil e nos trata com muito respeito, mas _C grlcultul e WOr1d
nos precisamos diversificar nossas fontes de S} ]fa['ess
investimento, importacgdo, exportagdo... Nao adianta
ficar se agarrando no cangote alheio. O problema é que
esse acordo também pode ferrar muito a nossa industria.
Brasil é o pais “de peso” do bloco Mercosul, assim
como Alemanha e Franga sustentam a UE. S6 que abrir
a porteira do nosso mercado local também pode lascar
muito a competitividade da industria nacional quando se
trata de predominio no nosso proprio bloco. Enfim,
ganhos e perdas, Brasil precisa se industrializar pra

roductsf_r

ontem.”
Positive 155 “Muito bom mesmo e antes que digam que vai ferrar a m a N u f ac t r
(18.7%) Industria nacional, bom lembrar que eles proprios sdo a

e tter rert bran]
favor do acordo. . o A g O d
W ic

Porra, se chocolate europeu ficar mais barato aqui vai ulture
ser bom demais ‘-"‘;u"‘
Sim, pessoal tem uma visao mto sec19 de industria,

focada em autarquia, numa época em que era possivel

um pais ter toda sua cadeia produtiva dentro dele e que

as tarifas protegiam as partes fracas da cadeia produtiva.

Hj produtos industrializados demandam pecas feitas no

mundo inteiro, produtos quimicos, etc. Entdo livre

comércio ndo é mais necessariamente ruim pra industria
nacional.

A tnica industria que poderia realmente ter algum

problema, ¢ a automotiva honestamente.”

sc111
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Appendix B

Topics Identified in r/france Corpora and their Representative Words in French

Topic Representative words

1 accord, viande, pays, pouvoir, france, agriculteur, faire, francais, vraiment, passer, gros,
importation, rien, partie, etat, italie, royaume_uni, jamais, temps, état

2 accord, europe, faire, européen, mercosur, france, ukraine, bien, voter, cas, pays, bon, falloir,
groupe, agriculteur, droit_douane, russe, somme, sujet, absent

3 ukraine, russie, taiwan, pays, faire, européen, bien, chine, falloir, voir, guerre, vouloir, europe,

aider, chose, savoir, rien, grand, accord, conflit
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Appendix C

Topics Identified in r/brasil Corpora and their Representative Words in Portuguese

Topic Representative words

1 acordo, pais, brasil, europeu, agro, produto, mercado, china, europa, brasileiro, inddstria,
vender, industria, ganhar, exportar, carne, franga, comprar, global, esperar

2 acordo, brasil, produto, empresa, nao, capital, setor, econdmico, algum, governo, brasileiro,
tarifa, trump, china, artigo, brasilia, economia, nafta, italiano, pais

3 brasil, acordo, inddstria, brasileiro, empresa, europeu, italia, pais, europa, importar, china,

mundao, franga, nacional, agro, mercado, enel, italiano, chocolate, neoliberalismo
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Appendix D

Declaracio de Uso de Inteligéncia Artificial Generativa

Eu, Luciano Marchi Machado, declaro, a titulo de transparéncia e em respeito a ética
académica, ter utilizado ferramentas de inteligéncia artificial generativa (IAG), em especial o
ChatGPT, ao longo da elaboracdo da minha dissertacao.

Ressalto, contudo, que o ChatGPT foi utilizado exclusivamente como ferramenta de
apoio, conforme detalhado nas se¢des subsequentes. Dessa forma, julgo ter sido integralmente
responsavel pelo conteudo final da dissertagdo, incluindo decisdes analiticas e conclusdes
apresentadas no trabalho.

Este documento esta organizado em quatro secdes. As trés primeiras descrevem as
formas que utilizei IAG — apoio a escrita, apoio conceitual e apoio computacional —, enquanto

a ultima apresenta os exemplos de usos nao utilizados.

1. Apoio a escrita
O ChatGPT foi utilizado como suporte a redacdo e a revisao textual em diversas partes
da dissertacdo, contribuindo para um processo de escrita mais eficiente e preciso. As sugestoes
geradas por IAG foram estritamente baseadas em rascunhos desenvolvidos por mim e
submetidas a revisao critica, para garantir adequag¢dao a mensagem que eu pretendia transmitir
e, quando aplicavel, as fontes que embasaram a elaboragdo dos rascunhos.
Apresento, a seguir, exemplos de utilizagdo de IAG no apoio a escrita:
a. busca por sindbnimos em contextos especificos, para, onde possivel, evitar repeti¢des e
aprimorar a clareza;
b. parédfrase de trechos de outros autores, com o objetivo de reduzir o uso de citagdes
diretas;
c. tradugdo de trechos ou documentos em outros idiomas para o inglés;
d. revisdes ortografica e textual; e

e. sugestoes de como sintetizar, segmentar e conectar paragrafos ou frases.

2. Apoio Conceitual
IAG foi utilizada, também, com a finalidade de esclarecer conceitos técnicos
relacionados a parte da literatura explorada no trabalho. Exemplos incluem a explicacdo de

termos associados a modelos de linguagem natural, como aqueles propostos em Devlin et al.
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(2018), ou de formulas complexas utilizadas para calcular coherences values apresentadas em
Roder et al. (2015). Nestes e em outros casos andlogos, o conteudo gerado pela IAG contribuiu

para o meu entendimento tedrico, mas nao necessariamente foi refletido no texto.

3. Apoio Computacional

Por fim, a TAG foi utilizada como ferramenta para otimizar etapas computacionais e
operacionais.

Em duas ocasides, recorri ao ChatGPT para me auxiliar na busca de referéncias. Na
primeira, solicitei a identificacdo de noticias sobre temas especificos de geopolitica, publicadas
por diferentes veiculos de informag¢do ao longo de cada trimestre de 2025. Tal solicitagdo foi
feita como alternativa aos mecanismos de busca tradicionais, que costumam priorizar
contetidos mais recentes, e para facilitar a obtenc¢ao de noticias publicadas em variados idiomas.
Na segunda ocasido, ao redigir a se¢do de contribuicdes do trabalho, tive dificuldade em
localizar artigos académicos que analisassem percepcoes cidadas sobre o Acordo UE-Mercosul
por meio de buscas no Google Scholar. Diante disso, solicitei ao ChatGPT que também
realizasse essa busca, porém ele também nao foi capaz de encontrar fontes académicas.

Além disso, o ChatGPT foi utilizado para auxiliar em debug e adaptacdes de trechos
dos cddigos utilizados para conduzir a extracdo, a andlise e a elaboragdo de visualizagdes de
dados. Nesse contexto, os exemplos mais notaveis foram as diversas melhorias feitas aos
graficos que eu havia criado inicialmente. Incluindo a remog¢do de eixos desnecessarios, a
alteracdo da posicdo de elementos dos graficos, a substituicdo de cores por hachuras, dentre

outros.
4. Atividades em que IAG nao foi empregada

Nesta ultima secao, registro exemplos de atividades nas quais a IAG nao foi utilizada, seja por
razdes €ticas, seja por entender que tais ferramentas ainda ndo sdo tecnicamente capazes para
executd-las com o rigor académico exigido por mim e por uma dissertacdo de mestrado. Sao

elas:

a. Uso de referéncias académicas encontradas ou fabricadas por IAG

Para buscar e selecionar referéncias académicas, foi utilizado exclusivamente o

Google, em geral o Google Scholar;

b. Uso de paragrafos gerados exclusivamente por IAG
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Conforme explicado na primeira se¢ao deste documento, o ChatGPT foi
utilizado para dar suporte a escrita, nao para geragao indiscriminada de texto.
Nesse sentido, ainda que a IAG tenha sido utilizada para revisar e reformular
partes do texto, o conteudo apresentado nos capitulos de introdugdo, revisao da
literatura e metodologia estd ancorado exclusivamente em escolhas criticas
autorais e na literatura associada a tematica do trabalho. Analogamente, os
capitulos de resultados, discussdo e conclusao foram elaborados com base em
minha interpretacao dos outputs gerados pelas andlises dos dados coletados, em

conjunto com a literatura pertinente.

c. Uso de trechos de referéncias académicas sumarizados ou gerados por IAG

Em algumas instancias, a IAG foi empregada para facilitar o entendimento de
artigos académicos de natureza técnica, nos moldes apresentados na segunda
se¢do deste documento. Contudo, nenhum contetido gerado por IAG associado
a referéncias académicas foi incorporado de forma indiscriminada ao texto, seja

este um exemplo ou uma simplificagdo de um conceito.

d. Uso de IAG para analise de dados e pré-processamento

O ChatGPT foi utilizado para fazer adaptagdes nos scripts empregados na
dissertacdo, conforme mencionado na terceira secao deste documento. Mas em
momento algum foi utilizado diretamente em etapas de andlise ou pré-
processamento de dados. Ao invés disso, foram utilizados modelos de machine
learning e técnicas especificas de preparacdao de dados amplamente empregados
por académicos, conforme explicado no capitulo sobre metodologia da

dissertacao.
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e. Uso de IAG para gerar ou extrair dados empiricos.

Os dados utilizados na dissertacdo foram obtidos exclusivamente pela API
oficial do Reddit, ndo havendo qualquer interferéncia de TAG. Conforme
informado na metodologia da dissertacdo, apos a extracdo dos dados, estes
foram armazenados em formato tabular e geridos por meio de scripts em

Python.

Luciano Marchi Machado

L\udw’ﬂW



